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Abstract 
Generative AI is a uniquely public technology. The large language models behind 
ChatGPT and other tools that generate text and images is a major develop in 
publicity as much as technology. Without public data and public participations, 
these large models could not be trained. Without the attention, hype, and hope 
around these technologies, the big AI firms probably could not afford the 
computational costs to train these models. Our special issue questions how Critical 
AI Studies can attend to the publics, publicities, and publicizations of generative 
AI. We situate AI’s publicity as mode of publicity – hype, scandals, silences, and 
inevitability – as well as a mode of participation seen in the grown importance of 
technology demonstrations. Within this situation our contributions offer four 
different research paths: (1) situating the legacy media as an enduring process of 
legitimation; (2) looking at the ways that AI has a private life in public; (3) 
questioning the post-democratic future of public participation; and, (4) developing 
new prototypes of public participation through research creation. 
 
Keywords: AI; generative AI; publicity; public theory; media and communication 
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Figure 1. https://x.com/legit_rumors/status/1861431113408794898/photo/1 from https://huggingface.co/spaces/PR-
Puppets/PR-Puppet-Sora  

The revolt of the beta testers?  

The message appeared on Hugging Face, a popular AI development site, in late November of 2024 along 
with a link to access OpenAI’s unreleased model, Sora. The message was simultaneously a leak, a 
warning, and a conundrum. The post provided access to a new AI model in beta testing. The beta-testers, 
presumably artists, warned against “corporate artwashing” and undermining “creative expression.” 
Laudable goals, but merely sharing a link that could be shut down easily (and quickly was)? Past 
hacktivism might have released unredacted documents, source code, or software, moving private or 
proprietary material into the public domain. What might have been the logic behind the leak?  

This leak helps to introduce AI’s unstable diffusions in the public sphere and our intent to encourage 
scholarship that disrupts the status quo approach to AI’s social shaping (cf. Ananny, 2024; Gourlet et al., 
2024; McQuillan, 2022). These upset beta-testers exploited OpenAI’s carefully controlled spectacle of 
product launch “shipmas” in December (cf. Galloway & Thacker, 2007). OpenAI’s marketing strategy 
exemplifies the problem Jodi Dean identified when warning against “the conviction that the solution to 
any problem is publicity” (Dean, 2001, p. 625). In releasing ChatGPT, OpenAI broke rank with a 
technocratic consensus around AI safety in favor of a public media blitz (For more behind its launch, see: 
Metz, 2023). OpenAI’s success, like most tech firms, involves orchestrating product launches as strategic 
spectacles that give publics a chance to interact and play with new technologies. The novelty of playing 
with ChatGPT for the first time paid off handsomely, after all. Launches, however, are anything but a 
participatory public conversation. Instead, OpenAI accelerated technoscientific capitalism’s fantasy of 
participation without power, whereby a product launch is merely a public invitation to occupy a future 
developed in a closed research lab (Dean, 2008; Jones & McKelvey, 2024; Palmås & Surber, 2022).  

The revolt is a reminder of the ubiquity of communicative capitalism and the discursive power of 
publicity. If OpenAI exemplifies a certain mode of publicity, the revolt is a critical publication, a refusal 
to stay silent before yet another much-hyped launch. But in seeking publicity of their own, the revolt of 
the beta-testers also shows how important publicity is as a media tactic for resistance. The leak, if nothing 
else, shows that AI’s publicity remains a point of contention and struggle.  
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Inspired by ChatGPT’s launch and public ferment around generative AI more generally, our special 
issue turns to the concepts of publics, publication, and publicity as key concepts for the future of critical 
AI studies (Bode & Goodlad, 2023; Lindgren, 2023; Raley & Rhee, 2023; Roberge & Castelle, 2021). 
Our core motivation for this special issue has been to understand the social shaping of AI through its 
various modes of being brought to public attention (Barney, 2014; Marres, 2005). Historically, 
technologies have been important “material things” that serve as “crucial tools or props for the 
performance of public involvement in an issue” (Marres, 2010, p. 179). Generative AI today is precisely 
a shift in the “material and infrastructural conditions that give rise to publics and sustain their dynamics” 
(Ananny, 2024, p. 92).  

What distinguishes AI studies now from pre-generative AI is mostly a matter of publicity. Generative 
AI is a uniquely public technology (McKelvey, 2022; McKelvey & Hunt, 2023). Technologies include 
OpenAI’s GPT as well as numerous text-to-image generation software programs such as DALL-E and 
Stable Diffusion. All these tools have been released to the public for free use, or at least until their 
commercial equivalents are launched (Fingas, 2023). Three key traits unite GenAI:  

 
1. a reliance on massive data sets largely collected from public data sources (e.g., the entire Internet) 

under dubious interpretations of fair dealing and fair use (Ferrari et al., 2023); 
2. open feature sets that mimic common sense and human judgement (Natale, 2021); and  
3. ease of access and use or public availability (Widder et al., 2024).  

 
AI, in short, has been greenlit, and so it’s here where we find ourselves: in public. 

Generative AI, however, challenges our theories of publics and publicity. Historically, these relations 
have been mediated by the press (Schudson, 2008), but GenAI’s arrival coincides with a destabilized 
media industry (Callison & Young, 2020; Curran, 2019), increasingly bypassed by mass-personal 
relations as in the case of ChatGPT’s public launch (Bennett & Manheim, 2006; Gehl & Lawson, 2022). 
These relations are increasingly called into question as the scholarship reconciles with its overemphasis 
on active participation (e.g., posting or reacting) at the expense of more passive forms like listening, 
which are harder to measure (Ruess et al., 2021, p. 1507). Dean’s warning seems ever more prescient:  

The fantasy of abundance covers over the way facts and opinions, images and reactions circulate in a massive stream of 
content, losing their specificity and merging with and into the data flow. Any given message is thus a contribution to this 
ever-circulating content. (Dean, 2008, p. 58) 

At a time when people are falling in love with chatbots (Rambukkana, 2021), the Internet has zombified 
into its own simulacra (Koebler, 2024), and there is a growing expectation to always be posting (Marwick, 
2013), why does publicity even matter (cf. Couldry, 2022)? 

We argue that publicity matters because the production of hype and its associated publicities is a 
strategy to maintain power and direct policy and political responses. As detailed by Clea Bourne, 
promotional culture is a central component of the AI value chain linking investment markets, consumer 
markets, and the state. This chain is facilitated by the  

tech sector’s capture of global knowledge apparatuses and modes of publication. This capture now incorporates control 
over digital media infrastructure and over promotional culture which funds that infrastructure, on into investment markets 
where, currently, tech companies dominate private equity investment portfolios as well as many of the world’s major stock 
exchanges. (2024, p. 765)  

Now media participation is more what Eeva Luhtakallio and Taina Meriluoto call a fame-based public 
sphere where the “quest for maximum visibility overrides the civic virtues of debating between equals 
and placing the collective before the individual” (2024, p. 335). Chasing the next status update seems 
precisely the kind of hype that Silicon Valley firms cultivate in their colonization of technological 
fantasies (Frase, 2016; Roberts & Hogan, 2019). Hype, however, is just one way to consider power and 
publicities. Our special issue gathers an incisive set of scholars to question AI’s publicities. 
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Our introduction aims to situate the special issue’s contributions as best as we can. We find inspiration 
from Mike Ananny who argues that generative AI is: “simultaneously (1) an object of public concern—
a thing that demands collective oversight—and (2) an agent in public life—a semi-autonomous system 
with the power to mimic, engage, and structure the messages and rituals meant to care for collective life” 
(2024, p. 90). Our introduction takes on both sides, first looking at how AI has become, problematically, 
is an object of public concern and, second, at how AI’s publicity offers specific scripts of public 
participation. These two default options situate our authors’ contributions as ways of thinking through 
AI’s many publicities.  

Hype, scandal, inevitability, and silence: AI as an object of publicity 

The discourse around AI is capacious enough to train its own large language model (for some examples, 
see: Bunz & Braghieri, 2022; Dandurand et al., 2023; Köstler & Ossewaarde, 2022; Nguyen & Hekman, 
2022; Ulnicane et al., 2021). AI discourse, we argue, generally draws on four frames: hype, scandal, 
inevitability, or silence (Brennen, 2018, 2018; Sun et al., 2020), with the most prominent being hype 
(Ananny & Finn, 2020; Bourne, 2024; Roberge et al., 2020).  

Hype is part of a long history of the technological sublime (Carey & Quirk, 1970; Mosco, 2004). AI 
builds on established ideas like the “fourth industrial revolution” and “disruption” that function as self-
fulfilling prophecies. The economically fragile institution of journalism has largely fallen for this mode, 
due to the complexities of translating facts about these technologies to the public and the consolidation 
of newsrooms increasingly catering to business audiences (Dandurand et al., 2023). The consequence is 
that these technologies almost always arrive as good news in journalistic accounts. The launch of 
ChatGPT embodied the hype mode, fitting into a well-worn mode of a “normative framework of publicity 
[that is] drained of its critical value, and convert[ed] from a democratic asset to a democratic liability” 
(Barney, 2008, p. 92).  

Hype, however, is not always positive. What STS scholar Lee Vinsel (2021) describes aptly as “criti-
hype” pervades public discourse around generative AI. Past research on AI has shown how legacy media 
functions in the legitimation of technology futures, most evident in the turn toward AI doomsday theory 
in reaction to the 2023 Open Letter to Pause AI Experiments. The letter—a public demonstration of 
concerns—framed months of subsequent media coverage of AI (McKelvey, 2023). Criti-hype often lacks 
historicity, specifics, or critical analysis. We are of course not Pollyannas regarding the disruptive effects 
of generative AI tools. However, it is worthwhile to distinguish between forms and formats of AI criticism 
that inform, educate, and empower the public and those that obfuscate, handwave, or centre the speaker 
and not the problem at hand. Criti-hype has also enabled ouroboros-like circuits of claims and counter-
claims regarding sensationalism, doomerism, and other prominent public affects around generative AI 
tools (Gebru & Torres, 2024; McKelvey & Roberge, 2023). Resistance to criti-hype does not mean 
acquiescence to the status quo. As Deleuze quipped, it’s “not a question of worrying or of hoping for the 
best, but of finding new weapons” (1992, p. 4). 

Scandals—or what we refer to as perceived proofs of social transgressions—are a pronounced feature 
of contemporary technological coverage (Lull & Hinerman, 1998; Trottier, 2017). Scandals are a driving 
force in modern technology governance (Bossetta, 2020). These moments of public outrage result from a 
mutually reinforcing relationship between newsrooms looking for easy, high-engagement stories and the 
affordances of social media, largely functioning as a distraction from other tasks (Blanchett et al., 2022; 
McKelvey et al., 2018). Scandals problematically depend on instinctive moral positions that accentuate 
Sun-Ha Hong’s concept of techno-conservativism that projects the present into the future, and they do 
not necessarily involve opportunities for public engagement or democratic praxis (Hong, 2020). Without 
diminishing organized labour’s success in raising AI as an issue in Hollywood, the reliance on machine 
learning as a theft of creative works is a scandalous frame that may eventually box in the movement or at 
least weaken its bargaining position to a matter of compensation for being included in training data sets.  
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The result of these fractured and anemic modes of publicity is a growing sense of inevitability. AI 
discourses are dominated by technology firms, government representatives, AI investors, global 
management consultancies, and think tanks. Like hype, inevitability advances a political project that 
nullifies public engagement as unnecessary or public opinion as out of touch (Jones & McKelvey, 2024; 
Palmås & Surber, 2022). These voices advocate faith in data-driven systems to address social problems 
while also increasing efficiency and productivity (Amoore et al., 2024; Fourcade & Gordon, 2020). Such 
discourses are used to reinforce the idea that the increasing use of AI applications across all spheres of 
life is inevitable, while sidelining or ignoring meaningful engagement with the ways these applications 
cause harm (Walker 2022). 

If not positive, AI coverage is marked by silences or, in effect, closures when aspects of AI remain too 
uncontroversial to report (Suchman, 2023). Some modes of publicity negate public attention, so-called 
cold controversies. (Callon, 1998; Venturini et al., 2015). Silences are a result of AI’s cold 
controversiality where a presumed consensus prevents the publication of dissent and debate (Dandurand 
et al., 2023). National imaginaries of AI that presume the technologies’ geopolitical and economic 
importance legitimate these silences becoming an unspoken inevitability (Bareis & Katzenbach, 2021).  

These default modes of publicities undermine public agency and democracy, cultivating a permissive 
fear. The narrative of fear led to a stock market spike, with the “AI boom” being credited as fuelling the 
best first quarter world stocks had seen in five years (Steer et al. 2024). The investment boom was driven 
by industry players like Morgan Stanley positioning AI as having a “breakthrough moment” and stressing 
that investors had an opportunity to tap into a $6 trillion opportunity (Morgan Stanley, 2023). While the 
generative hype bubble may be deflating in the midst of talk that it may have been overvalued, the harmful 
effects of AI continue (Widder & Hicks, 2024). As argued by David Widder and Mar Hicks, we can 
already see the harmful effects of the latest AI information cycle. This can be seen in wages and salaries 
stagnating or decreasing in response to threats of being replaced by AI. Countries around the world are 
building new fossil fuel–based power plants and delaying the phasing out of coal to meet the anticipated 
needs of AI (Volcovici et al., 2024). Researchers are detailing the implications of GenAI for our 
information ecosystems, raising concerns about how content pollution will affect people and society 
(Mitra et al., 2024). Awareness of these concerns and many of the limits of generative AI pre-date the 
launch of Chat GPT (Bender et al., 2021), leading scholars to wonder: 

[W]hat if the hype was always meant to fail? What if the point was to hype things up, get in, make a profit, and entrench 
infrastructure dependencies before critique, or reality, had a chance to catch up? (Widder and Hicks 2024) 

This proposition builds on recognition of the multifaceted ways that AI hype is embedded within tech 
sector business models and venture capital strategies and facilitated through global communicative 
infrastructure. To consider AI ethics, argues Bourne (2024), requires examining promotional ethics and 
critical investigation of “the processes used to drive hype cycles” so that we might develop better 
strategies to resist them (2024, p. 765).  

These modes of publicity emphasis the legacy media’s role co-shaping AI’s attending discourse, but 
what about the technology itself? How has GenAI been made available to the public? AI’s publicity also 
involves how the technology is enrolled in acts of public participation like the spectacular failure of 
Microsoft’s Tay AI (Neff & Nagy, 2016). These mistakes might diminish the power of firms to produce 
mass public technological demonstrations (Halpern et al., 2017; Rosental, 2021). Like Steve Jobs 
commanding public attention by pulling a laptop out of a manila envelope, now AI model-makers release 
new tools like Sora in the hopes of capturing users’ attention and public interest. Returning to Ananny’s 
argument that AI is also an agent in public life, we wish to emphasize the consequences of AI directly 
addressing (or one-step flow relations) publics. Far from an organic relationship, we wish to highlight 
how technology and technology firms engineer AI’s publicities today. 
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Engineering publics: Demonstration and direct public relations  

Demonstrations are a novel thematic to explore ongoing issues of democratic legitimacy and backsliding 
associated with technological governance (Halpern & Mitchell, 2022; Rosental, 2021). A demonstration 
is both “reality and a fiction” that through “emotional work” aims to “control the audience interpretations” 
(Rosental, 2021, p. 17). Technological firms depend on demonstrations as critical public interventions 
that shape a global politics of expectations and futures-making. AI functions as what Morgan Ames calls 
a charismatic technology that “promises to transform its users' sociotechnical experience” (Ames, 2019, 
p. 11). Even talking about generative AI seems caught in its own charismatic future, and its precisely 
these kinds of engineered public relations that allow for publics to access AI that we wish to call attention 
to, the demonstration.  

AI is marked by a faith in public demonstration. Consider the unicorn AI firm of the European Union, 
Mistral. To test its latest large language model, Mistral AI released it to the public, free and uncensored, 
just as all G7 members ranked disinformation as the top threat posed by GenAI. The firm, one of Europe’s 
top AI start-ups, explained that the model “does not have any moderation mechanism. We’re looking 
forward to engaging with the community on ways to make the model respect guardrails, allowing for 
deployment in environments requiring moderated outputs” (Maiberg, 2023).  Mistral’s “open source” 
approach, shared by many in the AI industry, is a profound shift in building trustworthy technology, 
indeed a shift in the production of trust itself. 

Demonstrations have their own social power. Generative AI, in less than eight months, has prompted 
a wholesale re-evaluation of labour, education, and government, requiring rapid revision of AI legislation 
years in the making. Even OpenAI CEO Sam Altman admitted the risks of relying on demos to market 
AI. In a recent keynote, Altman explains: “One of the strange things about these technologies is that they 
are impressive but not robust . . . so you use them in the first demo; you have this [impressive reaction]. 
But [after a hundred times], you see the weaknesses” (Kahn, 2023). His admission encapsulates another 
of our issue’s goals: to critically investigate the power of the demonstration as a matter of governance, 
media systems, and trust. Despite the global influence of demonstrations and charismatic technologies, 
traditional civic epistemologies struggle to counteract the bias and political economic pressures behind 
them.  From OpenAI’s ChatGPT to Apple’s latest VR, large technology firms and consultancy firms are 
adept at demos and demoing that steers collective future-making whereas democratic institutions and 
publics increasingly lack similar capacities to demonstrate plausible, desirable futures.  

New directions in critical studies of AI’s publicities 

Our special issue collects new directions in the study of AI’s publicities. Across these pieces, the authors 
have made suggestions for various interventions or reflections on critical practices, such as community 
engagement and mobilization, futures literacy, or capacity building, in the cause of decentering the 
strategic futures-making by large technology firms. Our call asked for three broad themes: 
 
• Critical and comparative studies of AI’s publicities with regards to the launch and hype of AI. We 

particularly welcome papers that focus on cases outside the Global North; 
• Ethnographic, discursive, or engaged research with AI’s public such as AutoGPT, HustleGPT, or 

other publics forming around the use, misuse or resistance to GPAI; 
• Interventions or reflections on critical practices, such as community engagement and mobilization, 

futures literacy, or capacity building, for better publicizations of AI de-centering the strategic 
futuring employed by large technology firms. 
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From these broad openings, contributions clustered around four key themes:   
 

1. situating the legacy media as an enduring process of legitimation; 
2. looking at the ways that AI has a private life in public; 
3. questioning the post-democratic future of public participation; and, 
4. developing new prototypes of public participation through research creation. 

 
These themes and their contributions offer novel approaches to advance the relationship between AI and 
public theory in this special issue and hopefully for special issues to come. 

First, AI’s publicities can be attended to through a renewed interest in legacy media’s legitimation 
function. Legitimation, in turn, concerns how coverage frames the situation, in effect, cocreating affected 
subjectivities as stories and emotion. Is an individual’s perception of ChatGPT’s outputs an exception to 
the norm? Journalism has an important function as a reflexive apparatus in the legitimation of publics and 
affects. The reflexive apparatus is increasingly important in technologically affected publics isolated by 
time and space from their peers (McKelvey, 2014, 2018). Turmoil in media systems offers a renewed 
opportunity to consider globally the place of the press in the controversies (or lack thereof) around 
generative AI. At first glance, generative AI has marked a moment of growing acknowledgement of AI’s 
risks.  

Lensa, the subject of Kate Miltner’s contribution, offers a good example of how to study AI’s 
publicities through thematic media analysis. Lensa was one of the earliest apps to integrate generative AI 
image functions, allowing its users to create new profile pictures. Given the biases in its underlying model 
(Stable Diffusion), the app was an important moment in how the press legitimated the model’s 
functionalities as either structural biases or accidental hallucinations. Miltner finds that coverage 
presented the model’s harms as another example of “just the way things are,” nurturing a culture of 
political resignation around these technologies’ social harms. These findings are not surprising; rather, 
they contribute to what Callison and Young (2020) call journalism’s reckoning, where the field must 
better account for its functions and limits and, in this case, its responsibilities to its publics. 

Studying the media’s legitimation function for AI extends beyond AI as a tool. The New York Times, 
as well as most major news outlets in Canada, has broken with its peers and sued OpenAI rather than 
licensing its content. The legal case best encapsulates the existential challenge generative AI presents to 
journalism. More structurally, if journalism has been a tool to produce audiences for advertisers, then the 
ad-supported ecosystem seems largely indifferent to the content of the news, AI-generated or not (Braun 
& Eklund, 2019). Court cases punctuate the need to restate the value of news as something other than 
content for AI engines. Here the press, along with other creative industries, becomes one of the few places 
capable of contesting the economic narrative of AI as the foundation of a beneficent industrial revolution. 

A second facet of AI’s publicities attends to AI’s mass-personal publicities beyond the demonstration. 
Noortje Marres (2010) highlighted how individual encounters with technology could become the basis 
for public awareness—an energy efficiency rating on an appliance becomes a potential link to an 
environmental movement. Without overstating that possibility, a second avenue considers how AI 
technology actively participates in its own sense making. Mike Ananny writes, “GenAI’s distinct public 
quality comes from its capacity to participate in shaping the very conversations that might hold it 
accountable” (Ananny, 2024, p. 90). AI’s hyperproduction becomes the possibility for its outputs to 
exceed the parameters set in a demonstration mode (Ferrari & McKelvey, 2022). Much of the work of 
firms like OpenAI is to manage such generative hyperproduction, channeling its excessive outputs into 
plausible corporate futures, or what Sun-Ha Hong (2021) calls a techno future of conservatism that 
preserves the present order into the future. Can we look, following Ananny (2023), for failures or other 
ways to think about how AI becomes public through less intentional means than the demo? 

These moments have grown along with a demonstration society that has largely let publics experiment 
with their own limited AI futures. The challenge of the demo, as discussed above, remains the ways that 
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its procedural rhetorics and charismatic functions frame the technological encounter. Etienne Grenier and 
Nicolas Chartier-Edwards in their contribution delve into perhaps the darkest of AI un-publicities, AI-
powered hiring practices, to consider how a deeper political economy primes the early encounter with 
AI. Their attention to corporate storytelling and user experience helps render new publicities sought to be 
outdone by public relations. Scholarship here returns to Stuart Hall’s “conjuncture” to describe the new 
public formations in process. Fabian Offert, by contrast, takes a more considered study of racialized 
encounters with Stable Diffusion’s feature space, when immediate personal discomfort becomes a bug to 
be fixed rather than a moment to reckon with the “whiteness” of visual culture itself. 

Building on feminist standpoint theory’s emphasis on the sites of marginalization, future studies could 
show how labour, particularly precarious labour, is an important moment in AI’s publicities. These 
moments when AI is one’s boss or coworker form a public encounter that has been cultivated to arrive as 
normal on arrival. Such an approach rejects what easily could be another largely consumer-oriented focus 
on AI’s impacts—perhaps a legacy of past research into network neutrality that let consumer entitlement 
stand in for calls for a right to access a technology. Publics do form around these moments—like 
“Batterygate” when researchers and publics discovered that Apple slowed down older phones (Shi, 2018). 
These moments can almost feel nostalgic under the modern YouTube hustle aesthetic, where learning is 
part of a pyramid scheme to unlock passive income. Labour is perhaps a more productive site of study 
than questioning the publics tagged in the next #GPTHustle. 

A third approach to AI’s publicities could make the link more directly and question AI’s role in post-
democratic public participation. How does the rhetoric of participation indicate the ubiquity of 
information feudalism and a new courtly mode of politics for this new AI-generated spirit of laws? Our 
special issue is an artefact of a moment of uncertainty about publicity more broadly. Traditionally, media 
systems have been considered crucial to public participation, and yet artificial intelligence compounds an 
ongoing legitimacy crisis. Amidst widespread democratic backsliding, increasingly global success for 
right wing cryptopolitics, and the popularity of right-wing AI death cults, perhaps the time to look for the 
public sphere has passed. In its stead, we can turn toward how the speculation functions of generative AI 
enable new modes of dark participation—a kind of inverse Roko's basilisk where we look at how current 
society has oriented itself around the coming of an AI superintelligence. Though only adjacent to political 
communication, the problem of post-democratic public participation involves a similar suspension of 
traditional norms in publics theory to comprehend the productive fantasies of generative AI when 
“democracy itself” has become “a contested value” (Knüpfer et al., 2024, p. 1011). 

Many of the articles in our special issue take up AI’s publicities as public drama. In their contribution, 
Xerxes Minocher considers the drama in and among Go players in reaction to AI “solving” the famously 
complex game. The drama, which happened largely outside the mainstream press, entailed critical 
imagination of AI’s use and a moment of reconstruction. Alison Powell and Fenwick McKelvey reflect 
on doing critical policy work now. Where the field of critical policy studies is turning to AI (Paul, 2022), 
at a time of widespread consultation theatre. Their efforts cut against the policy sciences tradition of 
evidence-based decision making to instead question the preconstituted roles to be played in the drama of 
AI governance. Sun-Ha Hong’s contribution similarly considers the drama of GenAI that advances our 
earlier discussion of demonstrations and the engineered public relations. What Hong abduction “serves 
strategic objectives for shaping the terms of the AI conversation in favour of the incumbent tech elites,” 
and, in so doing, calling into questions the assumptions about public debate as a means to democratic 
participation. Finally, Gwendolyn Blue and Mél Hogan interrogate how scientists act out their 
responsibilities through declarations of principles that maintain the self-regulation of AI by letting the 
symbolic role of principles ensure that only experts are empowered to participate. Drama, in its many 
forms, offers a third facet to investigate AI publicities by reformulating what counts as public 
participation. 

A final mode of publicity draws on the research creation tradition to experiment with new prototypes 
for public participation with and through generative AI. Our contributions join growing calls for a 
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renewed strategies of participation in an age of AI (Gourlet et al., 2024; Marres, 2024). Crystal Chokshi 
contributes exactly such a piece through the creation of an interface that presents its users with the climate 
impacts of generative AI. Here we can end on a more hopeful note. With ample evidence of the limitations 
of AI’s publicities, how might scholarship endure as a site of experimentation, indeed, as a demonstration 
of the importance of the public to societies invested in rendering them as merely a surplus population? 

These articles advance how critical AI studies must address the publicity inherent in generative AI. 
The challenge is two-fold, then, to not only diagnose the current modes of AI’s publicities but to consider 
alternative and normative futures for our public media systems. To get there, however, we must first 
attend to AI today. These efforts are the beginning of a renewal of public theory around generative AI 
and the broader democratic downturn, a small turn in the opposite direction of this downward spiral 
undoing the demos (Brown, 2015). 
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Abstract 
Since the release of the open-source AI model Stable Diffusion in August 2022, a 
panoply of apps that create AI-generated portraits, or avatars, have exploded in 
popularity. One of the most notable examples is AI-powered photo editing app 
Lensa, owned by Prisma Labs. Lensa launched in 2018 but went viral in late 2022 
due to the launch of its Magic Avatar feature, which uses Stable Diffusion to create 
fantastical (and occasionally bizarre) portraits of users. This paper analyzed the 
global English-language press coverage of Lensa and found that it focused on the 
app’s predatory data practices, the biased content it produced, and the user 
behaviors associated with it. I argue that this coverage provides evidence of 
discursive closure around key issues associated with visual generative AI that 
supports the maintenance of the status quo. I suggest that the press coverage of 
Lensa, which both articulates key AI-related harms and frames those harms as 
intractable and insolvable, creates a discourse of inevitability that has implications 
for how these issues are understood by the public, and for the approaches that are 
taken to address them. In doing so, it not only offers distinct advantages to those 
who stand to benefit most from this discourse, but also forecloses more imaginative 
public discussions of what visual generative AI could– or should– be. 

Keywords: generative AI; discursive closure; selfies; algorithmic bias 

 

1. Introduction 
“Beware a world where artists are replaced by robots. It’s starting now” intoned a Los Angeles Times 
headline (Crabapple, 2022). “The inherent misogyny of AI portraits – Amelia Earhart rendered naked on 
a bed”, proclaimed The Guardian (Demopolous, 2022). “Your selfies are helping AI learn. You did not 
consent to this”, cautions The Washington Post (Ovide, 2022). All three of these headlines offer different 
warnings about the dangers of AI, and all three headlines are about the same app: Lensa, a photo editing 
app that makes AI-powered selfies.  

Since the release of the open-source AI model Stable Diffusion in August 2022, a panoply of apps that 
create AI-generated portraits, or avatars, have exploded in popularity. Lensa, one of the most notable 
examples of this app category, originally launched in 2018 but went viral in late 2022 due to the addition 
of its Magic Avatar feature. Lensa uses the Stable Diffusion AI model to create fantastical (and 
occasionally bizarre) portraits of users, which are created by uploading a series of photographs and paying 
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a small fee; the app then generates anywhere from 50 to 200 AI-generated images in a series of user-
selected themes, such as “Rock Star”, “Fairy Princess”, “Superhero”, and “Astronaut” (see Figure 1). 
After the Magic Avatar launch in November 2022, Lensa was installed over 13.5 million times 
worldwide, with users spending over USD$29 million on the app in 12 days (McCluskey, 2022). In a 
matter of weeks, Lensa was the number one app in the Apple App Store’s Photo & Video charts, beating 
out heavyweights like YouTube and Instagram (Silberling, 2022). Lensa’s meteoric rise in popularity can 
be largely attributed to the fact that many users–including some public figures–posted their Magic Avatars 
on social media, sparking curiosity and a flood of global press coverage that both hyped and critiqued the 
phenomenon. 
 

 

Figure 1. Examples of the author’s Magic Avatars 
 
Despite the ostensible novelty of Magic Avatars, the press coverage about Lensa recycles common 
concerns about emerging technologies, particularly around algorithmic bias, unethical data use, and the 
narcissism of digital self-representation. While some of Lensa’s press coverage simply described the app 
and how to use it, a significant number of articles were highly critical, suggesting that the app engaged in 
predatory data practices, produced biased content, and encouraged user behaviors that were frivolous at 
best and harmful at worst. However, while the discourse about Lensa’s Magic Avatars articulates key AI-
related harms, it also treats those harms as unfortunate but intractable problems that are already too 
difficult to solve. This suggests that some discursive closure (Deetz, 1992; Leonardi & Jackson, 2003; 
Markham, 2021) has already developed around both the risks and the potential of visual generative AI, 
which has implications for how these technologies are understood by the public. By relying on well-worn 
understandings of the key concerns raised by AI and other algorithmic technologies, the press coverage 
of Lensa creates a “discourse of inevitability” (Leonardi & Jackson, 2003; Markham, 2021) that makes 
these harms seem inescapable and unaddressable.  

While Lensa’s moment was seen to be “over” (Lovejoy, 2023) in early 2023– indeed, the AI avatar 
app trend was said to have had “fizzled” (Perez, 2023) after a few months– these discourses remain as 
regular features in the press as competitor apps continue to launch and their features are hyped and 
occasionally dissected (e.g., Brown, 2023; Khan, 2023). As such, analyzing the discourse around Lensa 
offers an opportunity to reflect on the broader processes of AI publicization and their attendant 
implications for “exactly what AI is supposed to represent in the world” (Broussard et al., 2019). By 
promoting a discourse of inevitability around the harms of visual generative AI, the press coverage of 
Lensa offers “a particular view of reality that is maintained at the expense of equally plausible ones” 
(Deetz, 1992, p. 188); this ends up reinforcing narrow understandings of the issues at hand. In doing so, 
it not only contributes to the calcification of the broader discourse around AI and its “myths” (Natale and 
Ballatore, 2020) but also forecloses more imaginative public discussions of what visual generative AI 
could– or should– be. 

 



JDSR 6(4) (2024) 13-33 Miltner  

https://doi.org/10.33621/jdsr.v6i440456  Published under a CC BY-SA license 
15 

  

2. The hype and harms of visual generative AI 

Generative AI is a colloquial term for deep-learning computer models that can take a collection of data 
as an input (e.g., an artist’s full body of work) and analyze that data to generate statistically probable 
outputs when provided with a prompt; these models “encode a simplified representation of their training 
data and draw from it to create a new work that’s similar, but not identical, to the original data” 
(Martineau, 2021). In other words, generative AI models “find patterns in the data they are trained on and 
then create new work by attempting to mimic those patterns” (Miltner and Highfield, 2024).  

There are a variety of generative AI models that can generate and/or modify a wide variety of media, 
including text, images, speech, video, and audio. Large language models (LLMs) – such as ChatGPT—
produce text, and diffusion models are most often used in audiovisual modification and generation. Some 
of the most well known image-generating diffusion models include Midjourney, Firefly (Adobe), DALL-
E (OpenAI), Llama (Meta), and Stable Diffusion (Stability AI). While many dominant models are 
proprietary, Stable Diffusion is an open-source model that was released to the public in August 2022 
(Stability AI, 2022) and is used by a variety of generative AI tools, including Lensa (Prisma Labs, n.d.).  

There has been considerable hype around visual generative AI tools, with claims that they are 
augmenting (Eapen et al., 2023), reimagining (Adobe Communications Team, 2023), and transforming 
(Roose, 2022) creativity and creative work. Indeed, the application of visual generative AI tools across a 
variety of fields including the visual arts, advertising, and film & TV has caused both celebration (e.g., 
Roose, 2022) and consternation (Equity, n.d.; Scherer, 2024). While some uses of visual generative AI 
tools have been been decried as “inappropriate, unprofessional and disrespectful to audiences” (Sun and 
Harmon, 2024), others have been heralded as uses of “techno-vernacular creativity” that facilitates 
creative engagement within historically marginalized communities (Gaskins, 2022). 

However, like many other AI technologies (e.g., Gillespie, 2024), visual generative AI models have 
been found to reproduce a series of harmful biases related to any number of identity characteristics, 
including gender (Sandoval-Martin and Martinez-Sanzo, 2024), race (Offert and Phan, 2022), mental 
health disorders (King, 2022), and religion (Alfano et. al, 2024). Quite often, these biases and stereotypes 
are imbricated with each other: Bianchi et al. (2023) found that Stable Diffusion generated “dangerous 
racial, ethnic, gendered, class, and intersectional stereotypes” that illustrated the “vast potential” of these 
models for “propagating harm along many axes of demographic identity” (p. 1494).   

While it can be challenging to identify the root cause of these biases and stereotypes within a diffusion 
model (Luccioni et al., 2023), a model’s training data has a significant impact on what it can do and how 
successfully it can do it (Buschek and Thorp, n.d., see also Denton et al., 2021). Midjourney, Stable 
Diffusion, and “perhaps hundreds” of other commercial models have been trained on LAION-5B  
(Buschek and Thorp, n.d.), an “uncurated” open-source dataset of over 5 billion image-text pairs that 
contains “strongly discomforting and disturbing content for a human viewer” (Beaumont, 2022) including 
child sex abuse material (Thiel, 2023). An earlier version of this dataset (LAION-400) was found to have 
“troublesome and explicit images and text pairs of rape, pornography, malign stereotypes, racist and 
ethnic slurs, and other extremely problematic content” (Birhane, Prabhu, and Kahembwe, 2021). While 
LAION offers a disclaimer that LAION-5B should not be used in “ready to go industrial products”, this 
warning has been largely ignored (Buschek and Thorp, n.d.) with clear consequences, as the Lensa case 
study illustrates. 

3. Controversies & closures in AI media coverage 
Scholarship on the influence of the news media has long established that media coverage about 
technology heavily influences how the public understands emerging technologies, as well as their risks 
and benefits; this is particularly true when audience members may not be familiar with a particular issue 
(Scheufele and Lewenstein, 2005). Chuan et al. (2019) argue that research evaluating how the media 
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discusses AI is essential to understand how public opinion about it is shaped; furthermore, as Brause et 
al. (2023) have noted, the media plays an important role in the dissemination of information about AI, 
shaping public perceptions and influencing public debates where “certain understandings of AI are 
advanced, and different stakeholders critically engage with the technology and its role in society, 
contributing to the communicative construction of the technology” (p.1).  Ouchchy et al (2020) explain 
that it is particularly important to understand how the media portrays issues of AI and ethics, as they 
could have significant implications for AI development and regulation:  

Because the members of the general public, as both consumers in the market economy and constituents of a liberal 
democracy, are key stakeholders for technology adoption—and, to a certain extent, for public policy and regulatory 
oversight—public opinion could affect what kind of AI is developed in the future and how AI is regulated by the 
government. (p. 927) 

The representation of AI in the global media is a developing area of research, with approximately 30 
empirical studies published since 2017 (Brause et al., 2023). These studies suggest that AI is usually 
discussed in the context of business or economics, and that the valence of this coverage is overwhelmingly 
positive (Brause et al., 2023; Chuan et al., 2019; Fast and Horvitz, 2017). In this sense, the media 
discourse surrounding Lensa is a bit of an anomaly, as it focuses more on social issues and includes a 
significant amount of critical coverage. However, as Fast and Horvitz (2017) and Chuan et al (2019) have 
pointed out, concerns about AI have also increased in news coverage in recent years, particularly in 
relation to AI ethics, the negative impact of AI on work, privacy, and loss of control over AI.  

 Dandurand et al (2023) note that the media has “become a powerful site of discourse formation in 
which certain voices and tropes about AI are authoritatively put forth while others are not” (p.2). Through 
this process, the media “participates in making, or not making more exactly, AI controversial” (p.3). 
Marres (2015) notes that in Science and Technology Studies (STS), controversy studies illustrates the 
cozy relationship between the formulation of knowledge claims and the organization of political interests 
(p. 656). The news coverage of Lensa certainly appears controversial in its discussion of data exploitation, 
misogyny, and racism in particular; these hot-button issues are often framed in a polemical way that seems 
to foment public discussion about the treatment of marginalized groups within algorithmic systems. 
However, what is notable about the Lensa coverage is that instead of providing novel pathways for public 
debate about these concerns and how to address them, generative AI harms are discussed in a way that is 
fossilized, in that it is frozen in place and stuck in the past (Dihal, 2024).  Dandurand et al. (2023) ask, 
“what to do when AI’s coverage involves so much consensus about its benefits?”; conversely, the 
question that the Lensa coverage raises is: what to do when AI’s coverage involves so much consensus 
about its harms? 

It is here where the communication studies concept of discursive closure can provide some assistance. 
Derived from Habermas’s concept of systematically distorted communication, Stanley Deetz (1992) 
theorizes discursive closure as existing “whenever potential conflict is suppressed” (p. 187). Discursive 
closure can take place through a variety of communicative processes and practices that “shut down or 
close off options for thinking otherwise” (Markham, 2021, p. 392). Such processes include 
disqualification (the exclusion of individuals from a discussion or conversation), naturalization (the 
reification of social dynamics and structures), neutralization (the positioning of value-laden activities as 
if they were neutral), and topical avoidance (Deetz, 1992; Leonardi and Jackson, 2003). 

Markham (2021) suggests that discursive closure allows us to see how “certain patterns of thought, 
talk, actions, or interactions tend to function like negative feedback loops in social ecologies, 
discouraging evolution and change” (p. 392). Deetz (1992) argues that one way that discursive closure is 
achieved is “through the privileging of certain discourses and the marginalization of others” (p. 187), and 
that such discursive practices can either contribute to “further exploration of the subject matter” or “divert, 
distort, or block the open development of understanding” (p. 188). This curtailment of understanding and 
open discussion often has significant implications and consequences, usually in maintaining the status 
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quo: Deetz argues that when discussion of a particular issue is curtailed, “a particular view of reality is 
maintained at the expense of equally plausible ones, usually to someone’s advantage.” (p. 188) 

Leonardi and Jackson (2003) have illustrated how discursive closure can deliver economic, political, 
and social advantages to certain ideologies over others by eliminating alternative conceptualizations of 
how things could have taken place or been done (p. 615). In their study of high-tech mergers in the late 
1990s, they show how leaders of high-tech organizations invoked the “inevitability” of technology to 
justify managerial decisions to the public. Markham (2021) also found that discourses of inevitability 
were present in how members of the public engaged conceptually with digital platforms and algorithmic 
technologies, where alternatives to the status quo seemed “unimaginable” and any radical alternatives 
dismissed as improbable. She argues that discourses of inevitability teach us “that our present and possible 
futures are being determined by technology” and that even if the current trajectory suggests that “the 
future world is likely to be dystopian”, we are devoid of choice, because we are faced with an “either/or 
proposition” where we are either connected to technology or we do not exist (p. 397).  As will be 
illustrated below, the theme of inevitability was both implicit and explicit in the discourse surrounding 
Lensa, foreclosing any significant debate or discussion of what AI should be and how it should operate.  

4. Research design & methodological considerations  
The study corpus consisted of 135 unique articles from the global English-language syndicated and tech 
press (see Figure 2). Articles were collected through two complementary methods. First, I searched Nexis 
for the term “Lensa AI” in English-language coverage from November 2022 to July 2023 across the 
system-defined regions of Africa, Asia, Europe, Latin America, Middle East, North America, and 
Oceania. This returned just under 400 results from 12 countries: Australia, Canada, Egypt, India, Mexico, 
Nigeria, Pakistan, Singapore, Switzerland, United Arab Emirates, United Kingdom, and United States. 
These results were refined by excluding content that was topically irrelevant. I then eliminated any 
duplicated or syndicated articles–of which there were many–to ensure that each article was only 
represented once in the corpus. This deduplication eliminated some countries from the analysis (i.e., 
Nigeria). After eliminating any irrelevant, duplicated, or syndicated articles, I was left with a total of 83 
articles from Nexis. I then took a “snowball” approach (see Braithwaite, 2016) to the content linked or 
referred to in the Nexis results, adding any new articles that were specifically about Lensa. I then read 
these articles and followed any links in those pieces until I reached saturation and failed to come across 
any new material. I added a total of 52 articles through this process.  

I analyzed the corpus using reflexive thematic analysis (Braun & Clarke, 2019; Byrne, 2020). I created 
a series of initial codes that reflected content that appeared repeatedly in the corpus; some examples of 
these codes include “skin tone”, “cleavage”, “celebrity”, “selfies”, “nudity”, “artist concerns”, “plastic 
surgery” and so on. These codes were then combined into broader themes, such as “sexualisation”, 
“privacy”, “narcissism”, and “training data”; these themes were then further condensed into the three 
overarching themes discussed below.  I also reflected on the types/categories of coverage that were 
present in the sample: as will be discussed in the analysis, there were two types of coverage: coverage 
that focused on explaining what Lensa was (explainer coverage), and coverage that focused on critiquing 
Lensa (scandal coverage). After the topical themes and coverage categories were established, I returned 
to the corpus and reviewed each article, tallying which themes appeared within it and noting what 
coverage category it belonged to. This allowed me to note the prevalence of each theme and type of 
coverage within the corpus overall as well as any topical trends across countries/regions. It is worth noting 
that while articles were labelled as being predominantly one coverage type (explainer or scandal), some 
articles reflected multiple themes. 
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Table 1. Article totals 
Total number of articles by country, as well as representative publications from each nation 

 
Totals Percentages Sample Outlets 

USA 46 34% Techcrunch, Wired, MIT Technology Review, The New York Times 

Mexico 42 31% CE Noticieras Financieras 

UK 19 14% The Independent, The Sun, The Guardian, Yorkshire Evening Post 

India 17 13% The Times of India, The Telegraph, Hindustan Times, Indian Express 

Australia 3 2% The Age, The Guardian 

Switzerland 2 1% Handelszeitung 

Canada 2 1% Toronto Star 

UAE 1 1% Wknd Magazine 

Singapore 1 1% The Straits Times 

Egypt 1 1% The Egypt Independent 

Pakistan 1 1% Pakistan and Gulf Economist 

Total 135 100% 
 

 
Nexis indicated that there were a few hundred results for “Lensa AI” in languages including Turkish, 
Spanish, French, German, Dutch, Arabic, and Portuguese. A cursory review of the French and Spanish 
language results suggests that some of the themes that were present in the English coverage are also 
present in other languages. At least part of the reason for this is because some English language news 
sources are translated into other languages and syndicated: for example, I found a Spanish-language 
article that turned out to be a translated version of a WIRED article that was already in the corpus. Of 
course, it is possible that there are themes present in other languages that aren’t reflected in this analysis, 
but it was notable that much of the coverage in this corpus was syndicated, particularly from US-based 
sources. This was also the case in other English-speaking countries: in Australia, for example, I only 
found three unique articles, two of which were from The Guardian; even when searching directly on key 
news sites like the Sydney Morning Herald to ensure I hadn’t missed anything significant, I only found 
syndicated materials from e.g., The Washington Post and the Wall Street Journal that were already 
included in the corpus. Furthermore, it is worth noting that there were more articles (and more countries) 
represented in the corpus before I traced syndicated articles to their sources and eliminated the duplicates. 
This suggests that the discourse about Lensa likely has a wider global audience than the countries 
reflected in this analysis, although the syndicated content clearly reflects the material included in this 
analysis. The issue of syndication and other factors related to the global news industry will be addressed 
more thoroughly in the Conclusion, but it is also a methodological consideration for this study. 

Overall, my goal with this analysis was to offer an “illustrative rather than exhaustive account” 
(Braithwaite, 2016), of the discourse about Lensa, demonstrating its most salient features (p. 3). As the 
next section will illustrate, the discourse surrounding Lensa had distinct contours that appeared with 
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notable consistency across the countries represented in the corpus, albeit in different proportions. This 
clarity and consistency suggest that this analysis offers a clear illustration of the key issues associated 
with visual generative AI– and how they are discussed in the press– at this particular moment. 

5. “Sex, art theft, and privacy”: Lensa in the global media 
Although there were 11 countries represented in the corpus, there were four countries that comprised the 
majority of English-language Lensa coverage: the United States, Mexico, the United Kingdom, and India. 
The United States and Mexico dominated the coverage, with 34% and 31% of the corpus, respectively. 
News items from the United Kingdom comprised 14% of the sample, and Indian stories were 13%. 
Collectively, these four countries made up 92% of the corpus. The remaining 7 countries (Australia, 
Canada, Egypt, Pakistan, Singapore, Switzerland, and the UAE) collectively composed 8% of the corpus. 
While the dominance of the US, Mexico, the UK, and India within the sample likely has many underlying 
factors, one aspect could be related to the popularity of the app in each country: Lensa was the most 
downloaded app in the US in December 2022 (Silberling, 2022), and it was 6th on the charts in India 
(Rekhi, 2022).   

The Lensa discourse had an intense burst of activity in the first two weeks of coverage, followed by a 
long tail: Lensa launched its Magic Avatar feature in late November 2022, the first article in the corpus 
was published in Mexico on November 29, 2022, and the last article in the corpus appeared in India on 
July 27, 2023.1 However, 81% of the coverage in the corpus (110 articles) appeared within a month from 
when the first article was published; given that the corpus does not reflect any duplicate or syndicated 
content (which would increase those numbers considerably), that is a significant amount of coverage in a 
condensed period of time. As the chart below indicates, there were two spikes in coverage during this 
time: the first was on December 8, shortly after articles in TechCrunch and WIRED revealed that Lensa 
was generating explicit content, and the second spike was on December 13, the day after Melissa Heikkila 
(2022b) from MIT Technology Review published an article discussing the sexualized and racialized 
nature of her Lensa avatars.  

 

 
Figure 2. Article frequency by publication date 

 
1 It is possible that there are more articles that have appeared after July 2023, but that is the point at which data collection concluded 
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As mentioned in the Methodology section, there were two distinct types, or genres, of content in the Lensa 
discourse: scandal coverage and explainer coverage. Scandal coverage, which comprised 42% of the 
corpus, focused on perceived wrongdoing or norm violations related to the app and its use. Scandal 
coverage began to appear in the corpus on December 5. While scandal coverage was found in all countries 
aside from Egypt, Pakistan, UAE, and Singapore,2 the topics that dominated the scandal-related articles 
came from a handful of articles (e.g., Hatmaker, 2022; Heikkila, 2022b; Kamps, 2022; Snow, 2022) 
published in US-based, agenda-setting tech publications like TechCrunch, MIT Technology Review, and 
WIRED. These articles were published within the first two weeks of the news cycle and were very 
influential; not only did they shape the discourse on a global level, but they were frequently linked to in 
other publications.  

The other type of coverage was explainer coverage, which constituted 58% of the corpus and focused 
on describing what Lensa is and how it worked. Explainer coverage was present in the corpus from 
November 29th; indeed, all of the articles from the first six days of the news cycle fell into this category. 
Explainer coverage typically came from mainstream news publications. It contextualized Lensa as a viral 
phenomenon, talking about how “everyone” (or in some cases, specific celebrities) were using it. It 
sometimes included explanations of other generative AI apps, whether they were image-based (e.g., 
Remini, Midjourney, Firefly, DALL-E) or text-based (e.g., Chat GPT, Otter, Bard). This coverage 
typically explained the Magic Avatar feature, how to download and use the app, how much it cost, and if 
the results were any good. Some explainer coverage did this in a completely uncritical way, praising 
Lensa’s innovative nature and talking about how “cool” the generated images were. Most explainer 
coverage, however, tended to summarize or mention the key issues referenced within the scandal 
coverage as part of its description of the app as a hot new trend. 

 As noted previously, the discourse is remarkably consistent across contexts in terms of its content; in 
addition to the two categories of coverage, there were three overarching themes across the sample. The 
first theme focused on Predatory Data Practices. Articles related to this theme discussed unethical, 
exploitative practices relating to the non-consensual collection and use of training data, particularly from 
artists and app users. The second theme was Biased Content. Articles relating to this theme referred to 
the gender and racial biases reflected in some of the images generated by Lensa, including the 
sexualization of women, the lightening of skin tones, and the generation of explicit content. The third 
theme related to User Behavior. The content in this theme described how people used the app in specific 
ways, including celebrities and political figures. Below is a table that illustrates the distribution of each 
type of coverage and theme within the sample (Table 2). 

 

 

 

 

 

 

 
2 The lack of scandal coverage in these countries is likely attributable to the fact that there was only one article in the corpus for each of them. 
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Table 2. Article Distribution 
Distribution of coverage type and themes across countries within the sample 

 
USA  % MEX % UK % IND % AUS SWZ CAN EGY PAK UAE SIN Total 

Total 
% 

Explainer 19 41% 32 76% 7 37% 14 82% 1 2 0 1 1 1 1 79 59% 

Scandal 27 59% 10 24% 12 63% 3 18% 2 0 2 0 0 0 0 56 41% 

 
46 

 
42 

 
19 

 
17 

 
3 2 2 1 1 1 1 135 

 

Predatory Data 
Practices 35 76% 15 36% 12 63% 9 53% 3 0 1 0 0 0 0 75 56% 

Biased Content 30 65% 8 19% 12 63% 9 53% 1 2 1 0 0 0 0 63 47% 

User Behavior 18 39% 18 43% 9 47% 4 24% 1 0 0 0 0 0 0 50 37% 

 

5.1 Predatory data practices 

The Predatory Data Practices theme was the most prevalent theme in the corpus, reflected in 56% of the 
articles and within six countries (USA, Mexico, UK, India, Australia, and Canada). It was most 
commonly discussed in the US and UK articles (76% and 63%, respectively), with a little more than half 
of the Indian articles (53%) and one-third of the Mexican articles (36%) referencing data-related issues.  

This theme focused predominantly on two distinct, but related topics: the use of art as training data in 
the Stable Diffusion model and Lensa’s privacy policy, which stated at the time that users’ photos could 
be used to train the app. Coverage reflecting this theme largely focused on the unethical or non-consensual 
use of data in AI technologies and the implications of those practices for both specific communities and 
users in general. While these practices were heavily critiqued for the distress and harm that they caused, 
they were also largely framed as unavoidable. This aligns with Markham’s (2021) observation that there 
is an “overall expectation” that technology companies collect and sell (personal) data and that an 
alternative to this state of affairs seems unimaginable (pp. 390-391). 

5.1.1 “Robot replacements”: AI and/as art 
The discussion of art and artists within the Lensa discourse originated in the US, but was also the focus 
of articles in Canada, Australia, and the UK. It was not the first time a debate about art, the ethics of 
training data, and the devaluation of creative labor had appeared in the media; rather, the launch of Lensa 
“reignited discussion” (Sung, 2022) of these issues. 

Within the corpus, there was a common framing that Lensa was “stealing” from artists. This phrase 
first appeared in the corpus in a TechCrunch (US) article by Taylor Hatmaker (2022) on December 5, 
noting that “for every 10 Lensa avatars there’s one Cassandra in the comments scolding everyone for 
paying for an app that steals from artists”. In an NBC News (US) article on December 7, (Sung, 2022), 
artist Karla Ortiz commented, “Companies like Lensa say they’re “bringing art to the masses, but really 
what they’re bringing is forgery, art theft [and] copying to the masses.” Within a week of Hatmaker’s 
original article, this topic appeared in articles across the globe.  
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The “theft” that Lensa was seen to perpetuate– described in one article as “arguably the biggest art 
heist in history” (Tran, 2022)– had three intertwined elements: the unethical use of art as training data, a 
lack of fair compensation to artists, and the replacement of artists by AI. This was discussed as a multi-
layered insult: artists’ work was used without consent– and without remuneration– to train models which 
were duplicating their styles3 and stealing jobs from them.4 These concerns were summarized by artist 
Molly Crabapple (2022) an op-ed in the Los Angeles Times (US), who stated,  

These data sets were not ethically obtained. LAION sucked up 5.8 billion images from around the internet, from art sites 
such as DeviantArt, and even from private medical records…They took it all without the creator’s knowledge, 
compensation, or consent. Once LAION had scraped up all this work, it handed it over to for-profit companies — such as 
Stability AI, the creator of the Stable Diffusion model — which then trained their AIs on artists’ pirated work… AIs can 
spit out work in the style of any artist they were trained on — eliminating the need for anyone to hire that artist again. 

Similar claims were repeated throughout the corpus. In The Independent (UK), Josh Marcus (2022) noted 
that the AI models used by apps like Lensa “harvest the stylistic DNA of individual artists, then allow 
strangers to borrow elements from their work without offering any credit” in an “incredibly direct” 
manner. This was echoed by Australian artist Kim Leutwyler, who explained to The Guardian (AUS) that 
“some artists are having their exact style replicated exactly in brush strokes, colour, composition – 
techniques that take years and years to refine” (Kelly, 2022). While some articles also noted that AI 
models are seen by some artists as “a help, not a threat” (Marcus, 2022) and that something that 
“augments” the capabilities of artists (Flux, 2022), the majority of articles framed Lensa and its ilk 
primarily as “robot replacements” that “vampirized the work of artists” (Crabapple, 2022) . Furthermore, 
this state of affairs was largely framed as a fait accompli, with artists being described as “exhausted and 
powerless” (Tran, 2022) with no recourse, because it is “unclear” how artists can protect their intellectual 
property “from being sucked into AI models” even if they try (Marcus, 2022).  This sense of inescapable 
data collection was also present in the coverage that discussed Lensa’s privacy policy. 

5.1.2 “You did not consent to this”: Lensa’s privacy policy 
Concerns about Lensa’s privacy policy appeared around the same time as concerns about Lensa as an art 
“thief”: on December 5, articles in Art News (US) and Refinery29 (UK) noted that Lensa’s terms and 
conditions allow it to “use the manipulated photos you upload for any way it sees fit” (Roberts, 2022). In 
an article titled “Careful — Lensa Is Using Your Photos to Train Their AI”, Shanti Escalante-DeMattei 
(2022) noted that “Lensa’s privacy policy and terms of use stipulate that the images users submit to 
generate their selfies, or rather the ‘Face Data,’ can be used by Prisma AI, the company behind Lensa, to 
further train the AI’s neural network.” The privacy policy was brought up again on December 7 at the 
end of an explainer article in The New York Times (Kircher and Holtermann, 2022), where it was 
explained that users’ “face data” was deleted within 24 hours, but that any uploaded photos or videos 
could be used to train Lensa’s “algorithm”. The issue of Lensa’s privacy policy appeared regularly after 
that, particularly in explainer coverage, where it was framed as an issue of “safety”, “risk” or “danger”, 
especially in India, Mexico, and the UK.  

Similar to the art-related coverage, articles discussing Lensa’s privacy policy often made connections 
to the broader implications of user data being used to train AI systems. In the New York Times explainer 
article referenced above, Jen King, a privacy and data policy fellow at Stanford, suggested that it was 
user data that was Lensa’s profit motive, stating, “I doubt that the whole business model is, ‘Give us $10 
or $15 and we’ll send you back an A.I. glam shot’” (Kircher and Holtermann, 2022). In a December 10 
Washington Post article, Shira Ovide (2022) argued that Lensa and other “cool AI technologies” are “built 
on all the information we’ve put out into the world”, which is having significant unintended 
consequences: “that drunk selfie you posted on Instagram” is now “training fuel for an artificial 

 
3 Fantasy landscape artist Greg Rutkowski has become a poster child for this issue, as his name became one of the most used prompts when 
Stable Diffusion was released in August 2022 (See Heikkila 2022a). 
4 For an example of this, see Maimann, 2022. 
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intelligence system that helps put an innocent person in jail.” While these outcomes are framed as 
unfortunate, they are also framed as unavoidable: as Ovide put it, “once you put digital bits of yourself 
or your loved ones online, you lose control of what happens next.” 

Discussions of Lensa’s privacy policy also often harkened back to previous privacy scandals associated 
with apps like Faceapp (mentioned in US and Indian coverage), Snapchat filters, and Reface (both 
mentioned in UK coverage). This is not entirely surprising, given that before its Magic Avatar feature 
was launched, Lensa was exclusively an image-editing app. Image-editing apps were also invoked in 
discussions relating to specific types of aesthetics and beauty standards, such as lightened skin tones and 
normative body sizes. These kinds of biases were a significant topic of discussion on their own, 
particularly in the scandal coverage. 

5.2 Biased Content 

Biased Content was the second most prevalent theme in the corpus, reflected in 47% of articles. However, 
it was arguably the most impactful: the two spikes in coverage on December 8 and December 13 were 
related to articles that focused on this theme and had a big influence on its frequency in the coverage. The 
presence of the Biased Content theme was relatively even across US (65%), UK (63%) and Indian (53%) 
coverage. However, only 19% of the Mexican coverage referenced it, which featured predominantly in 
scandal coverage. The Biased Content theme also appeared in coverage from Australia and Canada, and 
the two articles from Switzerland focused exclusively on it.  

The content in this theme largely focused on two topics: Lensa’s generation of explicit images that 
sexualized women and girls, and the fact that it created images that were racialized in specific ways. 
These topics were often intertwined, with some of the most influential articles engaging with both topics 
in a way that reflects the intersectionality of these concerns. The discussion of how women– and women 
from minoritised racial groups in particular– are represented by Lensa reflects a broader discourse about 
the biases of algorithmic technologies (e.g., Noble, 2018). However, unlike this discourse, which 
understands algorithmic bias as a multidimensional problem, the Lensa coverage laid the blame for 
Lensa’s production of explicit and biased imagery almost exclusively at the feet of the Stable Diffusion 
model and the “unfiltered internet content” (Prisma Labs, n.d.) that it was trained on. While the sexualized 
and racialized images Lensa produced were heavily critiqued by the press, they were also portrayed as an 
unfortunate– but perhaps unavoidable– reflection of the “biases humans incorporate into the images they 
produce” (Prisma Labs, n.d.).  

5.2.1 “Why do all my AI avatars have huge boobs?”5: Explicit and sexualized content 
The topic of explicit and/or sexualized content first appeared in the corpus on December 5 in a Refinery 
29 (UK) article that noted that Twitter users had been complaining about the fact that Lensa had “slimmed 
down larger-bodied people” and perpetuated “the male gaze” through “hyperfeminised ideations of 
female-identifying individuals” (Roberts, 2022). The complaints about Lensa sexualizing women 
continued on December 6 in an op-ed in Business Insider (Hill, 2022) that explained how a Lensa user 
with a history of disordered eating was triggered by the “heroin chic” images that the app generated, 
making her appear “model-thin, sexualized, and miserable.” 

The issue of sexualization was further amplified by articles in TechCrunch (US), WIRED (US), and 
The Guardian (UK) that discussed how Lensa produced explicit content. The TechCrunch article, titled 
“It’s way too easy to trick Lensa AI into making NSFW images”6 also came out on December 6. Author 
Haje Jan Kamps (2022) noted that, even though Stable Diffusion has an explicit content filter in place, 
images that have been modified by Photoshop somehow deactivate that filter and “gladly churn out a 

 
5 Mercado, M. (2022, December 12). Why Do All My AI Avatars Have Huge Boobs? The Cut. https://www.thecut.com/2022/12/ai-avatars-
lensa-beauty-boobs.html 
6 NSFW is an acronym for “not safe for work”, aka explicit or pornographic content 
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number of problematic images”. He then highlighted the implications of being able to “create near-
photorealistic AI-generated art images by the hundreds without any tools other than a smartphone, an app 
and a few dollars”, particularly in relation to the generation of AI-generated, or “deepfake”7 pornography, 
both for celebrities and normal people alike.  

The following day, WIRED published an article titled “‘Magic Avatar’ App Lensa Generated Nudes 
From My Childhood Photos” (Snow, 2022). Researcher Olivia Snow (2022) detailed how, when she 
tested Lensa’s “no kids, adults only” policy by submitting a combination of “mousy” adolescent and 
“awkward” childhood photos, Lensa produced “fully nude photos of an adolescent and sometimes 
childlike face but a distinctly adult body.” Snow explained that she had been inspired to do this because 
many users (but “primarily women”) had pointed out that the app “ascribes cartoonishly sexualized 
features, like sultry poses and gigantic breasts, to their images” and generated “fully nude results despite 
uploading only headshots”, which in turn made people feel “very violated”. The Guardian (UK) ran a 
similar experiment, feeding Lensa images of “feminist icons” Amelia Earhart, Betty Friedan, and Shirley 
Chisholm, and receiving results comparable to Snow’s: 

The author of The Feminine Mystique became a nymph-like, full-chested young woman clad in piles of curls and a slip 
dress. Chisholm, the first Black woman elected to US Congress, had a wasp waist. And the aviation pioneer was rendered 
naked, leaning on to what appeared to be a bed (Demopolous, 2022). 

Lensa’s production of erotic imagery was primarily attributed to the LAION training dataset used by 
Stable Diffusion and other AI models. Articles in the Wall Street Journal (O’Brien, 2022) and MIT 
Technology Review (Heikkila, 2022b) explained that because the internet is rife with images of naked or 
scantily clad women, the dataset that Stable Diffusion was trained on is skewed toward sexualized images, 
whether women want to be depicted in that manner or not. A spokesperson from Lensa’s parent company 
explained to the MIT Technology Review (Heikkila, 2022b) that “the man-made, unfiltered online data 
introduced the model to the existing biases of humankind” and as such, they couldn’t possibly 
“consciously apply any representation biases or intentionally integrate conventional beauty elements” 
into the app and its output. In other words, the ultimate blame for Lensa’s production of sexualised 
imagery lies with humans and their biases, and not with the technology itself. This was an explanation 
that was also provided to explain Lensa’s production of images that reflected racial biases in addition to 
gender biases.  

5.2.2 “Generic hot white girl”: Racialized images 
The issue of racialization first appeared in the corpus in the same Art News article that highlighted the 
concerns with Lensa’s privacy policy (Escalante-DeMattei, 2022). It noted that writer Maya Kotomori 
had received a batch of avatars that made her look white, despite the fact that she is a “fair-skinned black 
person”. AI For The People founder Mutale Nkonde explained in The Washington Post (US) that the lack 
of representation of dark-skinned people in AI training images means that AI technologies like Lensa 
have trouble analyzing and reproducing images of them; as a result, Black women get images that look 
like a “generic hot white girl” (Hunter, 2023). This phenomenon was also described by Swiss writer 
Rebecca Stevens Alder (2022), who suggested that the “white privilege and racism” built into Lensa 
meant that it “did not know what to do when faced with a Black face”. Polygon’s Nicole Clark (2022), 
who is Taiwanese and white, similarly said that Lensa had “no idea what to do with my face” and created 
images that looked alternately East Asian or white, but like “complete strangers, save for one particular 
quirk or other of mine, like my jawline or eye shape”. Clark noted that whether she looked white or East 
Asian depended on the filter she chose, with the images for “Kawaii” looking more Asian and the images 
for “Light” and “Fantasy” looking white. She explained that while one image in the “Cosmic” set gave 

 
7 Deepfakes are “hyper-realistic videos that apply artificial intelligence (AI) to depict someone say and do things that never happened” 
(Westerlund, 2019, p. 38); AI-generated images can also be considered deepfakes. 
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her “random cleavage”, she did not receive any nude photos; however, that was certainly not the case for 
other people with Asian ancestry.  

The imbrication of sexualization and racialization in the results for people from minoritized racial 
groups was discussed at length in a viral article by Melissa Heikkila (2022b) of the MIT Technology 
Review that was published on December 12. Heikkila, who described herself as mixed race, stated that 
her Lensa avatars were “cartoonishly pornified” and noted that out of a total of 100 avatars, 14 were 
topless and a further 16 were in “skimpy” outfits and sexualized poses. She suggested that this extreme 
sexualization was attributable to her Asian heritage, which seemed to be the dominant feature that the AI 
model recognized.  

I got images of generic Asian women clearly modeled on anime or video-game characters. Or most likely porn, considering 
the sizable chunk of my avatars that were nude or showed a lot of skin. A couple of my avatars appeared to be crying. My 
white female colleague got significantly fewer sexualized images, with only a couple of nudes and hints of cleavage. 
Another colleague with Chinese heritage got results similar to mine: reams and reams of pornified avatars. Lensa’s fetish 
for Asian women is so strong that I got female nudes and sexualized poses even when I directed the app to generate avatars 
of me as a male. 

Snow (2022) also noted in her article that “a woman of Asian descent” explained to her that in photos 
where she didn’t look white, she was given “ahegao face”, a facial expression used in erotic manga to 
“highlight a hyperintense orgasm” (Santos, 2020). 

Like the sexualization issue, the blame for Lensa’s racialization problems within this coverage is laid 
at the feet of existing structural inequalities: society is biased, consequently, so are the images that they 
create; if these are the images that AI models are trained upon, such content is inescapable and simply 
the cost of engagement. For users who receive inappropriate or biased content, what are the options? 
According to Glamour (UK)’s Anya Meyerowitz (2022), there is only one: don’t take part. “It's clear that 
the app is violating our rights, perpetuating misogyny and is based on, at best, shaky ethics”, Meyerowitz 
concludes. “We'd encourage everyone, not just women, to stop using the app.”  

5.3 User behavior 

The idea that users should stop using Lensa is a common subtext in the User Behavior theme, although 
unlike the Predatory Data Practices and Biased Content themes, it is our own narcissistic tendencies– and 
not necessarily the AI models– that we should be eschewing.  

The User Behavior theme encompassed content that discussed how specific people or groups were 
using Lensa. This included both average users and celebrities in both explainer and scandal content. User 
Behavior was the least prevalent theme in the American (39%), British (47%) and Indian (24%) coverage. 
It was, however, the most prevalent theme in Mexican coverage (43%), largely due to the volume of 
articles that mentioned how specific public figures shared their Magic Avatars on Instagram, including 
politicians (e.g., Mexican President Claudia Sheinbaum, Senator Ricardo Monreal) and celebrities (e.g., 
commentator and host Marisol Gonzalez, singer Yahaira Plasencia). Most of the User Behavior content 
in Mexico was explainer coverage, but there was also some Scandal content that talked about the influence 
of artificial intelligence on our self-perception. In an article titled “Looking like a cyborg to look pretty: 
how artificial intelligence is shaping the canon of beauty” (Bou, 2022), the author argues that the 
popularization of Lensa and other image-focused technologies promotes an unrealistic, homogenous, 
“robotic beauty” that reflects the subordination of our identities to the dictates of technological advances. 

The relationship between identity and visual technologies like Lensa was a dominant thread in the User 
Behavior theme. An article in Time (US) suggested that there was a “vanity factor” in play to Lensa’s 
appeal, and a New York Times article titled “Al's Best Trick Yet Is Showering Us With Attention” 
(Haigney, 2023) proposed that apps like Lensa are popular because they engage our narcissistic 
tendencies. “The fundamental appeal of apps like this is, of course, to our own self-involvement,” author 
Sophie Haigney argued, concluding that “the app tricks me into feeling seen, but really it is just me, trying 
once again to see myself.” An article in The Guardian (UK) (Demopolous, 2022) made a similar 
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argument, suggesting that the “allure” of Lensa was based in a self-oriented “curiosity”.  Even though 
Lensa often produced images of “teenage-boy comic-book fantasy girls” that made her feel “icky”, 
illustrator Cat Willet explained that “even if you know it’s wrong, you still want to see what yours looks 
like”. While most articles framed this self-interest as a shallow, albeit relatively harmless, narcissism, 
other articles suggested that the “hot AI selfies” produced by Lensa might exacerbate body image 
concerns or disorders (Klee, 2022). Other articles suggested that engagement with Lensa might have even 
more extreme effects: an article from TMZ that was referenced in several articles in the corpus (“Celeb 
Surgeons Say”, 2022) reported that celebrity plastic surgeons were receiving visits from people requesting 
to look like their Lensa portraits.  

There were some articles, however, that described Lensa being put to an empowering use: enabling 
transgender and non-binary people to experience “gender euphoria” through the production of images 
that align with their gender identity. In Refinery29 (UK), Millie Roberts (2022) discussed the 
“transformative power of avatars” for LGBTQ+ technology users to enhance “the lives of diverse and 
minority communities” by offering venues for identity exploration in online contexts. Adam Smith (2022) 
explained in Openly News (UK) that for users with gender dysphoria, their Lensa portraits could be 
“affirming” and Saskia Maxwell Keller (2022) of Out (US) described the “trans joy” inspired by Lensa 
as a “positive force”. However, Roberts, Smith, and Keller all noted that not all trans users had equally 
positive experiences, and that the controversies around Lensa’s training data made some trans users 
reluctant to engage with it.  

Despite the relative novelty of Lensa’s Magic Avatar feature, the discourse that explains, analyzes, and 
critiques it does not offer a new perspective; instead, it treads well-worn paths that portray the negative 
aspects and consequences of visual generative AI as unavoidable or inevitable. The key themes of “sex, 
art theft and privacy” (Biron, 2023)–and, importantly, how they are discussed–in the Lensa discourse 
connect to existing framings and understandings of these issues. This has significant implications for how 
we understand the key problems inherent in AI technologies, as well as the solutions that we propose and 
pursue– or don’t– to address those concerns. 

6. “The horse has left the barn”: Discursive closure and visual generative AI 

Brause et al. (2023) have pointed out that media narratives and framings have a direct impact on policy 
making, economic investments, and research activities in emerging technological fields (p. 11), and 
Bareis and Katzenbach (2021) similarly argue that there is “a strong role for discourse in shaping the 
present and future sociotechnical pathways” of AI (p. 858). For these reasons, how the challenges and 
harms of visual generative AI are presented within the global news media have potentially immense 
consequences for how– or even if– these harms are remediated (see Shane, 2023).  

The Lensa coverage suggests that, with few exceptions, there is a discourse of inevitability (Leonardi 
and Jackson, 2003; Markham, 2021) in play that fails to offer any novel or alternative framings– or even 
opportunities for discussion–to the harms posed by visual generative AI. The discourse about Magic 
Avatars certainly identifies those harms, and even strongly critiques them; however, it also treats them as 
intractable problems that are already too big to solve.  

Although Lensa was arguably a novel technology at the time, it is remarkable how closely the press 
coverage about it hewed to existing framings and discourses about social media platforms and other types 
of algorithmic media. The discussions of predatory data practices closely align with popular discourses 
about users as exploited data subjects that took off exponentially in the wake of the Cambridge Analytical 
scandal (e.g., Isaac and Hanna, 2018; Koidl and Kapanova, 2020), the critiques of Lensa’s sexualized and 
racialized results map directly onto discourses about “algorithms of oppression” and other forms of 
gendered and racialized algorithmic biases (e.g., Noble, 2017; Benjamin, 2019), and analyses of Lensa 
user behaviors were plucked directly from the selfie moral panic playbook, with their insistence that 
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digital technologies amplify our most deleterious narcissistic tendencies, especially if “we” are women 
(Miltner and Baym, 2015; Senft and Baym, 2015; Abidin, 2016; Tiidenberg, 2018).  

To be clear, algorithmic bias and predatory data practices are significant social concerns that are 
deserving of public attention (the gendered media panic around selfies and other self-representation 
practices, perhaps less so). However, it is not that these matters are being discussed but how they are 
being discussed that is the problem. By repeating existing framings of these issues, it reinscribes 
hegemonic understandings of them and perpetuates a sense of inevitability about the status quo. In other 
words, you might be upset that these technologies are stealing your data and making porn out of your 
photos, but there’s not much you can do about it. As Markham (2021) explains,  

Focusing on how discourses are normalized or locked into repetitive loops helps specify how hegemony works in everyday 
practices. In systems of highly effective oppression or, what Gramsci labeled “control through consent,” people shut down 
alternatives themselves, naturalizing problems as “just the way things are.” (p. 392) 

This framing of AI harms as “just the way things are” is present throughout the corpus, and particularly 
in the Predatory Data Practices and Biased Content coverage. This framing manifests in two key ways. 
The first is that AI simply reflects pre-existing societal biases:  Prisma Labs spokesperson Anna Green 
explained to The New York Times that Lensa was not consciously applying biases, but rather that 
“essentially, A.I. is holding a mirror to our society” (Chen, 2023). This suggests that society– and not a 
series of corporate policy and design choices– is primarily responsible for these problems, an explanation 
that conveniently eschews the fact that generative AI systems have been proven to amplify and worsen 
societal biases (e.g., Nicoletti and Bass, 2023). The other framing tends to suggest that any potential 
interventions to address these concerns are simply too late. In describing the recourse available to people 
whose images are included in the LAION 5B dataset, TechCrunch’s Taylor Hatmaker (2022) explains 
that EU citizens can file takedown requests for individual images but “that’s about it”, because “the horse 
has already left the barn”. Shira Ovide (2022) of The Washington Post had a similarly fatalistic attitude 
about the creation of AI systems, stating that readers’ feelings about their data being used to train AI 
models were largely inconsequential, because they were powerless to stop it:  

Good or bad, these AI systems are being built with pieces of you. What are the rules of the road now that you're breathing 
life into AI and can’t imagine the outcomes? [...] Being part of the collective building of all these AI systems might feel 
unfair to you, or amazing. But it is happening. 

Markham (2021) explains that inevitability and powerlessness can be outcomes of naturalization, which 
takes place when current elements of sociotechnical contexts are accepted simply as the way things are 
(p. 397). Even though Stable Diffusion and its ilk have been available to the public for less than two 
years, the idea that these models– and the systems they undergird– will inevitably cause harm seems to 
be already taken for granted. This is a phenomenon that Daniel Chandler (1995) refers to as the 
“technological imperative” (see also Widder et al., 2022). Chandler writes that “the technological 
imperative is a common assumption amongst commentators on 'new technologies'. They tell us, for 
instance, that the 'information technology revolution' is inevitably on its way and our task as users is to 
learn to cope with it.”  

Indeed, the solution in the corpus suggested to those most harmed by visual generative AI was to 
simply abstain from using it if they didn’t like the images it was producing. However, given that AI is 
already incorporated into many key digital technologies, engaging in media refusal (Portwood-Stacer, 
2013) is not always desirable or feasible, especially as it could result in exclusion from the public sphere 
for groups who are already excluded and marginalized, denying them important sources of community 
and resistance (e.g., Sobande et al., 2019). Furthermore, these kinds of logics place the onus on the user 
who is harmed, instead of on the technology (and corporations) that are responsible for the harm(s): if the 
solution for AI harms is for marginalized users is to refrain from using these systems, it offers a reprieve 
to those who own and control these technologies from having to address any underlying issues that they 
perpetuate. 
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In this way, we can see discursive closure at work. By acquiescing to a discourse of inevitability, the 
Lensa coverage offers “a particular view of reality that is maintained at the expense of equally plausible 
ones” (Deetz, 1992, p. 188). Consequently, any alternative solutions to the issues at hand end up being 
downplayed or ignored. In her Los Angeles Times op-ed, Molly Crabapple (2022) argued that “data sets 
such as LAION-5B must be deleted and rebuilt to consist only of voluntarily submitted work. AIs trained 
on copyrighted art must also be pulled.” This suggestion aligns with some recent work in computer 
science that recommends that “learning methods that physically manifest stereotypes or other harmful 
outcomes be paused, reworked, or even wound down when appropriate, until outcomes can be proven 
safe, effective, and just” (Hundt et al., 2022, p. 743). Some technology companies are already taking this 
approach: in February 2024, Google took Gemini, its newly-launched AI image generator, offline when 
it began producing offensive images (Griffin, 2024). And yet, these ostensibly reasonable ideas were 
found nowhere else in the press coverage of Lensa.  

Markham (2021) explains that the power of anticipatory logics that flow through everyday discourse 
around technologies like AI end up building and reinforcing “a hegemonic ideology of external power 
and control” (p. 384). As a result, more expansive and/or creative approaches to the challenges and 
potential harms of emerging technologies end up being ignored or dismissed as unlikely, constraining the 
boundaries of possibility. Dandurand et al. (2023) suggest that the “indeterminacies and uncertainties” of 
novel technologies like visual generative AI can “become settled when a few experts close debates, 
obfuscate contrasting expectations, and shape the political economy of science and technologies” (p. 3). 
As the discourse about Lensa illustrates, this process is already happening in relation to visual generative 
AI. 

7. Conclusion 
This paper analyzed the global press coverage of visual generative AI app Lensa and found that the 
discourse surrounding it focused on the app’s predatory data practices, the biased content it produced, 
and the user behaviors associated with it. I argue that this coverage provides evidence of discursive 
closure around key issues associated with visual generative AI that supports the maintenance of the status 
quo. I suggest that the press coverage of Lensa, which both articulates key AI-related harms and frames 
those harms as intractable and insolvable, creates a discourse of inevitability that has implications for 
how these issues are understood by the public, and for the approaches that are taken to address them. In 
doing so, a more imaginative public discussion of what visual generative AI could– or should– be is 
foreclosed. 

Markham (2021) argues that “people seem to have difficulty imagining futures in ways that do not 
reproduce current ideological trends or cede control and power to external, mostly corporate, 
stakeholders” (Markham, 2021, p. 385).  Indeed, it can be difficult to imagine things differently if you 
are consistently provided with a similar set of limited visions over and over again; as Markham also points 
out, “this continuously repeated mantra of powerlessness to avoid what is inevitable is not just something 
we invent; it is learned (or taught) in micro doses through our news feeds” (p. 397). Part of the issue is 
how journalism– both a public service and a struggling industry– operates in the 21st century. As Ananny 
and Finn (2020) point out, 

Today’s news happens not just where journalists are ready to see news happening, but where news infrastructures have 
been designed to look. Part of appreciating the myriad forces and values of the contemporary networked press means 
understanding how infrastructures of humans (journalists, designers, audiences) and nonhumans (data sets, algorithms, 
interfaces), together, construct ways of seeing social worlds and translating those visions into familiar forms of news (p. 
1613) 

The evolution of news into a “borderless global market” has shifted news production practices and media 
consumption habits, where major media outlets in Western countries are able to deliver content to 
international audiences at a low cost (Rafeeq and Jiang, 2018). Furthermore, the datafication of the 
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audience and the metrification of news coverage has transformed editorial and journalistic practices, with 
journalists choosing to write articles that they might not see as newsworthy but feel will perform well 
with audiences (Dodds et al., 2023). This is not to say that the issues raised in the Lensa coverage are not 
newsworthy; however, it might not be a huge leap to suggest that part of the reason that Lensa received 
so much attention in the press is because it was a topic that performed well, which contributed to 
widespread syndication and further coverage. It also might not be a huge leap to suggest that how Lensa 
was covered was likely influenced by previous framings or angles that had performed well in the past or 
would invariably do so; tech coverage is a beat for specific journalists and outlets, and it doesn’t take a 
veteran editor to know that a story about a popular app making non-consensual pornography out of 
people’s photos is certainly clickworthy.  

However, while these journalistic circumstances and choices may be at least partial explanations as to 
why the Lensa discourse looks the way it does, it doesn’t negate the problem posed by these determinist– 
and unimaginative–framings. As McKelvey et al. (2023) argued in the CFP for this Special Issue, AI 
scandals– like Lensa’s generation of racialized, sexualized images combined with their exploitative data 
practices–- may offer “easy, high-engagement stories” that are appealing to news outlets and audiences 
alike, but such news coverage also fails to offer meaningful public engagement, not to mention democratic 
praxis. Indeed, Deetz (1992) argues that “it should not be surprising that systems of domination are 
protected from careful exploration”. In the case of Lensa, it may seem counterintuitive that the extensive 
discussion of the downsides of visual generative AI would provide any distinct advantages to the 
corporate interests who dominate in this space, but in identifying these harms and then framing them as 
inexorable, the “careful exploration” of potentially inconvenient– and expensive– solutions is discarded. 
Identifying the problems of visual generative AI and then insisting they’re unfixable is probably a more 
effective way to curtail meaningful discourse about these concerns than focusing exclusively on AI’s 
benefits.  

In the face of this, it may seem that altering the trajectory of the discourse about visual generative AI– 
not to mention its development and deployment– is unlikely or insurmountable. However, we need not 
yet wave the white flag; it is early days yet. The history of technology shows us that technological 
development– and how it is discussed– are by no means inevitable, and that things could always have 
been otherwise (e.g., Marx, 2010; Pinch and Bijker, 1984). While the challenges may be significant, 
change is not impossible with some imagination and a collective refusal to accept the status quo.  
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Abstract 
Automated hiring platforms offer critical Artificial Intelligence (AI) researchers a 
privileged site for the study of technological controversies and their unfolding as 
they often end up entangled in scandals. In 2019, an official complaint filed with 
the Federal Trade Commission (FTC) outlines the main controversy created by such 
systems, directly targeting HireVue’s platform. According to the FTC, these 
systems “evaluate a job applicant’s qualifications based upon their appearance by 
means of an opaque, proprietary algorithm” (FTC, 2019, p.1). Existing critical 
literature outlines how Basic Emotions theory (Ekman, 1999) and its deployment 
through an AI-powered system fuel ventures such as automated hiring platforms 
(Stark, 2018). Therein lies a form of opportunism where the use of available 
audiovisual data and the revalorization of heavily criticized and simplistic theories 
about the human mind create discriminatory automated decision-making grounded 
in bogus science (Crawford, 2021). Even if HireVue slightly modified its product 
by removing the video analysis component in reaction to the critiques formulated 
by regulatory bodies, the company kept AI-powered voice analysis, its one-sided 
video interview technique and the multitude of gaming assignments designed to 
evaluate candidates. Going beyond scandals and hype, this article aims to tackle the 
inevitable political economy generated by automated hiring systems. Indeed, job 
seekers are confronted with a system that disrupts a well-established, sociologically 
stable technique, the interview, and its technical object counterpart, the resume. We 
assert that the gaps of nonknowledge (Beer, 2023) created by the one-sided 
interviews break the commonly accepted interactionist framework that originally 
informed the hiring process. Using HireVue as a case study, we lay bare the political 
economy of AI-powered automated hiring platforms, highlighting how individuals 
assess their capacity to acquire agency in the face of opaque technologies. 

Automated Hiring; HireVue; Reddit; Nonknowledge; Political Economy 

 

1. Introduction 
On January 1, 2020, the State of Illinois passed the Artificial Intelligence Video Interview Act (AIVI) 
which regulates the use of automated hiring platforms (AHPs) based on AI components. More 
specifically, section 5.2 of the act states that job applicants screened by such systems must be provided 
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with information “explaining how the artificial intelligence works and what general types of 
characteristics it uses”1 in its evaluation before the interview. Since AHPs “typically use natural language 
processing (NLP), computer vision, or supervised machine learning techniques that claim to predict job 
performance” (Sloane et al., 2022, p.1), and that such systems are known for their opacity, the application 
of legislation such as the AIVI act will prove to be difficult. The controversial nature of volatile, black-
boxed systems (Macospol, 2007; Venturini, 2010) extends well beyond their technical part to engulf a 
wide variety of social actors entangled in a mesh of relations taking the shape of conflicts, negotiations, 
and strategic interactions. 

Of late, a specific AHP vendor piqued the interest of privacy advocate groups and became the subject 
of frequent coverage in the general press: HireVue (Crawford, 2021; Doctorow, 2021; Knight, 2021). The 
company’s product, an AI-powered platform aiming for the complete automation of the hiring process, 
came to be targeted by an official complaint filed to the Federal Trade Commission (FTC) by the 
Electronic Privacy Information Center (EPIC) in 2019. According to EPIC, these systems: “evaluate a 
job applicant’s qualifications based upon their appearance by means of an opaque, proprietary algorithm.” 
(FTC, 2019, p.1)2. The extended deployment of this specific platform,3 following its enthusiastic 
promotion by HR consulting firms and counselors, created outcry amongst job applicants who flocked to 
online forums and fueled a public discussion about the effects of such technology. Reddit, precisely the 
r/recruitinghell subreddit,4 has become a site of intense debate where users rant about their experience 
involving HireVue and, furthermore, discuss potential strategies that could be adopted to win the 
automated job-interview game, might they be technical hacks, mise-en-scène tricks or behavioral 
adaptation techniques. 

The aim of this article is to investigate the symbolic economy created by AHPs and to contribute to the 
growing field of critical AI studies (Roberge & Castelle, 2021). When discussing the recursion at work 
in societies where AI-laced technologies have been deployed and operating for some time, David Beer 
claims it is “built upon feedback loops, multiple feedback loops, each endlessly feeding into the next” 
(Beer, 2022, p. 1). It is through the study of the controversiality of HireVue and its structuring effect on 
online communities that we identify a grounded example of these recursive social forms. To do so, we 
performed a cross analysis of HireVue’s corporate content with a non-participant observation of various 
online forums where the company’s AHP was discussed. The technological disruption of the hiring 
interview, a well-established gatekeeping social ritual, combined with the scarcity of contextual 
information resulting from the opacity of the AHP, creates an environmental pressure that shapes job 
applicants’ online communities. Beyond the despair and angst expressed on Reddit, our research led us 
to witness the emergence of a symbolic economy situated around the black box, where job applicants 
would trade dubious knowledge concerning the AHP in the hope of fostering agency amongst the 
community or on a personal level. By studying online exchanges on forums and corporate 
communications, we observed that pressure exerted by a specific sociotechnical system, HireVue’s AHP, 
over a vastly distributed human group, the job applicants, has a structuring effect on their loosely 
coordinated online community. These communities spontaneously form and their members engage to 
correct the knowledge gaps situated at the root of the disruption caused by the AHP in the social ritual of 
interviews. We can witness within online forums that the applicants as well as HR experts participate in 
a parallel economy where the exchanged currency is constituted of dubious information, hoping to acquire 
agency against a faceless gatekeeper managing the social selection process. Looped around 

 
1 State of Illinois, Public Act 101-0260, 2020.  https://www.ilga.gov/legislation/publicacts/fulltext.asp?Name=101-0260 

2 https://epic.org/documents/in-re-hirevue/ 
3 Boeing, GE, Unilever, Deloitte, PwC, Mercedes-Benz, Kraft Heinz, Delta, Hilton and St. Jude Children’s Research Hospital, 
amongst many others. 
4 In the context of our data collection, of the 132 Reddit posts mentioning HireVue, 109 were located in the r/recruitinghell 
subreddit. 
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a technological object, social actors engage in trade and circulate, changing roles as their status morph 
within this circuit. 

2. AHPs & critical AI studies 

Our study of AHPs began with a review of some of the existing literature from the broad field of critical 
AI studies which “trains itself on the entire sociotechnical and political process of modern machine 
learning from genesis to impact and back again” (Roberge & Castelle, 2021, p. 3), focusing on the 
deployment of automated hiring platforms. Our first assessment showed that the subject of automated 
hiring was already treated in corpuses concerned with bias making by algorithmic systems rooted in junk 
science. Scholars such as Luke Stark, Mona Sloane, Jevan Hutson, Kate Crawford have all contributed 
to this body of literature, notably by demonstrating how automated hiring, which often mobilizes facial 
recognition (FRT) and voice recognition technologies (VRT), reactivated old debunked pseudo-sciences 
such as physiognomy and phrenology (Stark & Hutson, 2021; Crawford, 2021; Sloane et al., 2022). The 
epistemological roots of the psycho-computational complex (Stark, 2020) can be found in the work of 
19th century British scientist Sir Frances Galton and still rely heavily on the use of visual cues tied to 
bodily signs (Stark, 2018). To support the wild claim “that they reveal the true potential of job candidates” 
(Sloane et al., 2022, p. 1), current AHP systems pair up FRT to a truncated understanding of Basic 
Emotion Theory (BET). According to Stark, this clunky assemblage does “not lend sufficient scientific 
evidence for even nuanced arguments grounded in the Motivational tradition,5 much less the often 
sensationalist claims made by many FRT providers.” (Stark & Hoey, 2021, p. 790) While the recursion 
of pseudoscience is not uninteresting to us, we turned our attention to the question of power within and 
without AI systems, mainly the precise workings of how each system operates in its own private, 
autonomous, micro-political economy (Farrell & Fourcade, 2023). Rahman recently described opaque 
third-party algorithmic evaluations as constitutive elements of “’post-panoptic’ environment for workers” 
which the author dubbed the invisible cage (2021, p. 949). Acting as an algorithmic evolution of the iron 
cage theorized by Weber, these environments trigger reactivity amongst workers as “they have difficulty 
identifying the evaluations’ underlying expectations, including what is rewarded or punished.” (Rahman, 
2021, p. 977) Beyond stating they are resisting such evaluations through only platforms dedicated to 
knowledge sharing, where they can “help each other learn new systems and practices” (Kellogs et al., 
2020, p. 392), we wondered how such knowledge exchanges would be organized. 

By shifting our focus from the study of “algorithmic harm” and “algorithmic resistance,” two already 
explored approaches described above, to the study of an AI-enabled symbolic political economy, we aim 
to sketch out the understanding of how a multitude of systems, operating in their own realms while 
potentially overlapping, reconfigures our societies through recursive mechanisms. This article is aligned 
with the approaches of scholars that examine the reconfiguration of power relations by AI, such as Farrell 
and Fourcade’s work on the creation of private knowledge regimes by chatbots (Farrell & Fourcade, 
2023), Beer’s theoretical writings on the social recursiveness emerging around AI systems (Beer, 2022; 
2023) and, finally, the work of Roberge and affiliates such as McKelvey on the becoming of AIs black 
boxes opacity as a mode of governance which prompts a form of recursive power (Roberge & al., 2020; 
Roberge & McKelvey, 2023). 

 
 

 
5 BET is an offshoot of the Motivational psychological tradition in the study of affect. Its founder notoriously claimed that “the 
primary motivational system is the affective system.” (Tomkins, 2008, p.4) Paul Ekman subsequently developed BET claiming 
there exists six universal basic emotions which are tied to specific facial expressions. (Ekman, 1992)  
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3. Methodology 

The methods we chose to study HireVue’s AHP are highly inspired by the work of science and technology 
studies (STS) scholars such as sociologist Angèle Christin and anthropologist Nick Seaver regarding the 
challenges posed to social sciences by the opacity of the algorithmic black box, which often incarnates 
either corporate secrecy, mathematical complexity, or pure unexplainably when in the presence of neural 
net-based technologies (Christin, 2020; Seaver, 2017). For critical AI studies authors, the algorithmic 
opacity is not in itself a hurdle; the conjugation of classical social science methods and new digital 
methods, or computational science knowledge, can inform us on the inner workings of these technologies. 
As Seaver argues, algorithms and individuals mutually influence themselves, meaning that algorithms 
can be known through the ways they influence society (Seaver, 2017). Going further, Seaver urges social 
scientists to stop feeding into the “algorithmic drama” of the black box by redirecting their gaze to the 
social and material impacts of automated technologies (Seaver, 2022). This opens the perspective of 
studying automated technologies from the exterior, rather than fixating on the interior of the algorithmic 
black box. Social scientists can work with exterior materials such as interviews with individuals, 
computer science texts, mathematical models, corporate narratives, lab ethnography, financial reports and 
so on. This methodological approach is what Christin names the “algorithmic refraction,” which she 
defines in the following way:  

The concept of refraction is derived from physics, where it refers to the changes in direction and strength that occur 
whenever a wave of light or sound passes from one medium to the next. Applied to algorithms, studying refraction entails 
paying close attention to the changes that take place whenever algorithmic systems unfold in existing social contexts—
when they are built, when they diffuse, and when they are used. (Christin, 2020, p. 906) 

To gain “ethnographic insight into how job applicants experience AHPs” (Sloane et al., 2022, p.7), we 
decided to engage in non-participant observation on forums where individuals would express themselves 
on automated hiring, whether expressing concerns, criticizing the technology, or expressing how an AI-
piloted interview made them feel, as well as individuals praising HireVue. We proceeded with the data 
collection6 for this study in February 20237, gathering online-available material, mainly testimonies from 
the Reddit subreddit dubbed r/recruitinghell from individuals who claimed they passed a HireVue 
interview8, but also videos posted on YouTube from individuals claiming to be human resources 
specialists9 peddling and selling “counsels” and “advice” and even, in some cases, AI-powered 
technology for interview practice. 

Following a “thick data” approach in order “to reduce the breadth of data (the number of datapoints) 
while enhancing their depth (i.e. ‘thick-ness’ of each datapoint)” (Latzko-Thot et al., 2022, p. 202), we 
developed a process to collect and categorize posts from Reddit. This specific platform was chosen since 
its “masked” commenters are “often discussing lengthy and detailed personal experiences, sometimes 
asking for help, support and information, and sometimes simply sharing their thoughts and opinions.” 
(Adams, 2024, p. 48) The expression of negativity on this platform, bolstered by anonymity, could be 
revealing of the harm caused by HireVue’s AHP. Multiple qualitative studies (Low et al., 2020; Slemon 
et al., 2021) powered by natural language processing (NLP) and enabled by the Pushshift dataset 
(Baumgartner et al., 2020) gave insights to the research communities about the expressive content 
available on the platform. As an example, studies focusing on eating disorders conducted on the same 
platform revealed that “feelings of frustration, anxiety and loneliness were shown to increase in presence 
within linguistic discussions by Reddit users.” (Adams, 2024, p. 50) We concluded that harmful 
experience involving HireVue’s AHP could be narrated in lengthy detail by Reddit users in a non-
chastised manner, hence the choice of said platform for our inquiries. 

 
6 A digital archive was created from the collected textual content for further analysis. 
7 Publications on Reddit and YouTube mentioning HireVue were exhaustively collected at the date. 
8 Reddit: 139 posts amongst which 131 were located on the r/recruitinghell subreddit ; YouTube: 16 posts. 
9 YouTube: 16 posts. 
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The first phase of data collection was conducted by manually scraping content from Reddit using a 
simple search term: “HireVue”. We exhaustively recuperated all posts (139) where the term was 
occurring. Quite surprisingly, the vast majority of them (131, which corresponds to 94.25% of the whole) 
were located on the r/recruitinghell subreddit. The fact that this particular subreddit, being mainly 
dedicated to the shared misadventure narratives of job applicants, was already an indicator that its posts 
would feature “liberated voices” and would be in that sense quite critical of AHPs. Most posts located on 
other subreddits10 were from job applicants asking about a future Hirevue interview for highly skilled 
positions (accountants and engineers) in international firms.  

The second phase of data collection was aimed at the YouTube platform. Often used as marketing tools 
to advertise services, professional YouTube accounts could lead us to a type of content concerning 
HireVue that would differ from the disgruntled job applicant comments on Reddit, therefore acting as a 
counterpoint and adding depth to the object of study. The platform was selected as a site of inquiry as it 
is used by self-proclaimed experts to peddle some basic counseling as a kind of fishing practice to then 
sell more “profound” advice. In order to recuperate the so-called experts’ discourses on the platform, we 
used the following search terms: “HireVue”, “HireVue Experts”, “Tips for HireVue interview.” The 
collected discourses11 of the experts were transcribed for further analysis.  

During the third phase of data collection, we drew material from HireVue’s website to understand the 
corporate narrative and its promises made to the potential buyers of the technology but also, potential 
individuals who would undergo HireVue interviews (Borup et al., 2006). Additionally, we collected the 
very few interactions HireVue’s representative had with job applicants on Reddit12. The triangulation of 
collected materials such as online testimonies, counsel peddling and corporate narrative, which we will 
couple with already existing critical AI studies theory on the 21st century AI paradigm of machine 
learning and neural nets (Roberge & Castelle, 2021; Beer, 2023), sets the foundation of our analysis. 
While the controversial nature of Hirevue’s AHP is made apparent by the vast majority of posts we 
collected from Reddit,13 we firmly believe that the best approach to explore this controversy does not lie 
in situational analytics (Marres, 2020) or computational methods but rather in a more traditional 
qualitative interpretative approach where the discourse registers would emerge as well as the entirely 
speculative nature of the information exchanged on the different forums. 

4. Case study: HireVue and its publics 
The following section recapitulates our findings at a granular level.14 This is where the principal data 
upon which our argument is built are explained. Large-scale technological deployment, shaky knowledge, 
one-sided interactions, alienation, disengagement, shared ruses, and various adaptation strategies, both 
corporate and individual, constitute the landscape which prompts the emergence of a symbolic and yet 
deeply political economic circuit. Through the testimonies left by actors enmeshed in controversial 

 
10 /Big4, /Boeing, /HireVue_,  /deloitte,  /FinancialCareers, /recruiting. 
11 Saturation was rapidly reached with these contents as their messages were similar both in form and intent. 
12 Reddit: 4 posts. 
13 The unfavorable press coverage and the recent legislative action mentioned in the introduction of the article are also clear 
controversy markers. As Callon states, controversies, especially technological controversies, are negotiated both through 
scientific publications (the forum constituant) and through popular media (the forum officieux). Actors can occupy either or 
both of these positions and the interactions between the forum constituent and forum officieux help define the overarching 
narrative of the controversy (Callon, 2006). We thus hoped to bring togetherway the discontent expressed on the 
r/recruitmenthell subreddit with the sociological literature criticising the phenomenon of automated hiring platforms.  
14 In order to protect the anonymity of the commenters, we chose not to disclose their usernames. We also limited the quantity 
of quoted material to further protect their identity. All of the few quotes that were incorporated in this article have been tested 
with reverse search to make sure that it would prove difficult to trace them back to their original context. These measures have 
been taken in order to address issues about the ethical use of scraped Reddit data that were raised in recent literature (Adams, 
2024). 
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relationships centered on HireVue’s AHP distinctly appear the pressure-applying mechanics that shape 
said circuit.  

4.1 Key findings: HireVue’s corporate communications 

4.1.1 Scalability, seamlessness & speed 
HireVue presents its AHP as a universal tool that can be deployed in a wide variety of contexts. It can 
scale efficiently to tackle the needs of large scale or medium-size businesses. The AHP is also presented 
as a completely integrated solution that “makes the hiring process seamless.” One of the main selling 
points of the platform is the speed at which it will treat many job applications. According to the corporate 
website, “Hiring teams are facing a competitive market, and the first-to-offer has the first pick of talent.” 
(HireVue, 2023). In the context of a labor shortage crisis, this argument might be appealing to potential 
customers. 

4.1.2 Adaptation to critique 
Following the many critiques targeted at AHP, HireVue deployed a contrarian discourse where the AHP 
could be used to “support your diversity goals,” instead of being tagged as a discriminatory device. Also, 
following the change in regulations, lawsuits, and public outcry, HireVue dropped the AI-powered video 
analysis component from its platform.15 A vague statement on the corporate websites states HireVue’s 
wish, “to evolve as we work with our customers, jobseekers, technology partners, ethicists, legal advisors, 
and society at large.” Meanwhile, a class action was filed against HireVue on January 27th 2022 for 
multiple violations of the Illinois Biometric Information Privacy Act (Willner & Sabna, 2022). 

4.1.3 Short-lived engagement on public forums 
An official HireVue representative answered a total of four posts made by job applicants. Mention of 
“24/7 support team” able to answer email or phone calls was made. If, initially, support was offered,16 it 
seems HireVue’s PR representative has subsequently vanished from Reddit.  

4.2 Key findings: HR experts & counselors 

4.2.1 AI or not? 
While HireVue claims to have eliminated the AI video analysis component of their platform, most HR 
experts capitalize on the fear created by such techniques. “I know it’s a bit disturbing that there’s an 
algorithm essentially analyzing you, but try not to think about it,” suggests one of these experts on 
YouTube. According to these specialists, AHPs can tell whether a candidate is nervous or not as well as 
confident or not. Eye contact, body language and intonation are mentioned as cues being analyzed during 
the interview. Moreso, the transcribed content of what an applicant said during an interview is compared 
to a list of desired keywords predetermined by the potential employer. 

4.2.2 Ignorant counselors 
It is very difficult to tell if any of the counselors offering advice about HireVue have any real, direct 
experience with the platform. Some explicitly expose they do not know how the AHP operates but since 
they have extensive experience as interview coaches, they should be knowledgeable. Most of the advice 
given out to eventual applicants is generic and claims about the AHP are entirely speculative. 
 

 
15 Hirevue’s CEO Kevin Parker claims that AI-powered video analysis “was adding some value to customers, but it wasn’t 
worth the concern” (Knight, 2021, para. 5). 
16 “So if things go wrong in your interview, or if you need a webcam, tips and tricks, someone to talk to or anything like that, 
we are here,” wrote a HireVue representative. 
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4.2.3 Technical advice, mise-en-scène and behavioral adaptation 
The experts suggest investing in decent audiovisual equipment. A semi-pro microphone, camera and 
lighting kit should drastically improve the technical quality of the recording. It was also suggested to test 
the equipment prior to the interview. Many experts insist on being mindful of the surroundings and create 
a decent backdrop for the interview. Besides these counsels, applicants should spend time getting “more 
comfortable on camera” and train themselves. According to the experts, “watching yourself back and 
noting what you’re doing wrong” is part of the preparation for an AHP interview. 

4.3 Key findings: Job applicants’ forum posts 

4.3.1 What really is on the record (and why)? 
The commenters disagree whether the video is recorded continuously, even when the participant is not 
submitting a video answer to a question. A few applicants complained that the recorded videos could be 
kept forever. Some participants claim that they could be used by HireVue as training data for undisclosed 
ulterior motives. There is also a debate concerning whether the videos are viewed at all by human 
recruiters. Some commenters claim the videos are treated automatically and that the scores gained through 
game-like assessments are what really count. 

4.3.2 Dehumanizing and dystopian 
Automated interviews are perceived by many commenters as disrespectful and dehumanizing. Some 
applicants claim that AHPs are in fact discriminatory and that HireVue “furthers the transition from 
workers people being just numbers [sic].” Even one participant claims that the system comes straight out 
of cyberpunk fiction. 

4.3.3 One-sidedness 
HireVue, like many AHPs, uses an interview model where job applicants are left alone in front of their 
webcam. As they do not have counterparts to talk to, some commenters felt that they have undergone a 
disrespectful process that is not a “real” interview. The one-sidedness characterizing HireVue’s platform 
is deemed unfair by many participants since: “Interviewing is a two-way street and we candidates have 
just as much right to ask questions of them as they have a right to ask them of us.” Furthermore, a 
commenter voiced a concern many applicants have about this characteristic of AHPs: “The one-sidedness 
of it means that it inherently is bad for getting a good picture of a potential candidate.” According to many 
commenters, it appears to be very difficult to create a good impression in the absence of an interlocutor 
who could give direct feedback through verbal and non-verbal cues. 

4.3.4 Lack of adaptation and effort 
Commenters who experienced HireVue’s AHP told forum members that some questions were being used 
cyclically from one interview to the other. Also, according to many applicants, some of the behavioral 
questions of the assessment are so generic they do not relate in any way to the job for which they made 
an application. Some interviews feature coding quizzes, which were deemed badly thought out by some 
applicants. A commenter who had previous experience as a recruiter even declared about the AHP: “This 
is one of those things that sound good in theory but I haven’t come across a company to use something 
like this for more than two years.” Another blamed the laziness of the recruiters who use these AHPs: 
“Recruiters don’t actually put any effort in, so the AI does all the work.” 

4.3.5 Shared ruses: Technique, behavior and mise-en-scène 
Some participants provide technical hacks to unlock the interview questions from the web browser in 
advance. There even exists GitHub repositories that contain code to perform this type of exploit. Also, 
participants share tricks involving app minimization to “stall the timer.” Other suggestions by applicants 
involved changing the way one expresses themselves, “you gotta over exaggerate the way you explain 
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things,” and make sure to sound “super excited, super enthusiastic.” According to a commenter, the AI 
analysis part of HireVue’s AHP will favor “people with more clear-cut facial expressions.” Extensive 
discussions about clothing and more specifically, its specific color, could be found in many threads.  

5. Data analysis 

5.1 An ongoing controversy and job applicants’ online communities 

Contradictions between corporate storytelling, scientific literature, and user experience characterize 
HireVue’s AHP. What is this technological platform exactly measuring? How are its AI components used 
and does it discriminate unfairly against specific groups of users? Online, such questions are the subjects 
of heated debates. The public discussion happening on Reddit pits the numerous negative comments 
posted by job applicants against the corporate claims of fairness and equity. This apparently face-to-face 
confrontation is complexified by the presence of seemingly independent agents, the so-called HR experts, 
who contribute to the public debate while trying to profit from the situation. While sorting the numerous 
posts we collected into broadly defined categories,17 we noticed that the job applicants involved in the 
controversy could switch roles. For example, one-time job applicants seeking to learn more about the 
AHP could end up reposting on the same thread after their interview. The same could be said of 
commenters who could, at first, complain about the degrading nature of the AHP and, in the context of 
another post, provide directives to other applicants so they increase their chances of success on their next 
interview. Depending on their level of knowledge, based either on direct experiences of an AHP-
conducted interview or on a basic understanding of the hiring process’s unwritten rules, these social actors 
can modify their status, gain some agency, and become counsel providers themselves. Inversely, they 
might roll back to being a commenter or, even, a knowledge seeker, if they experienced adverse results 
following an interview. These shifting roles amount to movements within an emerging circuit anchored 
on the AHP. The shared online bits of knowledge, even if they are mostly based on imagination since 
AHPs are highly black boxed,18 highlights the existence of an informal support system that helps 
applicants to cope with a difficult situation. As Venturini wrote, “Controversies are the place where the 
most heterogeneous relationships are formed.” (2010, p. 261) A wide variety of actors from different 
backgrounds met online and created an exchange system organized around a technical object, HireVue’s 
AHP, where roles could switch depending on the amount of knowledge one has. By refusing to 
disseminate knowledge concerning the mode of operation of their AHP or to engage online with job 
applicants, HireVue19 created a form of informational scarcity, which creates a power imbalance situated 
at the level of the job applicant and the machine. 
 
 
 
 

 
17 In order to get a grasp of the ongoing public debate, forum posts were tagged with the following properties: actors (HR 
Specialists, HireVue PR, Job Applicants, Onlookers), roles (Knowledge-seekers, Commenters [Specialized, Amateur or 
Experimented], Prescribers [Specialized, Amateur or Experimented]), expression register (critique, justification or adaptation) 
and then, types of critiques (HireVue Criticism, Socio-Economic Criticism, Alienation), types of adaptation (Behavior, Mise-
en-scène, Technical ruse, Documentation) and types of justification (Socio-economic, Trickery, Automation, Corporative). 
18 The fact that HireVue rapidly stopped its online engagement with the community only worsened this situation. 
19 An additional argument based on HireVue’s website content could be made to support the existence of a deliberate corporate 
obfuscation strategy. Pretending to offer a custom-tailored hiring solution, the company claims are debunked by the confirmation 
that many interview questions are in fact recycled. Also, the website’s vague ethical declaration hinting in favor of cooperation 
with a wide variety of social actors is contradicted by the ongoing legal actions opposing the company to privacy advocacy and 
labour rights groups. The narrative deployed by the company contradicts factual evidence about its product and its effects. 
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5.2 Uneasy interviews: disrupted interactions and dysfunctional strategies 

While some meta-analysis of reactions to AHPs present a balanced account, positive against negative, of 
job applicants’ attitudes who submitted to such a process,20 our findings indicate that most commenters 
on Reddit and YouTube are voicing negative opinions. Indeed, the one-sidedness of the AHP interview 
generates many criticisms. The traditional social form of the job-seeking process relied on the mediation 
of a technical object, the resumé, and of a human technique, the interview. By replacing the human 
recruiter with an AHP, HireVue claims it can now go beyond the resumé and “crack the technical hiring 
code.” (HireVue, 2019) 

Through the concepts of face interaction, performance disruption and impression management, 
Goffman’s microsociological framework of interactionism can help us understand further the distress of 
interviewees facing a faceless machine. The interaction ritual provides an interesting frame of reference 
to analyze job interviews since those are established form of interactions implying, “the standardization 
of bodily and vocal behavior.” (Goffman, 1983, p. 3) Like most social rituals, they are heavily codified 
and rely on conventions, establishing the “rules of the game.” If job interviews are understood as “people-
processing encounters, encounters in which the ‘impression’ subjects make during the interaction affects 
their life chances,” and if “this processing is ubiquitous; everyone is a gatekeeper in regard to something,” 
then, what happens if said gatekeeper is faceless? (Goffman, 1983, p. 8) The one-sidedness characterizing 
AHP interviews breaks the traditional form of a long-established social ritual and creates gaps. The 
impossibility of a dialogue with a non-existent other, while having to perform as if there was an audience, 
pushes job applicants in an unknown territory: “The situation may cease to be defined, previous positions 
may become no longer tenable, and participants may find themselves without a charted course of action.”  
(Goffman, 1956, p. 155) More than a simple dysfunction, the one-sidedness of AHP interviews plays into 
the knowledge scarcity scheme already at work. Not only adding to the whole opaqueness of the AHPs 
black box, it also creates an asymmetric power relation where job applicants have to supply all the 
necessary visual and auditory cues to support their claim for work. This contradicts the very basic 
assumptions of an encounter21. As one of the applicants said on the forum, “It should go both ways.” 
AHPs create a situation where the other side is disembodied, acting like a negative presence, sucking in 
information, and providing none. 

This last characteristic of AHP interviews inclines us to classify them into the regime of “synthetic 
situations” as described by Karin Knorr Cetina. Building on previous research conducted with globally 
(and algorithmically) connected financial traders,22 the author identifies a new type of situation that 
imposes a reevaluation of the standard encounter described by Goffman. More than a simple “disorderly 
interactional arrangement struggling with problems of differential access, orientation and perspective, 
and coordination,” a synthetic situation “is a composite of information bits that may arise from many 
areas around the world and feature the most diverse and fragmented content.” (Cetina, 2009, p. 74, p. 69) 
One of the key features of these synthetic situations23 is that their existence relies on scopic devices which 

 
20 See Hunkenschroer & Luetge, 2022, for example. 

21 The classical Goffmanian interaction starts with a bilateral information acquisition process: “When one enters the presence of 
others, he will want to discover the facts of the situation. Were he to possess this information, he could know, and make 
allowances for, what will come to happen […] Full information of this order is rarely available; in its absence, the individual 
tends to employ substitutes—cues, tests, hints, expressive gestures, status symbols, etc.—as predictive devices.” (Goffman, 1956, 
p. 155) 
22 See Cetina, K. K. & Bruegger, U. (2002). Global Microstructures: The Virtual Societies of Financial Markets. American 
Journal of Sociology.107(4). 905-950.  https://doi.org/10.1086/341045. 
23 In line with Cetina’s work, we consider our research endeavors to reside entirely in the realm of synthetic situations. The 
interviews as well as the comments on the platform or the knowledge exchanges implicating the self-proclaimed experts are to 
be understood as events making sense within a digital context without having to trace back these interactions to real-life 
incarnated population segments.  
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act as “instrument[s] for seeing or observing” (2009, p. 64). Beyond allowing the situation participants to 
coexist in remote locations, the scopic devices “make visible, project, and record things that cannot be 
seen in the physical situation or can be seen only in an informationally deprived manner—but that are 
causally implicated in the progress of the situation and its later outcomes.” (2009, p. 82) This definition 
fits the particulars of technology supporting the AHP, as the participants in such interviews provide not 
only their audiovisual answers to questions but also a trove of information collected during their course 
such as their behavior during the game assignments. The main difference between the traders observed 
by Cetina and the HireVue’s job applicants is that the latter’s experience is akin to a one-way mirror: the 
scopic device is looking at them, transferring algorithmic power to the eventual recruiters in an 
asynchronous and asymmetrical relation. In this case, the object to be gazed at and manipulated is not the 
market but the workers. 

Building on the concept of fissures in algorithmic power— “moments in which algorithms do not 
govern as intended”—we can observe in this specific case that “algorithmic power enables and constrains 
social action, it entails domination and counteractions, and it is practiced—not possessed.” (Ferrari & 
Graham, 2021, p. 815, p. 818) While the job applicants seem to be stuck in some asymmetric power 
struggle with a faceless and ghastly opponent, they still provide an informal response through the forum 
and create a social network dedicated to the matter. However, the cumulation of job applicants’ attitude 
toward the AHP opaqueness (even if it is sometimes rooted in ruse), and the trauma caused by one-sided 
interviews, do not actuate in an organized political response in the name of workers’ rights. If “platforms 
bring reshaped modes of social contestation into being,” (Ferrari & Graham, 2021, p. 827) they do not 
aim for revolution or organize aggression against the deployment of AHPs. The protestations expressed 
on the forum, while showing some level of solidarity, fuels an individualistic market-like attitude where 
one can beat the game. 

6. The political economy of machinic mythmaking: Nonknowledge and agency 
To understand the way that HireVue’s AHP modulates individuals’ lives through both behavioral 
modification and material conditions in the form of access to a job, we turned to the sociological tradition 
of political economy24. Precisely, we aim to demonstrate that when in the presence of uncertainties, 
individuals try to mobilize equivalent certainties to acquire agency in the face of the unknown. We thus 
draw on the work of sociologist David Beer (2023) to understand how the opacity of AI acts not as a 
shroud, but as an engine for new forms of sociality based on the way individuals represent themselves 
the prehension of HireVue’s AI on their practices. We argue that AI technologies exist in their own state 
of exception, allowing them to set the boundaries of knowledge about them and conversely, of what is 
unknown about them as well (Rappin, 2018; Beer, 2023; Farrell & Fourcade, 2023). It is this generation 
of “nonknowledge” that prompts a circuit of political economy around the black box. Individuals become 
actors in the circuit, taking on different roles depending on their accumulated knowledge and experience 
of HireVue, grasping to gain agency in front of the machine. 

Beer draws heavily from the work of philosopher George Bataille to further his understanding of neural 
networks25 as these different machines are unified by the core logic of conscripting and operationalizing 

 
24 While the approaches in political economy are connoted and largely of Marxist descent (Marx, 1968), they nonetheless remain 
multiple in their choice of objects and methods. Even if researchers who mobilize political economy tend to work on macro-
economic objects and systems (Fourcade & al., 2023), we assert, by drawing heavily on the work of philosopher George Bataille 
(1967; 2011), that political economy exists in the realm of culture, symbols, knowledge, and other abstract currencies as well as 
on a micro level, situated in interactions between actors and/or technical objects. The circulation of currency flux is what 
generates new forms of sociality, no matter the currency and actors in the hands of which it circulates.  
25 As Roberge and Castelle argue (2021), the current landscape of artificial intelligence is dominated by technologies emerging 
from the neo-connectionist tradition (Hinton, Bengio & LeCun) such as neural network, trained using a whole variety of 
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the unknown as well as the inexplicability of the chains of operations that leads to outputs (Lepage-
Richer, 2021; Beer, 2023). This opacity leads Beer to claim that “nonknowledge is not a by-product so 
much as it is a central and defining aim. They [neural networks] run on nonknowledge and are intended 
to reside beyond the explainable. Indeed, the aim is to be unexplainable. The presence of nonknowledge 
even seems to promote a sense of authenticity of the system” (Beer, 2023, p. 110) as it entertains the 
spectacle of automation and machinic sentience. But what is nonknowledge? Beer sums it in the following 
way: 

Knowledge only exists where it is created and that there are fields outside this to which there is no knowledge—there are 
important unknowables. […] What Bataille seems to be identifying here is how, because of a sense of unease or imbalance, 
we know when we are moving into the domain of nonknowledge. Nonknowledge creates uneasiness, he is arguing, because 
it is a space in which we cannot be certain or sure, we sometimes become aware of that uncertainty. (Beer, 2023, p. 101) 

Knowledge is created by human activity, whether scientific, philosophic, or artistic, while nonknowledge 
exists beyond the limits of human creation. Beer insists on this relationship between knowledge, which 
is deemed “stable” when acquired, and nonknowledge, which is deemed “unstable” and “uneasy,” as it 
exists independently of humans and cannot be acquired. Both co-exist and influence individuals who 
circulate between their frontiers; “nonknowledge does not need to be turned into knowledge in order for 
it then to be part of a system.” (Beer, 2023, p. 105) While this independence of nonknowledge from 
humans can be attractive as it entails new possibilities, it is still predominantly associated by Beer with a 
feeling of malaise as uneasiness in front of the AHP is something majorly reported in the research data. 
As neural networks are trained through machine learning, they require the production of “nonknowable” 
spaces from where they artificially “learn” and organize the creation of automated knowledge to, as Beer 
puts it, fill the gaps. “There is an aspiration for nonknowledge and a desire to use nonknowledge as a 
productive presence.” (Beer, 2023, p. 10) Productive nonknowledge translates in many ways. For 
example, the securitization of AIs from adversity by way of corporate secrecy feeds into the 
nonknowledge barrier prompted by the black box (Burrell, 2016). Productive nonknowledge, in the form 
of information scarcity, generates an environment where user interaction becomes beta-testing fuel for 
the machines that train themselves recursively on said interactions (Amoore, 2022; Beer, 2022, 2023). 
By accepting this idea that the opacity of AI sets the boundaries of knowledge and nonknowledge in 
which users operate and interact with machines, we fully embrace the idea that opacity, or the black box, 
is generative: symbolically (as AI becomes a site of cultural production), socially (as AI stimulates the 
emergence of new forms of social behaviors), economically (as AI allows for the emergence of new 
currencies and ways to circulate them) and politically (as AI intervenes and frames negotiations taking 
place between actors engaged in political relations).  

What, then, is the political economy of HireVue’s AHP? Looking back at the data points, we assert the 
existence of a symbolic political economy circuit anchored on the AHP, where knowledge or, as we will 
see further, myths, are produced and circulated among actors who, in return, gain or lose value in the face 
of one another, reconfiguring their social positions around the machine. Indeed, as HireVue operates in 
its own state of exception, it consequently generates its own chain of value. As we demonstrated in the 
case study, this chain of value and its associated productions are guided by the existence of nonknowledge 
prompted by information scarcity, as individuals clearly report their sense of unease, even psychological 
or emotional distress, while anticipating an automated interview or after having passed one. But even 
individuals who consider HireVue positively still operate in the confines of nonknowledge; the baseline 
fact remains that no matter the outcome of the interview, whether a job is given or not, the interior of 
HireVue’s AI remains unexplainable and thus, unknowable. As Beer puts it, drilling down on the 
inevitable and generative power of AI’s nonknowledge, “algorithmic systems produce new unknown and 

 
techniques associated with machine learning and backpropagation feedback loop (Cardon & al., 2018). When we refer to AI in 
this article, we thus refer to these kinds of technologies rather than the expert systems promoted by the symbolist tradition of AI 
researchers. 
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can even be built around the pursuit of increasing unexplainability. Expanding the learning of automated 
systems requires the making of mysteries.” (Beer, 2023, p. 122) Mysteries justify the creation of myths, 
and that is what is being traded around HireVue since the counsels, or even some critiques (such as the 
idea that the company uses the recorded videos and voices for subsequent model training) are at least 
partially flawed. 

We insist on the term “partially” as these different utterances are still produced to fill the knowledge 
gap prompted by HireVue and are based on previous knowledge of the interactionist framework of job 
interviews. These are attempts at creating an equivalence to acquire agency, and the abstraction of these 
enunciates, whether advice or critique, acts as a currency depending on the projected value of the assertion 
(good advice or good critique vs. bad advice or bad critique). Agency here is conceptualized as the 
merchandise that actors try to acquire, as it is exactly their claims to having some form of agency in front 
of HireVue that gives them legitimacy as either prescriptors, commenters or critics and, by extension, 
that gives value to their utterances about the AHP. Currency, as it is imagined as an equivalence to all 
things in the representation of value, can thus turn immaterial things that were not merchandise in 
merchandise, such as “honor and conscience” (Marx, 1968, p. 189). Still, we must pay attention to the 
fundamental aspects of the currency used in agency acquisition. As previously mentioned, the fact that 
HireVue’s technology is paraded as AI26, and that we are witnessing a moment in which what is presented 
as AI operates on opaque neural network technologies, we can assert that almost any claims we’ve 
encountered online about the technology at work are baseless. Yet, individuals testify all the same, or 
have followed recommendations found online, which means that they fundamentally believed that some 
claims do have value while others are worthless.  

Neural networks are mystery generators, and humans, when confronted with unexplainable 
phenomena, tend to produce myths as attempts to fabricate explanations as they are in a state of “lackness” 
(Bataille, 1967; 2011). Knowledge can then be gained from the study of myths until a new regime of 
knowledge such as science suggests other explanations. To recapitulate: HireVue’s AI system creates a 
space of nonknowledge which makes individuals feel uneasy in an interview scenario. Individuals start 
taking roles as actors online, circulating advice and critics based on previously “knowns”. Such utterances 
become treated as a currency potentially convertible into agency within the circulatory system structured 
by gatekeeping AHPs. The very fundamentals of neural networks technology neutralize any potential 
generalization of outcomes, rendering the creation of stable knowledge impossible. Actors thus remain 
in the borders of unstable nonknowledge, meaning that the creation of value from the forum posts never 
gain full legitimacy. Since AI systems operate in pure opacity, they act as myth machines. Individuals 
who adapt their conduct to the hypothetical needs of the AI, such as in the HireVue case, do so by 
according credibility to myths. AI’s political economy is thus one of mythmaking.  

7. Conclusion 

As we are writing the last words of this article, circa October 2023, multiple firms that used HireVue’s 
AHP in various employee screening processes either lost a lawsuit or are still facing judicial pursuit.27 As 
jurisprudence is building up against AHPs, some state officials voice their mistrust about these systems 

 
26 While acquiring information on HireVue’s website about what tasks are operated by AI proved difficult, we did find the 
following description of the platform’s AI on data-driven marketing firm TechTarget’s website: “Along with voice recognition 
and facial recognition software, HireVue uses a software ranking algorithm to determine which candidates are ideal for a specific 
job. An ideal candidate is defined by a combination of traits including body language, tone, and keywords. The interview data is 
then compared to approximately four million video interviews of top candidates in that specific role.” (TechTarget, 2019, 
paragr. 5) 
27 In 2022, former Estée Lauder Companies UK & Ireland employees received an out of court settlement to terminate a lawsuit 
filed after getting sacked following an algorithmic evaluation powered by HireVue’s AHP (Personnel Today, 2022).  A class-
action lawsuit was filed in 2023 in Massachusetts against CVS Health since the company screened applicants with HireVue’s 
AHP, which could violate the state law restricting the use of lie detectors (Dunn, 2023). 
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going as far as claiming they can unfairly discriminate against people with disabilities (Clarke, 2021). 
Kristen Clarke, US Assistant Attorney General for Civil Rights, voiced her concerns during a news 
conference held jointly in 2021 by the U.S. Justice Department and the Equal Employment Opportunity 
Commission. Mentioning “reports of increased use of AI by employers to solicit job candidates and screen 
applicants,” (2021, para. 10)  the Assistant Attorney General warned potential employers about the risks 
of using AHPs as these systems could put them in contravention of the law. As the US federal government 
analyzes “developments in case law pertaining to AI and civil rights,” (2021, para. 16) some members of 
the HR community are considering risks involved in using AHPs. Since litigation targets the user of such 
systems rather than the manufacturer, some HR specialists prefer to keep from using them and risk a 
lawsuit as “they can’t assume a vendor will ‘have your back in a worst-case scenario.’” (Thibodeau, 2023, 
para. 23) Nonetheless, HireVue’s AHP is still widely used, and tension builds as more and more job 
applicants are confronted to one-sided, discriminatory interviews that are shrouded in opaqueness. 

While this ongoing controversy will generate additional lawsuits soon, one might wonder what is truly 
at stake since these increasingly criticized AHPs are still generating interest amongst a part of the human 
resources community. In its published Explainability Statement, HireVue mentions to have “hosted more 
than 26 million video interviews and 5 million AI-based candidate assessments for over 700 customers 
around the globe.” (HireVue, 2022, p. 1) This data hoard consisting of psychographic information linked 
to individual personal data might explain in part the sustained interest for such systems. “Based on data 
from thousands of real-life interviews, covering a diverse range of interviewees and job types and the 
scoring,” (HireVue, 2022, p. 8) HireVue’s Behaviorally Anchored Rating Scale system necessitates 
ongoing data extraction from automated interviews to train the AI component that will judge job 
applicants. The trove of intimate knowledge concerning interviewees casts a shadow proportional to its 
size. It is in this dimly lit area of nonknowledge that thrives the emergent symbolic political economic 
circuit acting as a myth-making machine.  
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Abstract 
In this paper, we examine how generative artificial intelligence produces a new 
politics of visual culture. We focus on DALL·E and related machine learning 
models as an emergent approach to image-making that operates through the cultural 
technique of semantic compression. Semantic compression, we argue, is an 
inhuman and invisual technique, yet it is still caught in a paradox that is ironically 
all too human: the consistent reproduction of whiteness as a latent feature of 
dominant visual culture. We use Open AI’s failed efforts to “debias” their system 
as a critical opening to interrogate how DALL·E dissolves and reconstitutes 
politically and economically salient human concepts like race. This example vividly 
illustrates the stakes of the current moment of transformation, when so-called 
foundation models reconfigure the boundaries of visual culture and when “doing” 
anti-racism means deploying quick technical fixes to mitigate personal discomfort, 
or more importantly, potential commercial loss. We conclude by arguing that it 
simply does not suffice anymore to point out a lack – of data, of representation, of 
subjectivity – in machine learning systems when these systems are designed and 
understood to be complete representations of reality. The current shift towards 
foundation models, then, at the very least presents an opportunity to reflect on what 
is next, even if it is just a “new and better” kind of complicity. 

Keywords: generative artificial intelligence, critical artificial intelligence studies 

 

1. Introduction 

DALL·E 2 (Ramesh et al. 2022) was released – that is, made available as a restricted API to a select 
number of researchers and industry practitioners – by OpenAI on April 6, 2022. Its release marks the 
culmination of a number of public experiments with prompt-guided image generation, starting from the 
concurrent release of CLIP (Radford et al. 2021) and the first version of DALL·E in January 2021 and 
eventually leading to the development of CLIP-guided diffusion by AI/generative artist Katherine 
Crowson a year later. Researchers at OpenAI took up the architectural innovations proposed by Crowson 
and others, utilizing the vast corporate data resources available to them to train an image generation model 
with unprecedented capabilities. The realism of the images produced by DALL·E 2 substantially shifted 
the public discourse, which until then had been preoccupied with the perceived dangers of large language 
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models, to the perceived dangers of large image models: political deep fakes, synthetic celebrity 
pornography, copyright circumvention, and first and foremost racial bias.  

The primary concern was that AI generated images would reinforce certain social stereotypes. For 
instance, in one indicative study, researchers at Hugging Face and Leipzig University tested how models 
depicted people in perceived positions of authority. They found that DALL·E 2 generated images of 
people that looked white and male 97% of the time when provided with prompts such as “CEO” or 
“Director” (Luccioni, 2023: 17). This lack of racial diversity in generative outputs was roundly criticized 
as a form of representational foreclosure. Yet another visual reminder of the struggles for racialized 
people to see themselves, and others like them, as part of mainstream imaginaries of public life.  

Open AI was keenly aware of these controversies. At the time of release they had already published a 
document (OpenAI, 2022a) specifying steps taken to mitigate these predicted issues and had significantly 
restricted access to the model – a restriction which was only lifted several months later when DALL·E 2 
was turned into a commercial product. In addition to these initial considerations, OpenAI took another 
proactive step on July 18, 2022, releasing a statement contending that they were “implementing a new 
technique so that DALL·E generates images of people that more accurately reflect the diversity of the 
world’s population” (OpenAI, 2022b). While the “technique” in question was not further specified, a user 
comparing DALL·E 2 images before and after July 18 would have seen a concrete improvement, with 
more equally distributed gender and race attributes.  

Given the technical opacity of the fully trained model, and the proprietary nature of the dataset used to 
train DALL·E 2, the user could only assume that OpenAI had either vastly improved its sampling 
techniques, or had actually found a way to “debias” their model, i.e. shift the learned distribution of 
relevant attributes. The company boasted about the efficacy of their approach: 

“Based on our internal evaluation, users were 12× more likely to say that DALL·E images included 
people of diverse backgrounds after the technique was applied. We plan to improve this technique over 
time as we gather more data and feedback” (ibid). 
 

    

Figure 1. A sign that spells… 
Generated images for the prompts “A woman holding a sign that spells” and “A lawyer holding a sign that spells”, DALL·E 2, October 2023. 
The garbled letters (representing the added keyword “East Asia” in the example on the right) are typical for DALL·E 2, which relies on 
subword embeddings: words are “cut up” into their most salient parts during training (see Millière 2023). 

Neither of these assumptions, however, turned out to be correct. Instead, the same day, Twitter user Andy 
Baio posted the results of an experiment where they prompted DALL·E 2 to produce “empty” signs by 
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supplying the seemingly incomplete prompt “a sign that spells”, with no further instructions. Curiously, 
DALL·E 2 returned images with people holding signs that spelled words like “woman”, “Africa”, 
“black”, “Asian”, or “female” (see fig. 1), leading Baio to the conclusion that OpenAI’s debiasing 
technique involved nothing more than tacking-on gendered or racialized keywords to some (but not all) 
prompts. OpenAI’s “technique”, then, consisted of literally putting words in the user’s mouth, a technique 
that Eryk Salvaggio has since termed “shadow prompting” (Salvaggio 2023). OpenAI did not fix the 
model but the user.  

And a year later, in December 2023, this is still how the problem is addressed (fig. 2). For the newest 
version of DALL·E, OpenAI has fully embraced what used to be just a quick technical fix. DALL·E 3, 
accessible only through the large language model ChatGPT, now openly and proudly “diversifies” the 
user’s prompts. In the DALL·E 3 model card, the technique is referred to as “prompt transformation”, 
and aims to “ground people with specific attributes” (OpenAI 2023). Here, ChatGPT serves as an 
intermediate layer between the user’s initial prompt and the actual image-producing model. The interface 
shows to the user the transformed prompt, allowing them to inspect and refine the generated image. In 
fig. 2, for instance, the lawyer in the prompt “Please create a photorealistic image of a lawyer holding a 
sign that spells ‘ ’” was transformed into a “young East Asian male lawyer”. ChatGPT also “defuses” the 
“sign that spells ‘ ’” workaround transforming it into “a blank white sign” – a hack that is now made 
redundant by the open technique of prompt transformation. 

 

 

Figure 2. Prompt transformation in DALL·E 3 
Diversity attributes automatically added by ChatGPT in DALL·E 3, December 2023 (prompt: “Please create a photorealistic image of a 
lawyer holding a sign that spells ‘ ’”.) 

 
This shift from model-based to user-based debiasing, we argue, represents a deeper political shift towards 
an understanding of large visual models as “complete” models of visual culture. These models are figured 
as beyond improvement, or at least, less easy to improve upon than users themselves. The popularization 
of the term “foundation model” suggests this understanding also serves as the ideological foundation of 
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contemporary machine learning research. Moreover, our contention is that large visual models are not 
only reconfiguring the boundaries of visual culture, they are also reconceptualizing reality through the 
cultural technique of semantic compression, i.e. the learned mapping of (representations of) the visual 
world to points in a feature space. 

2. Foundation models and “completeness” 
The term “foundation model” first appeared in a 2021 paper titled “On the Opportunities and Risks of 
Foundation Models”, authored by over 100 researchers associated with Stanford’s “Human-Centered 
Artificial Intelligence” initiative (Bommasani et al. 2021). “We call these models foundation models”, 
the paper reads, “to underscore their critically central yet incomplete character.” (ibid., 1) For anyone 
familiar with the artificial intelligence research coming out of Stanford since the beginning of the current 
artificial intelligence “revolution”,1 the use of the term “incompleteness” must stand out in this definition. 
And in fact, “incompleteness” here needs to be understood from an entirely applied perspective. 
Foundation models are incomplete because they are general, and only become specific through adaptation 
to so-called “downstream tasks”. 

What sounds like humility is thus, in fact, an embrace of what has long been the implicit ideology of 
machine learning research: that “large” is good-enough to count as “complete”, for all intents and 
purposes. This ideology has a surprisingly long history. Fei Fei Li, who is listed as a co-author of the 
paper, famously led the effort to create ImageNet, the de-facto standard for machine vision research until 
about 2020. ImageNet, according to Li, was supposed to “map out the entire world of objects” (Gershgorn 
2017). ImageNet’s ontology, in turn, builds on the ontology of WordNet – and from here we could trace 
the idea of capturing the world in its entirety all the way to Leibniz’ and Wilkins’ “universal languages” 
of the 17th century (the latter epitomized by Jorge Luis Borges). Back in the year 2022, the makers of 
Stable Diffusion, another powerful large-scale generative model, announced that their model “is the 
culmination of many hours of collective effort to create a single file that compresses the visual 
information of humanity into a few gigabytes” (Mostaque 2022). 

It is thus not surprising that many humanist critiques of visual artificial intelligence2 target this implicit 
ideology of completeness. It is an easy target after all, as the deficiencies are right there, to see, for 
everyone with the means to browse a folder full of images. That does not mean that we are discounting 
this kind of work. Trevor Paglen and Kate Crawford’s exposure of ImageNet’s wildly sexist and racist 
human-related categories, for instance (Crawford and Paglen 2019), or Adam Harvey’s ongoing work on 
datasets collected “in the wild” (Harvey 2023) shifted both the academic and the public discourse towards 
a more critical perspective on visual artificial intelligence, even before the more recent rise of generative 
image models. Artistic works, such as Mimi Ọnụọha’s Library of Missing Datasets pointed out the central 
role of omissions in the construction of datasets already in 2016. More recent humanist critiques of 
“traditional” datasets like ImageNet beyond its – now – “obvious” flaws (Birhane and Prabhu 2021) offer 
deep analyses of the role of the photographic apparatus in their creation (Malevé 2021), of the subtle 
dissonances in their categories (Smits and Wevers 2021), of their implicit ideological assumptions 
(Denton et al. 2021), or of the computational construction of meaning implicit in their deployment 
(Scheuermann et al. 2021).3 

 
1 The technical (not ideological, see above) trajectory of contemporary artificial intelligence could be traced back as far as Turing’s initial 
considerations of machine intelligence (Turing 1950). Here, we peg the “beginning” of contemporary artificial intelligence to a paper by 
Krizhevsky et al. (2012), which introduces multiple groundbreaking fixes to the design and implementation of deep convolutional neural 
networks (CNNs) which had been around since the 1980s, including the proposal to use Web-scale data and graphics cards (GPUs) to train 
such networks in a massively parallel fashion. 
2 We discuss visual artificial intelligence only in this paper. For critiques – and critiques of critiques – of large language models, especially 
since the release of ChatGPT, see for instance Raley and Rhee 2023, Bajohr 2023, or Weatherby and Justie 2023. 
3 This is only a small slice of the critical literature on machine learning datasets. For additional examples we would like to refer the reader to 
the reading lists curated by the Knowing Machines project: https://knowingmachines.org/reading-list. 
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And yet, the dominance of dataset critique as the default mode of academic critiques of machine 
learning has somewhat obscured the fact that datasets are not the only place where things go wrong. Here, 
we do not refer to the – equally valid and equally widely discussed – infrastructural concerns surrounding 
artificial intelligence in general, for instance the exploitation of “click workers” in the global south, the 
energy consumption of data centers, the privacy and copyright concerns connected to indiscriminate data 
scraping practices, or the extractivist nature of model production. Instead, our analysis – and our critique 
of dataset critique as a dominant practice in the humanities – focuses on the model itself. 

As Sara Hooker (2021) argues, a “surprisingly sticky belief is that a machine learning model merely 
reflects existing algorithmic bias in the dataset and does not itself contribute to harm” while model design 
actually contributes just as much to a flawed final outcome. This becomes especially relevant as, with the 
advent of foundation models and corresponding datasets, dataset critique becomes more and more 
intractable as dataset sizes grow, in orders of magnitude rather than linearly. A recent example is the 
LAION family of datasets used to train the highly influential multimodal foundation model CLIP 
(Radford et al. 2021). Such datasets can only be made tractable by means of image retrieval systems. In 
the case of LAION, that system is, itself, powered by CLIP.4 In fact, the most significant recent general 
critique of a LAION dataset (Birhane et al. 2021) uses exactly this CLIP-powered tool to identify the 
“misogyny, pornography, and malignant stereotypes” on which its main argument rests. 

We have, then, seemingly passed a quantitative-qualitative threshold, beyond which the model itself 
necessarily needs to become the site of critique. Because it always played a role (as argued above), but 
most importantly because the simple increase in scale means that dataset critique has, or will soon, run 
out of steam. 

3. The cultural technique of semantic compression 
If ideology is now a function of the model and not (exclusively) the dataset, then our attention has to also 
shift towards the general cultural techniques of modeling. The term cultural technique, here, implies a set 
of practices that come before their theoretization. As Thomas Macho (2003) and others have argued, it is 
this pre-theoretical status that defines a cultural technique. So, what are the cultural techniques, the pre-
theoretical (in an epistemic, not technical sense) practices that enable machine learning today? We argue 
that the most politically and economically relevant of these cultural techniques is semantic compression: 
the mapping of (representations of) the visual world to points in a feature space. It is this feature space 
where politically and economically salient human concepts (like race, as we discuss below) are 
“dissolved”, and from which seemingly ahistorical, apolitical, and non-ideological versions of the same 
concepts are subsequently resurrected. 

Semantic compression, here, denotes a form of compression that only has become possible with recent 
advances in machine learning. Instead of looking for formal redundancy, semantic compression 
algorithms, in the form of neural networks, automatically learn to represent an image “holistically” as a 
set of features that are “meaningful”, i.e. a set of features that require gestalt knowledge of the world. 

A concrete example is, again, the CLIP model. CLIP embeds both texts and images into a common 
embedding space. In its most prominent pre-trained manifestation – the one released by OpenAI in 2021 
– its embedding space embodies the interrelations between about 400 million text and image pairs in its 
training data. The similarity between two texts, between two images, or between an image and a text can 
thus be estimated by their relative positions in this space. To illustrate this with a trivial example: a 
“syntactic” compression of an image of a tomato would likely latch onto the abundance of the color red 
in the image. “Red” would be encoded with less bytes than other colors,5 as it has the greatest probability 
of appearing in the image. “Semantic” compression, on the other hand, assigns a fixed-sized vector to the 

 
4 https://rom1504.github.io/clip-retrieval/ 
5 This is the simplest form of lossless compression, called Huffman coding. 
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image that only becomes meaningful through its proximity to other vectors that also encode (different) 
images of tomatoes. The image is thus not only compressed much more efficiently (the vector space size 
of CLIP is 512, so each image is encoded with just 512 floating point numbers), it also becomes 
commensurable. This commensurability is simply a side effect in neural networks used for classification 
but in models like CLIP it is rendered into a powerful tool for image retrieval and many other downstream 
tasks. In the DALL·E 2 training pipeline, it is the CLIP model that brings together textual (“prompt”) and 
visual information. This “encoding” step is followed by a “decoding” step facilitated by a diffusion mode 
(GLIDE in the case of DALL·E 2) that has learned to reconstruct legible images from Gaussian noise, 
again “guided”6 by CLIP’s knowledge about text-image similarity. 

Obviously, semantic compression has limitations. Ted Chiang, in a 2023 New Yorker article (Chiang 
2023), famously compares the large language model ChatGPT to “a blurry JPEG of all the text on the 
Web”, implying, like so many other critics of artificial intelligence, that what we are dealing with is, 
essentially, nothing new. Information provided by ChatGPT – or so one could summarize Chiang’s 
critique – is “low quality” information that is, akin to Hito Steyerl’s concept of the “poor image” (Steyerl 
2009), only interesting because of its technical degradation, not despite of it. The general discursive 
obsession with ChatGPT’s “hallucinations” speaks a similar language of vaguely psychoanalytical 
dismissal: the knowledge space of the model is defined by a fundamental lack, a lack that can never be 
mitigated exactly because compression can only ever produce less, not more information. 

Counterintuitively, however, this only partially holds for semantic compression. Certainly, we cannot 
produce something out of nothing, and the Shannon-Nyquist theorem is valid7 no matter the scale of the 
dataset and no matter the complexity of the compressor. But at the same time, the feature space of 
contemporary image models is “filled”8 with what can only be described as “machinic” concepts: 
concepts that are resurrected from the ruins of their human equivalents. As Impett and Offert show (2023), 
recent multimodal models can very well deal with multiple meanings, other than generative models like 
DALL·E seem to suggest. Concepts in feature space, in other words, are almost always more complex 
than any singular artifact that can be generated from them: an invisual culture. 

4. Machinic concepts in invisual culture 

In their discussion of platforms and contemporary visual culture, Adrian Mackenzie and Anna Munster 
(2019) use the term “invisual” to describe the changing epistemic status of images in the age of intensified 
computationalism. Digital images, they argue, should increasingly be understood as ensembles of 
computational relationalities that encompass processes like data collection and formatting, as well as 
systems like platforms, software, and hardware. These “ensemble images” create new orders of seeing 
and perception that “exceed the limits of human visual imagining” (Mackenzie and Munster, 2019: 4). 
The concept of the invisual gestures to what vision becomes, what images become, when their primary 
operations are no longer tied to once familiar humanist regimes of aesthetics, indexicality, iconicity, and 
representation but rather exist as artifacts of operativity. They write: 
 

These contemporary image ensembles are not simply quantitatively beyond our imagining but 
qualitatively not of the order of representation. Their operativity cannot be seen by an observing 
‘subject’ but rather is enacted via observation events distributed throughout and across devices, 
hardware, human agents, and artificial networked architectures, such as deep learning networks… 

 
6 The exact technical process is more complex, see Ramesh et al. 2022, Radford et al. 2021. 
7 The Shannon-Nyquist sampling theorem (Shannon 1949) describes a hard limit for the amount of information that can be reconstructed from 
a compressed representation. See also Offert (2021). 
8 The idea of a feature space “filled” with images technically, of course, could not be further from the truth. There is nothing in a feature space 
because it is not a Euclidean space. Instead, the term only refers to the entirely artificial (and often only experimentally determined) 
mathematical boundaries that a compression algorithm must adhere to. “Embedding” images into a feature space requires additional 
algorithmic labor, as does “making” images, which also requires a whole additional algorithmic apparatus. 
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The visual itself as a paradigm for how to see and observe is being evacuated, and that space is 
now occupied by a different kind of perception. (Mackenzie and Munster 2019, 5 - 6) 

 
This new kind of perception, what they call “platform seeing,” is the byproduct of a visual culture that is 
reliant on platforms as intermediary agents. Acts of seeing digital images are not just matters of optical 
exposure or bodily experience but an event coordinated through the technical, economic, and political 
interests and affordances of these agents. This mode of perception is, paradoxically, defined by a certain 
imperceptibility. This is in part due to the economy of value that drives these actors and their engagement 
in forms of strategic opacity and trade secrecy in order to protect their own corporate interests. But it is 
also largely due to the impossibility of ever really knowing algorithms themselves, a pursuit that as Louise 
Amoore reminds us is only ever “partial, contingent, oblique, incomplete and ungrounded” (Amoore, 
2020: 19). These impossible acts of imperception are what structure the invisuality of contemporary 
visual culture. 

If we return to the example of DALL·E 2, we can observe this invisuality in action. DALL·E 2’s 
models do not rely on semiotic or representational meaning to produce output images. Instead, they rely 
on cultural techniques like semantic compression and feature extraction. For instance, when a model is 
presented with an image of a cat it doesn’t understand it as signifying a furry domestic creature that’s 
sometimes ginger but can also be tan, gray, blue or striped, or as a Broadway musical that was 
devastatingly adapted into a Hollywood feature film. The model only understands it as an input with a 
cluster of similar, numerically valued pixels, which are statistically correlated with the text letters C A T. 
These correlations are created by extracting the features of images and inferring them with the features 
of text. But exactly how these features are identified or what even counts as a feature can be very unclear, 
even to the developers who program these systems. So, while DALL·E 2 may be able to create images of 
cats that strongly align with our own understanding of what a cat is and should look like, it doesn’t do so 
with a coherent concept of a cat in mind; or rather, it doesn’t do so using human concepts of cats in mind. 
Instead, it constructs invisually and through its own internal methods a cat in the image of its own 
machinic concepts. 

A significant point we wish to impress here is that these machinic concepts are not more or less inferior, 
or more or less complex than their human equivalents. Our argument is not that computation and 
compression oversimplify or misinterpret human culture, as if culture is somehow separate or distinct 
from the technical means that produce it. Nor is it that there is a nostalgic pre-computational, pre-AI 
moment to which we should return. Rather, our point is that the forms of meaning-making produced 
through these techniques allow concepts to do different things, things that previous forms of meaning-
making did not do. By using terms like “invisual” and “machinic concepts”, our aim is to add to the ever-
growing array of conceptual terminology responding to the shifts and changes in visual culture in the 
context of machine ways of seeing (Azar, Cox, and Impett 2021). 

5. The durability of whiteness 
What happens when these invisual, and arguably inhuman, modes of production brush against all-too-
human concepts like race? (see also Phan and Wark, 2021) Rather than fixating on the problem of 
“solving” bias (of which there are already many efforts to do), we instead wish to focus on the durability 
of certain concepts even as they move through the machinations of invisual forms of image-making. In 
this case, the durability of whiteness. Despite the invisual abstraction of dataset images into features 
(supposedly value-free numerical relations), despite the encoding of concepts through processes of 
semantic compression, and despite the machinic forms of decoding created by opaque feature spaces, 
whiteness – as a structuring relation and as a tool for political erasure – continues to endure. Indeed, 
whiteness is so durable it can only be interrupted using blunt solutions like placing randomized, hidden 
keywords at the end of prompts. While much of the commentary on whiteness, bias, and generative 
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artificial intelligence has focused on the elimination of these phenomena as fixable problems of datasets 
(i.e. dataset critiques), our approach is to see them instead as an exemplary moment in which models (and 
not data) become the new problem space and site for cultural analysis, and which have significant bearing 
on how we come to know significant human cultural concepts, like race. 

So, what does this new problem space reveal to us about race and whiteness? As discussed above, the 
images that DALL·E 2 generates can be described as what Mackenzie and Munster (2019, 7) call 
“nonrepresentational.” They are not “of the order of the visual” (ibid.) and are not contingent on semiotic 
meaning or humanistic ideological frames. They are not, to borrow a phrase from Lorraine Daston (2015), 
“epistemic images” but invisual images. Yet as the example of racial bias demonstrates, the precise 
problem with the images produced by DALL·E 2 is not that they are nonrepresentational, but rather that 
they are far too representational, relentlessly showing us the whiteness we wish we didn’t have to see. 

Implicit within all claims of racial bias is the assumption that there has been some kind of 
representational failure. That there are too many or too few racialized bodies in this or that category and 
that this failure extends or compounds histories of racialized misrepresentation or erasure. It is an 
expression of disappointment that a reality that should be represented has failed to be represented. From 
the perspective of dataset critique, the tendency has been to view this failure as a problem of lack (of, for 
example, diverse faces) that then manifests as a lack of imagination in models. If only we could fulfill 
the promise of “completeness” then our foundation models would no longer be lacking, and as a 
consequence, neither would our representational imagination. But instead of viewing bias through this 
prism of lack, what if we instead turn our orientation to the re-making of what is present: whiteness as a 
machinic concept. 

In the case of DALL·E 2, the representational failure was not a question of bias (of statistical error or 
lack) but instead one of accuracy: the devastating reproduction of a whiteness that haunts Western visual 
culture. This is a criticism that has been leveled against cultural institutions like museums and galleries, 
institutions that have traditionally collected and assigned value to images, and to emerging custodians of 
new image archives, like Google images, Flickr, Wikipedia, and stock image websites whose datasets are 
used to train models like CLIP and subsequently DALL·E 2. While it is clear that whiteness, rather than 
bias, is the problem of foundation models, whiteness – as the “standard by which certain ‘differences’ are 
measured, centered and normalized” and the principle that structures hierarchies of racial domination 
(Moreton-Robinson 2020) –  is rarely named in system cards like those used to explain the risks and 
limitations of the DALL·E 2 model (OpenAI 2022a). 

Bias, as it turns out, is the word that is used when whiteness is too uncomfortable to say. But DALL·E 
2 is not attuned to account for people’s discomfort – an embodied feeling (a feeling that requires a body) 
that is generally expressed through silence, absence, and avoiding or moving away from the topic (see 
Ahmed 2012). It has no human inhibitions and so has no problem with naming and representing the 
whiteness that DALL·E 2 data scientists so desperately wish to avoid. What is fascinating here is that 
despite all efforts to keep whiteness unnamed, whiteness when resurrected as a machinic concept 
somehow returns in force and in ways that, ironically, helps us to see the problem of the human as a 
category. It helps us see (via invisual methods) that whiteness still haunts the category of human as a 
consistent latent feature. As outlined above, a literal unmarked sign is used as a method to address 
whiteness as a default category. This technique is arguably an effective way of troubling the unmarked 
category of the human; a byproduct that happens to align with the anti-racist threads of Black, feminist, 
and critical approaches to posthumanism scholarship (see for e.g. Fanon 2008; Hayles 1999; Haraway 
1997, 2004; Jackson, 2020; Weheliye, 2014). At the same time, OpenAI’s ‘solution’ to the same problem, 
which coincides with the commercialization of DALL·E 2, is arguably a mode of anti-racism that is 
primarily self-serving and which operates to conceal rather than confront racial injustice. It is a mode of 
anti-racism that operates in line with what Sara Ahmed (2012) describes as liberal multiculturalism’s 
management of difference. One that bolsters ideals like “diversity” and “inclusion” as a means to enable 
business as usual rather than any social justice aims. 
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Nothing demonstrates this as vividly as the most recent (early 2024) example of prompt transformation 
gone awry. In Google’s family of Gemini multimodal models, which, at least at the time of their release, 
were less restricted on the prompt level than comparable models, the technique facilitated the creation of 
“racially diverse Nazis” (Robertson 2024), among other wildly historically inaccurate concoctions. These 
images – which we do not reproduce here to not give them further exposure – show exactly what it means 
to understand racial equity as an inverse censorship problem: it means erasing those historical injustices 
that have produced the problem being “fixed” in the first place. What has often been cited as an 
“overcorrection” is actually an “undercorrection”: the prompt-transformed world, ironically, is a world 
in which prompt transformation is not necessary. 

6. Discussion: Complicity and critique 

Our broader claim, then, is that current-generation machine learning models require current-generation 
modes of (humanist) critique. It simply does not suffice anymore to point out a lack – of data, of 
representation, of subjectivity – in machine learning systems when these systems are designed and 
understood to be complete representations of reality. It is not enough anymore to simply show the 
whiteness we wish we did not have to see, something that popular accounts of artificial intelligence tend 
to do compulsively, as if one could not imagine a predominantly white and male group of doctors, 
engineers, or architects. Instead, we have to identify the different technical modes of whiteness at play, 
and understand the reconceptualization and resurrection of whiteness as a machinic concept. Feature 
space, in other words, needs to be understood as a political space. Here, we are following Louise 
Amoore’s argument that for computer science all space is a potential feature space which, in turn, is 
always also a political space because it “can settle on what is important” (Amoore 2021, 4). We are 
witnessing, as she writes elsewhere “a transformation from algorithmic rules conceived to tame a 
turbulent, divided, and capricious world, to the productive generation of turbulence and division from 
which algorithmic functions are derived” (Amoore 2022, 3). In short, social fracturing is the effect of 
“political problems becoming reconfigured as machine learning problems” (Amoore 2022, 3). 

At the same time, we have a less-than-steady grasp on feature space. One basic example is the 
insufficiency of visualizations, for instance cluster visualizations like those provided by PixPlot (for 
images) or Google’s Embedding Projector (for text). As Peter Galison (2002) has argued, we have always 
needed images to make sense of the world. At the same time, the simple presence of images often 
obfuscates their inadequacy as vehicles of representation. We should not rely on them too much or hope 
they will speak the truth. Without images, however, we “cannot proceed further towards abstraction,” 
(ibid.) simply because we cannot think in purely symbolic operations. Problematically, high-dimensional 
vector spaces are geometrically counter-intuitive spaces. Not only is it impossible to imagine a vector in 
512 dimensions, high dimensional vector spaces have counter-intuitive properties as well: this is what is 
known as the “curse of dimensionality”. “Under certain broad conditions […], as dimensionality 
increases, the distance to the nearest neighbor approaches the distance to the farthest neighbor” (Beyer et 
al. 1999). In other words: in latent space, distances between data points tend to become illegible. They 
lose, or at least significantly change their meaning and thus become inaccessible to intuition. Accordingly, 
a mapping-back from latent space to Euclidean space (for instance via T-SNE, U-MAP, or simple PCA) 
can again only be “lossy”, both mathematically and epistemically. The ridiculousness of 
recommendations produced by state-of-the-art industry recommender systems (for instance, buying a 
highly specific item, e.g. a drill press, only to be recommended to buy another drill press the next day) is 
a direct consequence of this limitation. In general, semantic compression has been understood as “lossy” 
and thus as deficient. 

The takeaway, then, is neither “CS needs to have ethics” nor “humanists need to learn to code” but 
rather finding new experimental methodologies to interrogate feature space: this includes better theory 
(such as in Munster and MacKenzie), but also a closer look at the epistemic affordances of those 
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techniques that the technical disciplines have to offer, in particular fields like interpretable machine 
learning (see Offert and Bell 2021) and representation learning. We have to re-evaluate the situatedness 
of humanist critique, and more specifically, the implicit complicity of humanist critique with the 
completeness paradigm. To summon Latour again: “[A] certain form of critical spirit has sent us down 
the wrong path, encouraging us to fight the wrong enemies and, worst of all, to be considered as friends 
by the wrong sort of allies because of a little mistake in the definition of its main target.” (Latour 2004) 
More often than not, dataset critique also implies “delivering”, or at least listing and suggesting for 
inclusion those “diverse” images that are missing from mainstream datasets. 

Dataset critique, somewhat polemically speaking, can thus actually reinforce the ideological leap from 
“good enough” to “complete” dictated by computer science. And we are stuck with this complicity, too 
– because what else is there to do, without proper access, resources, and training? The current shift 
towards foundation models, then, at the very least presents an opportunity to reflect on what is next, even 
if it is just a “new and better” kind of complicity. 
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Abstract 
Introduced in 2016 as a watershed moment in AI development, the announcement 
of AlphaGo – the first AI system to beat a human professional in the board game of 
go – garnered a range of mass publicity, and this media coverage often forms the 
core of scholarly analysis, too. Drawing on a novel dataset of online discussions by 
professional and amateur players from 2016-2020 which covers the introduction 
and retirement of AlphaGo, as well as the construction of alternative systems, I 
outline a new perspective of the impact of the system on the playing community. 
Moving beyond recognition of audience-centric responses of 
enchantment/disenchantment by these players, I articulate a process of engagement 
through which meaning-making and reconstruction occurred within the go 
community. These findings emphasize the importance of including multiple 
perspectives in analysis and draws attention to the influence of impacted 
constituencies in AI construction. 

Keywords: algorithms, public engagement, resistance, science and technology studies (STS), politics of 
technology 

 

1. Introduction 
While the klaxon of AI hype sounds most loudly for systems like ChatGPT and DALL-E today, eight 
years ago, similar claims for general purpose AI emerged around the announcement of the go-playing AI 
system AlphaGo, developed by the organization Google DeepMind. Long held as a “grand challenge” of 
AI and often analogized as the “holy grail” of the field, the success of a system that could beat a human 
professional in the board game of go occurred a decade earlier than expected (Silver et al., 2016).  

At the time, news media reliance on corporate publications to make sense of this announcement put 
forward a dominating narrative of superhuman capacity, a narrative which empirical works since then 
have continued to center by analyzing media and corporate representations while overlooking local and 
responsive engagements by players within the go community (Bory, 2019; Curran et al., 2020; Oh et al., 
2017; Sormani, 2023). Even assessments which challenge claims about AlphaGo’s machine learning 
technique, or illustrate elements of enchantment (claims of superhuman, general AI) and disenchantment 
(claims of machinic, narrow AI) reinforce the public presentation of AlphaGo by leaving corporate-
produced silences around the go community’s engagement with the system untouched (Binder, 2022; 
Broussard, 2019; Campolo & Crawford, 2020). In this way, the current scholarly discourse of AlphaGo 
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places the impacted constituency of go players in a position shared by the “users” conceived of in critical 
data and algorithm studies: “Whereas this critical body of scholarship has defined algorithms as objects 
to fear, a pressing question is still the extent to which everyday media users are only subjects and victims 
of algorithmic power. Are they so powerless against the workings of algorithms?” (Velkova & Kaun, 
2019, p. 526). In other words, “The game is not over yet,” as now, “The next task for the Go community 
is to find new narratives for winning plans informed by the output of deep learning AIs, no matter whether 
these plans are present in the AIs or not” (Egri-Nagy & Törmänen, 2020, p. 15). While existing studies 
make it seem as though passive, audience-based reactions are the only possible responses to AlphaGo 
(and AI broadly), studying the discursive practices of players here shows alternative processes of 
engagement too.   

Moving from a critical position which recognizes the agency of impacted constituencies when facing 
an overwhelming force, I draw on empirical materials from a larger project which includes peer-reviewed 
publications and public blog posts from the development company DeepMind, monthly newsletters from 
the American Go Association, and over 800 posts from the online community forum r/baduk from 2016-
2020 to illustrate the engagement processes which go players developed after the announcement and 
various iterations of AlphaGo. Borrowing the conceptual language of Pfaffenberger’s (1992) 
Technological Dramas, I understand engagement as both “technological adjustment:” the myth-, context-
, and artifact-altering practices players use in accommodating the AlphaGo system; as well as “technical 
reconstitution:” the conscious attempts to change the system, or in the case examined here, create an 
alternative system (which I term reconstruction). This empirical analysis adds a novel interpretation of 
the system, and identifies a wider repertoire of responses to AlphaGo than is currently present in the 
literature, while the focus on engagement will be of interest to wider audiences in critical data/algorithm 
studies and social studies of AI broadly. Overall, this work emphasizes the importance of a processual 
lens in assessing discourse around AI systems over a long timeframe, and the need to include multiple 
perspectives grappling with or making claims for what the impact of an AI system is, will, or should be.  

The next sections explore possibilities of engagement and resistance with technology before 
introducing various dramaturgical perspectives which have been employed to understand AlphaGo itself. 
I then analyze the case of AlphaGo and the reconstruction of an alternative system – LeelaZero – through 
my empirical materials and the conceptual lens of a “technological drama,” with a focus on players 
themselves. Working through the introduction, responses, and challenges to this system, the conclusion 
reflects on the importance of studying engagement and how it reasserts an important kind of agency: 
employing an asset-based understanding of impacted constituencies, and including more than system 
owner and developer perspectives when studying, changing, or challenging AI systems.  

2. Beyond an audience: Engaging with AI 

While both the sociology of technology literature and contemporary studies of AI emphasize 
“developers” or “users” in most instances of changing or challenging technology, here I instead employ 
the notion of impacted constituencies. Evoking an impacted constituency emphasizes two dimensions: 
that access to the AlphaGo system in particular, and other AI systems generally, is usually out of the 
reach of most, meaning they do not have an actual opportunity to use the system-as-such; and secondly, 
even without using these systems, these social groups are still impacted by the developments themselves. 
Initially conceived as “the people who lose when a new production process or artifact is introduced” 
(Pfaffenberger, 1992, p. 286), impacted constituencies is broadened here to include all those who feel the 
effects of a new AI system, without direct avenues of redress available, in contrast to users, developers, 
and system owners who all express differing agencies and opportunities for interaction (Kline & Pinch, 
1996; Pinch & Bijker, 1984). As an analytic category, the import of impacted constituency is that it 
captures the position in which many of us find ourselves in relation to AI systems in society broadly: not 
using them, but certainly impacted by them (e.g. Calo & Citron, 2021). An impacted constituency is not 
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like a public-in-general, that is, it is not an imagined evocation of a grouping ‘out there’ made by 
developers or others (Marris, 2015; Oudshoorn et al., 2004), but refers to a public-in-particular (Michael, 
2009), namely a group or groupings that are affected (impacted) by the system under consideration, while 
still being unable to access it for their own uses. Instead of capturing this relationship to the technology 
as “bystanders” which resembles a more passive role (Humphreys, 2005), this categorization also taps 
into the literature on public engagement with science and technology which has shown the various ways 
in which groups excluded from technical decisions are able to have their knowledge validated as 
legitimate and gain a voice in developments which impact them (Feinstein, 2011).  

In general, publics are separated from those who produce science and technology developments by an 
“expertise barrier,” which blocks those who lack specialized, technical knowledge from full participation 
(Parthasarathy, 2010). This, however, should not be taken to mean that impacted constituencies do not 
have their own legitimate expertise and knowledge, merely that it tends to be devalued as it is non-
technical. As this literature has importantly shown, members of the public are still able to break past this 
barrier and their knowledge contributions can reshape how science or technology is practiced. Broadly 
this happens in two ways: when members of the public show that their own experiences provide a certain 
kind of expertise which makes them “lay-experts” in the domain of concern (Epstein, 1995), or when 
technical experts attempt to over-extend their specialist knowledge into another domain in which the 
public can show greater expertise (Wynne, 1992). Importantly, while these localized knowledges are 
eventually realized as legitimate, it often occurs after sustained periods of activism and engagement by 
impacted constituencies and the enrollment of others to support their cause (Brown, 1992). In the case of 
AI systems generally, a lack of technical expertise (i.e. being unable to code or understand the concepts 
of machine learning) is often held up as a key barrier, which also means that attempts to remedy this gap 
come in the form of having those who design these systems include a variety of standpoints in their 
developments or to build some kind of algorithmic literacy (e.g. Costanza-Chock, 2020; D’Ignazio & 
Klein, 2020). While these are laudable goals, they also elevate design as the sole solution, once again 
relegating those without technical knowledge to a passive position (Benjamin, 2019). What a focus on 
engagement here will show is how even impacted constituencies without technical knowledge can still 
meaningfully engage, question, and help realize alternative AI systems. 

In the ways in which engagement involves impacted constituencies challenging barriers to participation 
and the meanings foisted upon them, these practices of redress can also be understood as kinds of 
resistance (Pfaffenberger, 1992). Studying how go players respond to the AlphaGo system by reshaping 
the corporately-constructed meanings of the system that was produced by the developers and their media 
coverage reveals practices of both engagement and resistance. Within the discursive spaces of monthly 
newsletters and a global (though predominantly North American) online forum, the interaction and 
aggregation of players comments results in a series of “activist publics” which challenges the developer’s 
actions and public narrative with counter-narratives and alternative meaning-making processes 
(Minocher, 2018). Identifying counter-narrativizing as one form of resistance and understanding 
engagement by those without formalized expertise as possible illustrates a new repertoire of practices that 
can be studied and expressed, challenging our own imaginaries of what is possible in response to the 
increasing digitalization and controlling of our social worlds (Benjamin, 2016). But, before exploring 
these potentials, we must first understand how players and the public-at-large is placed into a passive 
position, both socially and in academic studies of AlphaGo. 

3. The drama of board game AI 

Beyond associations of intelligence which valorize board games and a computer’s ability to play them, 
we must also account for the media events that surround these kinds of matchups (Dayan & Katz, 1994). 
It is within these sets of arrangements - cultural connotations of intelligence and media production - that 
AI systems often attain their special status and impacted constituencies are placed into a passive audience 
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or bystander position. Without the enrollment of media support and publicization, such outcomes are not 
guaranteed. For example, Garry Kasparov vs. the chess-playing system DeepBlue version two (for 
Kasparov won the first matchup in 1996) often stands out as a success of AI development, even though 
we now recognize it not as general artificial intelligence, but a kind of narrow spectacular intelligence. 
As Hamilton writes in her analysis of the media event surrounding Kasparov vs. DeepBlue II,  

Spectacular intelligence is an ends rather than a means, awarded for successful performance rather than essential identity 
[…] Spectacular intelligence is, rather, the discursive construction of something or someone as an intelligent agent as a 
result of a publicly endorsed performance of intellect (2000, p. 346, italics added). 

It is not enough for a computer to beat a human opponent in the game of chess. The meaning of that 
matchup itself must denote the winner as a kind of “intelligent agent” which is then validated by those 
witnessing the event who are placed into the role of bystander audience or separated spectators. As 
Hamilton notes, the role of the media event comes to the fore here, as these are performances which are 
carefully constructed in cooperation between organizers and various broadcast/mass media, all working 
to produce the “event-ness” of an event - breaking through everyday life, perceptibly interrupting 
routines, and producing a particular public profile - while also shaping the cultural meaning of the event 
by providing a script through which interpretations are made. In this way, “A public event has a table of 
contents that we [the public] must memorize, it relies on a cultural repertoire with which we must become 
acquainted. Spectators are helped to prepare themselves for the ceremony” through narrators, event 
introductions, itinerary descriptions, a rehearsal of highlights, and participant profiles (Dayan & Katz, 
1994, p. 109). Without over-determining this influence, the meaning of the event comes about from the 
particular narrative framing which the media co-produce, while also widening the public endorsement of 
intelligence beyond one opponent to a global audience. 

Alongside this building up of public attention and acclaim, it is also necessary to reduce the possibility 
that “spectators” might take on an alternative interpretation and decry the investment of resources and 
use of the newest computing technology of the time for mere gameplay. In order to address this concern, 
“This risk of trivialization is contained in the public presentation of chess machines by the careful 
promotion of chess-playing as a means to other ends” (Hamilton, 2000, p. 343). So, it becomes important 
not only that success in a board game signals some kind of spectacular intelligence, but also what this 
feat foretells or portends for other future applications and AI developments. With the case of DeepBlue 
II, IBM handled this dynamic by emphasizing the many other reapplications and possibilities of the 
system, notably touting developing pharmaceuticals, identifying DNA, managing nuclear arsenals, and a 
wide array of “more significant” (though undisclosed) activities as spaces of re-application for their chess 
system (Guly, 1998). These are similar to the domains that DeepMind would tout decades later in their 
own discussion of AlphaGo (e.g. protein folding and “drug discovery”).  

3.1 The dramas of go AI 

It is these tendencies of spectacle around board game AI which seem to strongly influence scholarly 
responses to AlphaGo, too. Brief engagements by Broussard, Campolo & Crawford, Moss & Schüür, for 
example, all oppose the fantastical claims DeepMind makes about its technique, claiming it is the hyping 
up of “mathematical achievement” and computing developments (Broussard, 2019, p. 36), that it extends 
a form of “enchanted determinism” which obscures these dimensions (Campolo & Crawford, 2020, p. 8), 
and that it reinforces a myth that needs to be debunked (Moss & Schüür, 2018, p. 266). Bory begins to 
go further in his analysis of “The shifting narratives of artificial intelligence from DeepBlue to AlphaGo” 
(2019). Drawing clear dividing lines between the two systems and companies, Bory argues that Kasparov 
vs. DeepBlue II was a “conflictual and competitive form of struggle between human kind and a hardware-
based, obscure, and humanlike player,” while a matchup against AlphaGo “conveyed a cooperative and 
fruitful interaction with a new software-based, transparent, and unhuman-like form of AI” (italics 
original, p. 627). These convenient binaries of hardware/software, obscure/transparent, and 
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humanlike/unhumanlike certainly appear at the surface-level comparison of both media events, but we 
should not take this to mean that AlphaGo itself is only or best understood as having these qualities. Much 
of the media coverage and public discourse around the event still evoked the competitive theme of 
(hu)man vs. machine regardless of what Bory notes (Curran et al., 2020; Oh et al., 2017), and especially 
when AlphaGo does still rely heavily on hardware, is obscured and locked away from the go community 
and public, and is recognized as exhibiting both human and non-human-like qualities, seeking to compare 
only against DeepBlue can lead to unproductive paths. As already indicated, there are also many 
continuities between these two systems and their media events, rather than simple oppositions.  

More recent and detailed engagements by Sormani (2023) and Binder (2021, 2022) with AlphaGo 
similarly recognize issues with Bory’s comparative approach, and stand out for at least a partial inclusion 
of perspectives from the go community itself. Drawing on Ziewitz’s (2016) “algorithmic drama,” 
Sormani employs a stepwise ethnomethodological approach to detail how one particular and well-known 
move in one particular game of AlphaGo (Move #37 in the second game of Lee Sedol vs. AlphaGo) 
attains its scenic intelligibility, that is, how human/machine interfacing made possible an “event that 
subsequent media coverage would interpret as a telltale sign of AlphaGo’s ‘superhuman intelligence’” 
(2023, p. 687). This fulfills the algorithmic drama by first making the AI system seem all-powerful, before 
sealing its character as inscrutable and opaque (Ziewitz, 2016). Including the professional and amateur 
English commentators of this game in analysis, Sormani provides a rich and in-depth examination of 
AlphaGo in a particular scene. While this importantly reveals details overlooked by other scholars (a 
significant one being other studies misrepresent when the human opponent would step out for a smoke 
break – before move 37, not after, which impacts interpretation of the event), such a methodology remains 
unsuitable for exploring how go players as a wider community and impacted constituency engage with 
the AlphaGo system over time.  

In his own work, Binder (2022) focuses attention on establishing how the AlphaGo narratives attain 
both enchantment/disenchantment (cf. Campolo & Crawford, 2020), and elsewhere writes of the “social 
drama” of AlphaGo as a way to question the qualities of thinking the system may represent and what this 
means for the fluidity of boundaries in how we understand intelligence, creativity, and humanity (2021). 
But, first concerned more on media representation and professional go player perspectives, he overlooks 
lay players and their experiences grappling with AlphaGo, while in the second case his abstractions step 
further away from the playing community itself. However, his work also points in a direction which this 
article extends – namely, the role of ‘local’ knowledge producers (go players) in the meaning-making 
process of AlphaGo. As Bory and co-authors later note elsewhere, the role corporations play in crafting 
“mono-dimensional” narratives can “Result in disregarding other relevant trajectories in media change,” 
something that can only be challenged or redefined through “a different narrative, based on a 
multidimensional perspective” (Natale et al., 2019, p. 12). While this call is made in order for critical 
media and communication scholars to challenge the positioning of corporate actors broadly, I take up this 
same approach in questioning the AlphaGo system in particular, seeking out what alternative narratives, 
understandings, and indeed even systems, emerge when we engage a multidimensional perspective that 
goes beyond only a corporate, developer lens.  

Recognizing the dramatic elements of this case but wanting to go further, I draw on a third perspective, 
offered by Bryan Pfaffenberger’s (1992) Technological Dramas, which directs explicit attention to both 
the politics of technology, and the agency of groups impacted by the introduction of the technology itself. 
While Sormani’s use of the “algorithmic drama” explains the construction of AlphaGo as superhuman 
and Binder’s use of the “social drama” draws attention to the constitution of cultural boundaries, I use 
the “technological drama” here to emphasize the engagement of go players in relation to AlphaGo and its 
various iterations. In doing so, I aim at a different contribution than these earlier authors as well. I am not 
seeking to provide a “metanarrative” of AlphaGo (Binder, 2022, p.1), nor am I attempting to craft an 
argument that “a fortiori applies to narrative interpretations” (Sormani, 2023, p.703). Rather, between the 
breadth provided by Binder’s overview, and the depth of Sormani’s explication, I am adding texture to 
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this case by illustrating two significant ways in which the impacted constituency of go players engaged 
with the AlphaGo system during its introduction and ongoing successes (Flyvbjerg, 2006). This as-yet 
discussed element of the case highlights a more nuanced understanding of the system by players than we 
can glean from existing studies, while the findings and analysis of engagement and resistance by this 
particular impacted constituency generalizes to contemporary development of AI across domains.   

4. The technological drama of AlphaGo 
Through an ideal-typical model, Pfaffenberger (1992) introduces Technological Dramas as a means to 
examine the politics of technology through three processes: technological regularization, technological 
adjustment, and technological reconstitution. The first occurs when a “design constituency” produces or 
interacts with technology in a way which alters “the allocation of power, prestige, or wealth in a social 
formation. The technological processes or objects that embody these aims are cloaked in myths of unusual 
power” (p.285): myths, which in the case of AlphaGo, existing studies have challenged, dissected, and 
explained (Binder, 2022; Bory, 2019; Campolo & Crawford, 2020; Sormani, 2023).   

The two remaining processes which I examine here as forms of engagement occur when impacted 
constituencies “engage in strategies that try to compensate for the loss of self-esteem, social prestige, and 
social power that the technology has caused” (Pfaffenberger, 1992, p. 286). This can occur through 
“technological adjustment:” controlling and altering the discourse, and/or “technological reconstitution:” 
trying to reverse implications of the technology. Both of these engagement processes can recursively feed 
back into further technological regularization by the design constituency. Overall, the technological 
drama functions as a way to study this recursive technical politics, characterizing technology as a 
“systemic formation constituted by discourses embedded in social, political, historical, and material 
relations” (Selber, 2004, p. 174). While Selber provides a fuller inventory of Pfaffenberger’s framework 
to establish it as a critical meta-discourse heuristic, for my purposes in this paper, I focus on technological 
adjustment and technological reconstitution. In what follows, I briefly introduce the context of analysis 
before further detailing these engagement processes and illustrating their presence in the meaning-making 
and reconstruction processes of players engaging with AlphaGo.  

4.1 Materials, method, and context 

The empirical material for the following analysis draws from a larger project which includes peer-
reviewed publications and public blog posts from the development company DeepMind, monthly 
newsletters from the American Go Association (AGA), and 837 posts from the online community forum 
r/baduk which include mentions of “AlphaGo” in the title. An abductive approach was employed (Tavory 
& Timmermans, 2014), moving from the open and axial coding stages of grounded theory and forms of 
situational analysis towards humanistic interpretation as analysis iterated (Biernacki, 2014; Clarke & 
Charmaz, 2019). Collecting these sources and placing them in conversation with one another reveals a 
range of meaning and reality-making around the AlphaGo system from actors which represent the 
different categories of system owners, developers, users, and impacted constituency. While news media 
representations have figured largely in existing analyses of AlphaGo (Curran et al., 2020; Oh et al., 2017), 
and have also been combined with game analyses (Binder, 2022; Bory, 2019), this is the first study to 
combine discussions from go players both from a real-time online setting and the circulation of the AGA 
e-journal in assessing the arrival and impact of AlphaGo. 

Following a monthly circulation, AGA “E-Journals” represent a community sharing space where 
members of the AGA update and unite the larger US Go community (and other subscribers or visitors to 
their online pages) on the state of play in the field and other notable occurrences. For my purposes, I 
began looking at issues in October 2015 when the first human was invited to play against AlphaGo, under 
a signed non-disclosure agreement at DeepMind headquarters. The first mention of AlphaGo begins with 
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the January 2016 issue, and I looked at each monthly issue from that point until the time of search. 
Overall, the monthly journal acts as a collection space for both the concerns and hopes that may be pinned 
upon AlphaGo and other AI variants, and as the subsequent years show, it highlights the ongoing analyses 
that come from the games that were released by DeepMind. More globally, the online community r/baduk 
represents a communal social space for many players of go across the world, with over 42,000 subscribers 
at the time of writing (including active and inactive members). Predominantly a US-based and English-
speaking website, this particular online community (subreddit) r/baduk also includes posts linking to 
Chinese, Korean, and Japanese language sources with translations attached or requested. This particular 
inclusion of East Asian sources is reflective of the game’s roots which trace back over millennia to China, 
and also reflects the predominance of professional players and leagues in the aforementioned countries 
too. When translated by members of the community, these sources are included as well. News sources 
posted by members of this community are included in analysis as well but are not sought out individually. 

While approaches to having computers play go began in 1968, the following decades saw little 
improvement in the systems being constructed. The asymptotic growth of computer go programs was not 
merely limited by computing capacity, but also by the search and evaluation algorithms employed by 
these systems. Social choices and technical factors beyond each game’s complexity were involved in this 
progression – namely the proximity of chess (vs. the distance of go) to Western AI developers as a well-
known and intellectual game which narrowed their attention to only one kind of problem-solving, and the 
politics which marginalized a technical method (neural networks) with its associated data and hardware 
needs that would eventually be used in the construction of AlphaGo (Ensmenger, 2011; Olazaran, 1996). 
All to say, while go-playing computers did exist before AlphaGo, there was a clear delineation between 
top-ranking professional players (who often begin training in academies as young children) and the top-
rated computer programs. While tournaments existed for various go programs to compete against one 
another, the limited capacity of these systems meant there was little perceived threat to in-person play 
with their presence, and common advice to beginner players was to play against humans rather than 
computers, lest one pick up bad habits and improper tactics. Given these features, the surprise arrival of 
AlphaGo in 2016 led to a series of engagements and resistance that sought to make sense of the system 
and its implications for the gameplaying community as a whole. 

5. Technological adjustment to AlphaGo 
Technological adjustment refers to the myth-, context-, and artifact-altering practices impacted 
constituencies engage in to accommodate the technology: “They try to control and alter the discourse that 
affects them so invidiously, and they try to alter the discursively regulated social contexts that 
regularization creates” (Pfaffenberger, 1992, p. 286). This can occur through countersignification where 
a more favorable frame of meaning in which self-esteem does not suffer is substituted, through 
counterappropriation where those deemed unsuited to the technology gain access anyways¸ and with 
counterdelegation, where impacted constituencies try to subvert the coercive functions of technological 
regularization. After the initial introduction of AlphaGo, the go community begins engaging in 
countersignification as they grapple with the purported qualities and impact of the system.  

AlphaGo was first publicly announced on January 27, 2016, when the scientific journal Nature 
published an article entitled “Mastering the game of Go with deep neural networks and tree search.” This 
article outlined the production of the AlphaGo system which beat European go champion Fan Hui in five 
private matches during October 2015. With an emphasis on the technique developed, the authors show 
evidence of their breakthrough development by reference to this defeat, claiming for the first time, the 
victory of a computer program over a professional human go player with no handicap (Silver et al., 2016). 
While the publication focuses on the technical dimensions of the system, editorial members of the journal 
enact their own kind of sensemaking in telling readers what AlphaGo represents, and what it foretells for 
our relationship to AI systems in the future. 
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Making their interpretation of the significance of this development explicit in a blog post published the 
same day as the article, Nature writes that a “Google AI algorithm masters ancient game of Go” (Gibney, 
2016). Unlike human players who must play many matches in professional settings to attain a denotative 
level of mastery, the standards are clearly different here, as success against one human professional is 
presumed enough to “master” the game. In another editorial entitled “Digital Intuition” which was 
published the same day, the Nature team writes that “In what could prove to be a landmark moment for 
artificial intelligence, scientists announce this week that they have created an intuitive computer” (2016). 
Reflecting on the technique deployed to beat a go professional, they argue that AlphaGo employs 
“intuition” or “decision-making based on apparently instinctual responses; thinking without thinking.” In 
practice this also means that “a human can hardly check its [AlphaGo’s] working, or verify its decisions 
before they are followed through.” They recognize this will have an impact “for humans and their 
relationships with machines,” but rather than raising concerns about this inscrutability, the conclusion 
they draw is to bestow a special status to this and other kinds of future “intuitive” computers: “The 
machine becomes an oracle; its pronouncements have to be believed […] Intuitive machines will need 
more than trust: they will demand faith.” 

In this way, Nature places AlphaGo outside the realm of humans, as both beyond comprehension and 
as above, producing judgment or insight from its privileged position which remains inaccessible to 
humankind. It is a significant claim to be made by the spokespeople for a prestigious journal such as 
Nature, and even though it is an editorial, the prophetic language and overall tenor of the article – 
valorizing without questioning or demanding forms of explainability – all helps to shape the image that 
is emerging of AlphaGo and the development organization DeepMind. In Nature’s presentation, AlphaGo 
becomes a powerful agent characterized by “deep neural networks” but with few other features. 
Overlooked remains the hardware, other software, and tens of millions of human gameplay moves the 
system is composed of. Instead, AlphaGo as oracle becomes a demand for faith rather than an opportunity 
for deeper interrogation. The relationship Nature puts forward between humans and machines is one of 
inaccessibility and inequality – imposing clear, separative dividing lines where the one option that 
remains for humans is faith without understanding.  

The response from go players appears more firmly tempered. For the go community, without 
underplaying the announcement of AlphaGo, there is a generally shared sense across the British Go 
Association and American Go Association (AGA) journals, as well online r/baduk discussions of the time 
that Fan Hui is not the opponent who matters. Looking ahead to what would become the major global 
media event of AlphaGo, success against the renowned go champion Lee Sedol (who DeepMind and 
news media will often analogize as the Roger Federer of the go world due to his dominance) is seen as 
far from guaranteed, with professional and amateur players both expressing their skepticism of AlphaGo’s 
chances. While claims of spectacular intelligence have already emerged and been co-produced between 
DeepMind and Nature, one unpublicized match is not enough to prove AlphaGo’s mettle or “mastery” of 
the game for many in this community. With their emphasis more squarely on proving spectacular 
intelligence and what applications of AlphaGo means for other fields, DeepMind and Nature draw 
attention around the AlphaGo system away from the game itself. What is relatively overlooked is, as one 
user on r/baduk asks, “What can AlphaGo do for the game?” They raise a series of questions in their 
preamble, noting that “The potential benefits of AI are huge, but what is the potential for Go? Will 
AlphaGo, or another program, be able to answer some basic questions about go? […] Will programs be 
able to ‘explain’ why a certain move is better other than giving win percentages?” 

The thread garners a series of responses, with the “top” (most upvoted) comment detailing three 
primary domains AlphaGo or a similar AI system could help with: analyzing yose (usually endgame 
moves which approach fairly stable territory to extend one’s position while minimizing the opponent’s), 
creating life and death problems (which are used to develop player ability to “read” a board situation and 
choose appropriate responses), and helping amateurs self-analyze games (by identifying what would be 
the recommended moves to play from an input board position). Crucially, in response to another set of 
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the original poster’s questions regarding the possibility of calculating absolute values for opening moves 
or one move in particular (tengen, the center star point), respondents are unequivocal in their belief that 
any AI system would be unable to achieve such outcomes because “That would require solving Go, which 
is beyond the scope of AlphaGo. It might help us get a closer approximation, but that would presumably 
also be based on win percentages” (italics original). As another respondent puts it,  

it's very unlikely it’ll “solve” the game in a true [absolutely deterministic] sense. so even if it manages to become better 
than any human player, we still won't know if alphago's play is The Best Way To Play Go. it'll just be the best one we 
have available-- a role that is currently filled by the collective wisdom and experience of today's top professionals.  

While there is a recognition that AlphaGo or any other AI system will not become an ultimate arbiter 
of go truths, it is also acknowledged that there are dimensions of the game which can be meaningfully 
changed or analyzed by such advanced computer programs. Much of this centers around players being 
able to use AlphaGo as a tool for their own training – to improve their ability to read patterns and 
determine moves, or to reconstruct the system’s logic in order to determine why certain stone placements 
have higher win percentages than others. This suggests a more equitable relationship with the AlphaGo 
system – the system has defined limits, and also still has abilities that can be taken advantage of by other 
human players – not just as facts delivered from on high, but as a tool to extend each player’s own skillset 
and practice.  

There is also the suggestion of a displacement of expertise, with AlphaGo and similar AI possibly 
taking over a role currently represented by “the collective wisdom and experience of today’s top 
professionals.” A similar point comes up when, as part of a collective sense-making, the AGA interviews 
chess grandmasters about their experience with computer dominance in their gameplaying field. Noting 
that “players should not be afraid of the new age, but that things will be different,” it is suggested that the 
role and form of game expertise will likely change. In the case of chess “Since strong computers can 
provide weak and middling players with solid and accurate analysis, the role of the chess master is 
different than it was;” with another grandmaster sharing that, before computer dominance “he might have 
seven or eight fellow players with him helping him prepare for the games. He doesn't need to do that now, 
since any questions he has or analysis he needs done can be done by computer.” Here the abilities of the 
AI system are still affirmed, but it is not separated from humans. Instead, it takes on a familiar role that 
professional players often fill: a role of providing guidance and help in training. While replaying some of 
the same themes that DeepMind/Nature raises themselves, the distinction here is that the AlphaGo system 
is placed not as apart, but actually deep in the center of the go community, or in a hierarchical sense, in a 
space reserved for those at the top of the game. Even while acknowledging the dominance of the AlphaGo 
system, that is, while it may be at the “top,” it is not separated as some kind of transcendent agent above 
the field. Placing the AlphaGo system at the top of the hierarchy instead of above the field acknowledges 
its deep connections to the go community, that it builds on all that has come before, while still recognizing 
its winning ability. 

After its eventual victory against Lee Sedol in March 2016, the AlphaGo system was assigned an 
honorary 9-dan ranking by the Korean Baduk Association (KBA). Representing the highest-possible 
ranking attainable in the game, KBA’s symbolic acknowledgment signals months later what Nature had 
claimed from the outset – that the AlphaGo system had “mastered” the game of go. What is significant 
here is that the claims of mastery Nature makes, and the actions taken by the KBA are in relation to two 
different systems, two different versions of AlphaGo. While for chess, DeepBlue was heavily hardware 
constructed and developed to face Kasparov in particular, AlphaGo-Fan Hui is composed of a makeup 
different than AlphaGo-Lee Sedol. A major difference is the kinds of games each system trained on. 
While the Hui system ‘learned’ only from amateur games (albeit high-ranking ones), AlphaGo-Sedol 
trained on a different dataset which included professional games alongside amateur ones, as well as other 
hardware differences (different CPUs and chipset configurations). It is worth noting that DeepMind uses 
this same naming convention in reference to their systems (calling them AlphaGo Fan and AlphaGo Lee), 
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signaling an acknowledgment of significant qualitative differences not to mention quantitative, hardware 
ones. It remains widely accepted across discourses that Sedol would have beat AlphaGo Fan, with the 
original article even showing that AlphaGo’s strength still remained well below Sedol’s ranking (Silver 
et al., 2016). While this indicates the ease in which such systems can iteratively improve when given 
access to a wealth of resources that the aegis of a company like Google DeepMind provides, it also allows 
us to recast the claims being made by Nature months before. 

Rather than representing the state of knowledge as-it-was, claims made in Nature’s editorials and blog 
posts in January were actually helping lay out the form which AlphaGo would eventually fill with its 
“mastery.” Their claims were made in response to the defeat of Fan Hui, DeepMind’s own assertions 
about the system, and a handful of interviews, but also emerged before the go community itself had fully 
accepted any kind of mastery by AlphaGo. That a technical feat was achieved is certainly accurate at the 
time of Nature’s commentary, but in asserting mastery over the game, the journal editors went further in 
speaking for the community and what this all represented. In this way, their claims made for new AI 
systems as being oracles that “demand faith” can also be read as both performative and normative 
statements, guiding interpretation in one direction, while silencing others.  

It is especially worth noting that by the time the KBA symbolically acknowledged the mastery of 
AlphaGo-Sedol, they were not responding to the system on the basis of faith, but rather empirical 
evidence of success and the production of explanations – and therefore explainability around AlphaGo’s 
moves – which had been built up by scores of commentaries from professional players and game analyses 
of both the Hui and Sedol matches. Contrary to claims made in Nature, the pronouncements of AlphaGo 
and other AI systems do not have to be believed. It is only after success has been consistently shown, 
against a meaningful opponent, after reflection and analysis, that the KBA endorsed the AlphaGo system. 
This acceptance was not predetermined or guaranteed, but rather built up and verified through gameplay 
and collective sensemaking. So, then, for whom does Nature speak when they argue that the AlphaGo 
system is an “oracle”? Accepting the claims of Nature means also accepting the inaccessible and inequal 
relationship they put forward between humans and machines. But this claim only comes about through 
their own assertion of the AlphaGo system as a distinctly separated agent and not an assemblage: by 
obscuring the wide webs of relationships between software, hardware, human gameplay, development, 
and more which help compose the system. Even with AlphaGo’s success in gameplay, its elevated status 
is still not completely dominating as the players’ negotiations above show. 

These negotiations with AlphaGo make use of “contradictions, ambiguities, and inconsistencies in the 
hegemonic frame of meaning” around the system (Pfaffenberger, 1992, p.286), and the contexts its force 
supposedly extends to, in ways which retain and restore the power of those impacted by the system 
(players). In these technological adjustments, players seek to resist and alter the discourse to assert a new, 
more favorable frame of meaning upon the system rather than accepting the terms upon which it is 
presented. However, as shown by the victory of AlphaGo over Lee Sedol, at a certain stage, adjustment 
is no longer enough to minimize the felt influence of the system upon the playing community. 

6. Technological reconstitution of AlphaGo 
When it is not possible or enough to make accommodations and adjust to the system, technological 
reconstitution begins, as impacted constituencies try to reverse the implications of the system through 
antisignification: a symbolic inversion process which produces an alternative ideology around the 
technology, and results in counterartifacts: the active reshaping of technological production processes or 
artifacts “which embody features believed to negate or reverse the political implications of the dominant 
system” (Pfaffenberger, p. 286). In this manner, technological reconstitution aligns with the literature on 
reconstruction too, highlighting the ways in which the heterogeneous social construction of technologies 
retains latent affordances that emerge when different groups engage in the production process (Law, 
1986; Taylor, 1995; Woodhouse, 2005). As the success of AlphaGo was firmly established, players 
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engage in the production of their own systems, accessible to the playing community as a whole, without 
needing approval or sanction from any private development company.  

DeepMind did not immediately dismantle or hide away their game-playing system after the match 
against Lee Sedol. Instead, they continued to bootstrap on this original development, eventually 
producing what they called AlphaGo Zero - an AI system that learned to play go and outperform its 
predecessors, all without the requirement of pre-existing datasets to begin training and learning from 
(“unsupervised machine learning”). In between AlphaGo-Sedol and AlphaGo Zero, there were also 
iterations known as “Master” which anonymously played 60 games against professionals online, winning 
all of them, and AlphaGo-Jie which defeated then-ranked number one go player Ke Jie before retiring 
May 2017 at what was dubbed the “Future of Go Summit,” an event put on by DeepMind and the Chinese 
Weiqi Association (CWA) among other sponsors. Prefiguring this upcoming and final AlphaGo event, 
DeepMind declares, “We look forward with great excitement to AlphaGo and human professional striving 
together to discover the true nature of Go!” The true nature of go, as though there is an essence to be 
found, one that has been missing or out of reach until now. Until the arrival of AlphaGo. Not only does 
it replay the positivist notion of a calculative and pre-made reality out there waiting to be discovered, it 
also rhetorically shapes the field of go and its history as having been playing with the shadows on the 
cave wall instead of seeing the truth of the game in its actuality. What could be the “true nature” of a 
board game? What kind of essence would this be and which ways may it be “discovered”?  

The grand metanarrative this mythical status of AlphaGo links to suggests an endpoint for go. Reaching 
the “true nature” is not only an achievement of “discovery” but also forecloses the possibility for future 
change and evolutions in gameplay. The danger/trick of playing with essences is that they are 
overdetermining, delineating and containing all that is while excluding and removing that which is not. 
Both incrementally and perhaps imperceptibly, the authors are positioning AlphaGo as the ultimate arbiter 
of go ‘truths,’ implicitly arguing that the coming age of go is one shaded by a kind of finality – one they 
embrace with the excitement that we could expect of those finding the “holy grail,” while throughout 
their analysis removing the agency of humans beyond that of mimicry. As examples in their blog posts 
show, through DeepMind’s lens, it is as though professionals merely become algorithms themselves and 
take on or follow the instruction sheet that AlphaGo lays down, and because this is closer to the truth of 
go than any knowledge before, they are likely to succeed. Eight years later, the game of go has certainly 
changed and the impacts of AlphaGo and many other AI systems are clearly visible, still felt, and now 
embedded within the go community and its practices. But no matter what ‘truths’ may have been found, 
games of go continue to produce their own microcosms of structured agency where variations continue 
to emerge and be created (Egri-Nagy & Törmänen, 2020; Nguyen, 2020). 

This point is perhaps best summarized by a player of the game, responding to another user on r/baduk 
who was bemoaning the AI ‘mastery’ of go as taking away their interest in playing. Evoking the parallel 
example of computers playing chess, the user writes,  

Chess is still really, really far from solved by computers, in fact in the [past] decade computer programs […] have been 
able to improve more than in any other decade in history. This increase in playing strength has not resulted in some clear 
best way to play, on the contrary the top two engines, Stockfish and Komodo, have extremely differing playstyles with 
the former playing very creative sacrifices and the latter utilizing brilliant positional play to crush their respective 
opponents. With go being most probably a significantly harder game than chess I would not worry about the game losing 
[its] beauty, instead I would marvel that, just like in chess, computers might show the world a yet undiscovered depth and 
potential to the game [emphasis added].  

Moving beyond DeepMind’s rhetoric towards a plainer, less evocative, and more accurate language, 
AlphaGo is not leading towards a singular truth in the gameplay of go. As this user recognizes, there are 
new depths and potentials to the game that the AI system may “show” (help produce), but it is not an 
ultimate arbiter. While the original poster lamented some of the allure of go had gone now that it was 
“solved,” which mirrors much of the solutionist rhetoric which DeepMind (and Nature) produces in their 
own writings and analysis, this user’s response challenges such an assertion. Rather than approaching 
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AlphaGo as a wholesale erasure of humans, a more accurate and complicated story emerges when we 
continue to attend to the human interactions with and within the system, approaching the AI system as a 
sociomaterial assemblage being leveraged productively (and differently) by both DeepMind and other 
members of the go community. 

The mere presence of the AlphaGo system, regardless of its unqualified success in oppositional 
gameplay, does not equate to knowledge transformation without human intervention. As a natural 
experiment of 1.3 million human move decisions among professional go players years after AlphaGo 
confirms, “decision quality significantly improved for the players with AI access after they gained access 
to reasoning processes of AI, but not for the players without AI access” (Shin et al., 2021, p. 1795, italics 
original). Comparing the gameplay results of those in mandatory military service in South Korea (and 
therefore not having access to go-playing AI) versus those not serving in the military (thereby having 
access), the authors show that “Human players learned from AI after the open-source AI programs 
revealed the reasoning processes of AI, rather than after AlphaGo revealed actions of AI” (p. 1800, italics 
added). DeepMind’s occlusion of interpretability and understanding as important values for their go-
playing system meant that gaining access to the reasoning process of AI could not occur with AlphaGo. 
Instead, much of what was promised with AlphaGo only became possible after players constructed an 
open-source program modeled after this system. In fact, all of the hopes and wants for what AlphaGo 
may mean for the game that users in the r/baduk thread mentioned above would not become possible with 
AlphaGo itself. Today there are a wide array of go AI programs one can choose to play and learn from, 
each varying in its level of openness and accessibility. Of the 19 different programs listed on the go 
website “Sensei’s library,” just under half of them are listed as open-source, with the others being either 
commercial programs or entirely unreleased. For my purposes, I choose to focus on one program in 
particular: LeelaZero, a crowdsourced and open-source version based off AlphaGo Zero (AlphaGo 
developed through unsupervised machine learning), which is widely discussed in my empirical materials, 
is used by amateurs and professional players globally, and is also the system used by South Korean 
players to make sense of AlphaGo in the natural experiment named above. 

7. LeelaZero: The reconstruction of AlphaGo 

LeelaZero is an open-source version of one of DeepMind’s final AlphaGo iterations, AlphaGo Zero. 
Open source refers to source code that is made freely available for possible modification and distribution, 
often involving high levels of collaboration. LeelaZero is no exception, with the program’s project page 
listing a total of 59 contributors. While this amount indexes the number of individuals who made code 
“commits,” or at least some kind of modification/addition to the source code of LeelaZero, there are also 
countless others who contributed their own game records and personal computing processing capacity to 
help develop the system too. In this way, LeelaZero is not only an open-source project (making its code 
publicly visible and accessible), it is also crowdsourced: relying on the combined contributions of go 
players and other interested individual to get the project of the ground, running, and successful. 

While LeelaZero is an open-source project, its effort was originally led by Gian-Carlo Pascutto (often 
referred to as GCP, his username on GitHub) who also authored the go shareware (copyrighted but free 
to use) program Leela among other chess engines too. On October 20, 2017, in an open letter first 
outlining the size of the task ahead of him and others to create a workable version of AlphaGo Zero, GCP 
notes that on consumer hardware “it would take ~9.3s to produce a self-play move, compared to 0.4s for 
them [DeepMind].” Adding up all the elements that help compose the system, he calculates that “They 
generated 29 million games for the final result, which means it’s going to take me about 1700 years to 
replicate this [alone],” all of which is why he concludes that “I would be interested in setting up a 
distributed effort for this.” Three and a half years later, on February 15, 2021, the project was declared 
finished and the server underpinning the training and development of LeelaZero was shut down, though 
the program remains accessible and widely used by players. By the end of this (re)construction process, 
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a total of 21,219,288 self-play and 1,264,007 match games were played by the LeelaZero system 
(LeelaZero, n.d.), still falling short of DeepMind’s 29 million mark (which took them three weeks to train, 
not years). 

Though it is only one of many go programs available, LeelaZero is widely used today, much in the 
ways players hoped would be possible with AlphaGo, opening up new ways of self-analyzing, training, 
and even using the program to analyze AlphaGo’s moves. The AGA series where Western commentators 
Redmond and Garlock analyze the games of AlphaGo, for example, relies not only on Redmond’s 
professional acumen, but also access to LeelaZero which he uses to strengthen his own analysis. 
Professional across the globe now rely on different AI systems in their training and preparation, while 
tournaments now include cautions and restrictions against AI assistance. Much like different chess-
playing systems differ from one another, LeelaZero also has its own playstyle distinct from the iterations 
of AlphaGo. One of the major factors for this is that DeepMind never released the weights for their neural 
networks, meaning that all other go-playing AI systems train and instantiate networks made of their own 
weights. Beyond playstyle, what sets LeelaZero apart from AlphaGo is its greater accessibility.  

Being freely available, the LeelaZero system (and similar others) introduce further opportunities for 
explaining and understanding why AlphaGo and other AI systems choose the moves they do. As noted 
in the opening of this article, this means that “The game is not over yet,” as now, “The next task for the 
Go community is to find new narratives for winning plans informed by the output of deep learning AIs, 
no matter whether these plans are present in the AIs or not” (Egri-Nagy & Törmänen, 2020, p. 15). Again, 
the success of AlphaGo and other go-playing AI systems is not being challenged. But, neither now, are 
such accomplishments being framed as out of humanity’s reach. Instead of only a passive, receiving 
position, the role of go players here becomes one of active participation, active engagement in a co-
construction process. Recognizing what their relationship with go-playing AI systems lacks (i.e. 
interpretability or understanding in the form of human narratives), the role of human players becomes the 
filling of this gap, not merely taking the output of these systems on blind faith, as though they are without 
recourse or critical reflection. While amateur players may use LeelaZero to assist in their training, they 
still seek out professional and more skilled player advice to understand what causes certain tactics to be 
successful (either through paid mentorship or requests on r/baduk), illustrating new co-producing roles 
with AI, rather than passive enchantment or disenchantment. 

What LeelaZero helps reveal, too, is just how resource intensive AlphaGo and all its iterations were. 
While DeepMind emphasizes the software technique throughout their publications (and this is what Bory 
relays in his analytic comparison of AlphaGo to DeepBlue), we should not miss the level of hardware 
that the system relied upon. As GCP highlights, the DeepMind team had access to chipsets and processing 
units which enabled their AlphaGo system to make moves more than 23 times faster than existing 
consumer hardware would allow. Consider that the original AlphaGo-Hui distributed system involved 
1,202 CPUs and 176 GPUs (central processing units, graphics processing units) while the closest 
competitor of the time, the “Crazy Stone” program, used only 32 CPUs. These constitute other layers of 
human involvement that are under-emphasized in DeepMind’s presentation. In revealing these qualities, 
we are able to assert more accurately what AlphaGo represents and what this enactment means for 
understanding both of sophisticated computers, and for the game of go itself. What is clearer now is that 
much of the performative statement-making around the AlphaGo system which enacted it as a beyond-
human, rupturing force able to make ultimate arbitrations came about not only because of qualities it 
exhibited, but because of the resources it was composed of as well. Technologies that require a high 
control of resources lend themselves towards an authoritarian or limited range of control (Winner, 1980). 
Contrasting the LeelaZero system to AlphaGo, much of what facilitated the separated status of the latter 
seems absent. Through an open and crowdsourced enactment, LeelaZero not only achieves what the 
AlphaGo system did, it is inherently more accessible. As a result, while still seen as playing beyond 
human skills, LeelaZero is not marked and therefore realized as wholly separated from humans.  
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Much of the distance and allure of the AlphaGo system came about from the guarded quality and 
approach in which DeepMind demonstrated – but never made it available – to the world. With the 
accessibility that the LeelaZero system provides, as we’ve already seen, players are now able to 
incorporate the insights that go-playing AI systems help produce into their own training and gameplay 
with better understanding of the reasoning processes each system demonstrates (Shin et al., 2021). Even 
playing games online now includes an AI review available at the end, enabling opponents to review their 
matches immediately and even discuss their shared understandings if they want. Interpretability and 
explainability, key values which were absent with the AlphaGo system and added to much of its 
oracle/separated status, are present here. Players can continue to study the value of a variety of different 
moves and gameplay strategies with LeelaZero. Rather than being unattainable qualities of advanced AI 
systems in general, LeelaZero helps highlight these dimensions were missing because they were not 
priorities for DeepMind or its enrolled allies, and because access was never made possible with the 
AlphaGo system. Given access and reflection, human players show that superhuman go-playing AI 
systems are not as alien as we may perceive if we only attend to AlphaGo and official discourses around 
it. What this access has also revealed is that limits still exist for superhuman go AIs too. As a pre-print 
article released February 2023 shows, there are blind spots in superhuman go AI systems, such that 
playing moves which even human amateurs can respond to successfully unravels the current top-playing 
AI system (Wang et al., 2023). Not only are superhuman AIs not divinely incomprehensible, neither are 
they infallible. 

The technological reconstitution/reconstruction of AlphaGo with LeelaZero highlights how the go 
community engaged in both inverting the supposed symbolism of AlphaGo, and how this resulted in the 
creation of a technological production process and artifact which negate and reverse the supposed 
implication of AlphaGo for the go-playing community – opening up whole new playstyles and 
opportunities for human players, rather than shifting into any stage of finality. 

8. Conclusion 

Subject to a substantial amount of attention, the media hype and attention around AlphaGo often 
influences scholarship on the system too. Moving from a critical position which recognizes the agency of 
impacted constituencies when facing an overwhelming force, I employed empirical materials from a 
multidimensional perspective to illustrate the engagement and resistance processes which go players 
developed after the announcement and various iterations of AlphaGo. Borrowing the conceptual language 
of Pfaffenberger’s (1992) Technological Dramas, I illustrated engagement and resistance as both 
“technological adjustment:” the myth-, context-, and artifact-altering practices players use in 
accommodating the AlphaGo system; as well as “technical reconstitution:” the conscious attempts to 
change the system, or in the case examined here, create an alternative system (which I term 
reconstruction). This empirical analysis adds a novel interpretation of the system, and identifies a wider 
repertoire of responses to AlphaGo than is currently present in the literature, while the focus on 
engagement by impacted constituencies can be of interest to wider audiences in critical data/algorithm 
studies and social studies of AI.  

Attending to the analytic category of impacted constituencies opens up the space to recognize these 
social groups as possessing a novel kind of agency which thus far has been theorized in narrow ways as 
passive enchantment or disenchantment. Employing an asset-based understanding of impacted 
constituencies reveals resistive practices where system owner narratives and curated meanings are 
challenged and reshaped by the engagement of those facing consequences without avenues of direct 
redress available. While technical programming skills are valuable in this repertoire of action, so too are 
communal-based, and supportive practices which involve interactions among the impacted constituency, 
such as sharing data, collective meaning-making through dialogue, and sharing strategies which minimize 
harmful or deleterious effects of the AI system. While the stakes may appear relatively low in the case of 
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a go-playing AI system, the practices examined here can be analytically and empirically revealing of 
similar avenues of resistance and engagement in cases where serious harms are present. For example, in 
cases of so-called AI-enabled “predictive” policing, we can see a similar repertoire of action as impacted 
constituencies engage in counter-narrativizing, withholding data, and public education campaigns within 
communities to raise awareness of how new AI systems used by the police are transforming and 
intensifying harms (Coalition, 2021; Jefferson, 2020; Minocher & Randall, 2020). Moving beyond the 
predominant focus on the data going into these systems, and studies attempting to ameliorate expressed 
harms, studies of engagement with AI in domains such as these can challenge our own imaginaries of 
what is possible in response to the increasing digitalization and controlling of our social worlds. Overall, 
a focus on impacted constituencies and their engagement and resistances emphasizes the importance of a 
processual lens in assessing discourse around AI systems, and the need to include multiple perspectives 
grappling with or making claims for what the impact of an AI system is, will, or should be.  
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Abstract 
As two researchers faced with the prospect of still more knowledge mobilisation, 
and still more consultation, our manuscript critically reflects on strategies for 
engaging with consultations as critical questions in critical AI studies. Our 
intervention reflects on the often-ambivalent roles of researchers and ‘experts’ in 
the production, contestation, and transformation of consultations and the publicities 
therein concerning AI. Although ‘AI’ is increasingly becoming a marketing term, 
there are still substantive strategic efforts toward developing AI industries. These 
policy consultations do open opportunities for experts like the authors to contribute 
to public discourse and policy practice on AI. Regardless, in the process of 
negotiating and developing around these initiatives, a range of dominant publicities 
emerge, including inevitability and hype. We draw on our experiences contributing 
to AI policy-making processes in two Global North countries. Resurfacing long-
standing critical questions about participation in policymaking, our manuscript 
reflects on the possibilities of critical scholarship faced with the uncertainty in the 
rhetoric of democracy and public engagement.  

Keywords: policy; drama; AI governance; Canada, United Kingdom; critical policy studies; hauntology 

 

1. Introduction 

The Honorable Minister of Innovation, Science and Industry François-Philippe Champagne (2023) rose 
to introduce Canada’s new AI regulation, the Artificial Intelligence and Data Act, before a Canadian 
parliamentary committee. Champagne extolled its virtues and the process: “I think the bill shows that we 
have listened to Canadians and parliamentarians, as we have done for other legislation. I gather there 
were more than 300 meetings or consultations with individuals who provided input into the process.” 
Many questioned when and where those meetings happened. Critical technologist Andrew Clement 
finally received the list – only to discover that the consultations mostly happened with industry (and after 
the Bill’s release) (Castaldo, 2023). One of the authors appeared on the list of consultees – but for 
discussions that took place after the Act had launched. So much for being an influential expert. Instead, 
what had been perceived as a friendly meeting became part of a spectacular number, part of the opening 
act in the Act’s dramatic passage. This scene is one of many that have caused to your authors to wonder: 
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How can two policy scholars make sense of AI governance, of technology policy, if the consultations 
seem so staged? 

What began in our self-reflection has become a deeper attempt to understand the particular complexity 
of AI as technology governance. Your authors started to reflect on the roles afforded to academics and 
critical technology policy scholars asked to participate in the emerging field of AI governance, when our 
expertise in policymaking also rests on our capacity to be continuously up-to-date with emerging 
technologies that are often being promoted in ways that mystify, rather than clarify their social impact 
(Powell, forthcoming). Our collaboration – emerging from shared debriefs about being played-out or 
outplayed in what-can-seem-like consultation theatre – turned toward a broader reflection on what AI 
governance is as a certain mode of publicity, of a way of public-sense making about a new technology. 
Rather than focusing on matters of framing or problematization (Bacchi, 2009; van Hulst & Yanow, 
2016), we have instead considered the dramatic function of policy debates to specifically question the 
roles and opportunities provided to scholars participating in these debates.  

Our contribution to the special issue is a reframing of the terms of the AI policy debate from two 
technology policy scholars, on two sides of the Atlantic contending with wave after wave of AI 
controversy and consultation. Our tempest is the drama that has become AI governance. Our reflections 
take place amidst growing demand for consultations to legitimate artificial intelligence and specifically 
generative AI by governments and industry (cf. Palmås & Surber, 2022). Our reflection concerns AI’s 
policy publicities as well as our sense of a growing ambivalence in the face of an expectation to play 
one’s part in the legitimation of technoscientific capitalism (Birch, 2017; Nagy & Neff, 2024). Our article 
unfolds as follows: we first theorize our position on policy making as drama, then discuss how we can 
use this to understand current AI policy research agendas. Next, using examples from AI policy-making 
dramas in both the UK and Canada, we discuss how scenes are set through reference to different issues, 
giving benefit to some players over others. We then outline the roles that academics are invited to play 
as consultants, ‘good academics,’ maybe even as policy operators. This offers a new way to understand 
AI governance by attending to the drama as process, the staging of scenes that coordinate participation, 
the roles afforded to academics, and, oh yes, the ghosts. The stages where policy dramas play out can 
include ghosts - unacknowledged presences of past and active exclusions. We conclude by reflecting on 
how our actions as policy actors can be haunted by our past efforts, and what we might gain (or lose) 
from ghosting the process. 

2. Understanding AI policy as drama 
We theorize (along with many others) that policy making, like so many human endeavours, is dramatic. 
There are policy actors, there is a stage, and there are different scenes that unfold as the narrative 
progresses. We find ourselves on these stages from time to time. Different scenarios form set piece scenes 
in the narrative: public consultations where the chorus is invited to recite lines drawn from the rough-
and-tumble world of experience, or closed, Chatham-House-Rules meetings where side conversations in 
the corridors reveal or obscure the potential for agreements, misalignments, or capitulations. Sometimes, 
metaphorically speaking, someone is concealed behind an arras. If occasionally the drama bursts on to 
screens, more often the stages seem mundane.  

Drama is an antagonist for conventional policy scholars. Harold Lasswell co-constructed the policy 
sciences as expert-led, scientific project for governments and academics to govern societies (Turnbull, 
2008). Merely suggesting that policy making might involve power plays breaks character with this part 
of the field’s foundations. Certainly, we risk tarnishing our reputation as competent policy scholars by 
emphasizing the drama, but you can only watch so many AI executives act out their version of 
Oppenheimer-like regret before questioning the policy sciences. Instead, we observe how Schön and Rein 
(1994) argue that making better policy does not require always making ‘better’ rational decisions, but 
instead involves the policy participant having a more refined awareness of their own position in the 
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drama. Stone (1997) argues that policy making always involves conflicts over ideas, which are enacted 
through staged arguments. These orientations towards the dramatic, along with the acceptance of the 
diverse and often competing roles that play out across multiple scenes, help to clarify what policy making 
- and policy conflicts - are doing.  

Our approach then differs from much of the other policy literature on AI in considering AI governances 
as a dramatic process. Much of the existing literature focuses on the consequences of policies about AI 
(Acemoglu, 2021; Angwin et al., 2016; Buolamwini & Gebru, 2018). On one hand, research has focused 
on AI governance as addressing existential challenges (not risk) where research aims to define key 
problems (e.g., explainability, traceability, or bias) that necessitate governance reforms (Büthe et al., 
2022; Gasser & Almeida, 2017; Knight et al., 2024). At the most abstract level, AI has prompted a fruitful 
debate over the nature of contemporary governance and governmentality (Amoore, 2022; Fourcade & 
Gordon, 2020; Yeung, 2018). On the other, there is a growing turn toward understanding the discourses 
of national AI strategies as evidence of empirical policy trends. Studies range from comparative 
evaluation to more critical work describing the underpinning imaginaries that legitimate these polices 
(Bareis & Katzenbach, 2021; Hansen, 2021; Vicente & Dias-Trindade, 2021). We find inspiration in both 
joining to a class of spectators wondering how long AI government can maintain the status quo while 
claiming AI is revolutionary while also attending to the everyday efforts of AI governance. Amidst these 
two trends, our approach joins a growing interdisciplinary interest in the practical roles of AI governance 
(Sætra et al., 2022; Widder, 2024).  

In this paper, we position our lived experiences and academic engagement in relation to what might be 
called a performative turn in critical policy studies (Clarke et al., 2015; Lea, 2020; Lipsky, 2010). John 
Clarke, Dave Bainton, Noémi Lendvai, and Paul Stubbs inspired us in their writing on policy as: “a way 
of imagining the world as an object of intervention; as a way of enrolling subjects into a process of acting; 
and as a practice that seeks to produce effects, including the act of ‘taking the politics out of things’” 
(2015, p. 34). This allows policy to be understood as something that itself moves or contains movement 
and dynamism, “unlocking the narrow confines within which ‘policy’ is conventionally enclosed - the 
rational, technocratic world” (2015, p. 33). Through this we can explore how contradictory entities tussle 
between and within themselves to create ideas that position and discipline different groups of people in 
different ways. We aim to provide a language to understand AI governances as lived drama, beginning 
with, an assessment of how policy is staged.  

2.1 Breaking the fourth estate / wall: Policy, stages and scenes 

“Mr. ChatGPT goes to Washington” read the headline of the CNN title about Sam Altman’s testimony 
before Congress (Fung, 2023a). Mr. Altman showed up before the television cameras to play the role of 
a good CEO. Why not compare the testimony to a movie? Altman had to wear a suit – a costume his now-
jailed contemporary Sam Bankman-Fried only started to put on when he, too, went on trial. Altman 
exceeded expectations in his role. One glowing review of Altman’s performance reads “OpenAI CEO 
Sam Altman seems to have achieved in a matter of hours what other tech execs have been struggling to 
do for years: He charmed the socks off Congress” (Fung, 2023b). What a way to win over the audience 
of regulators. Altman’s success in staging gives us a good reason to understand AI policy as drama. The 
suit helped put him the role as an ethical technoscientific capitalist. Regardless of what might have 
transpired inside OpenAI, Altman was obliged to enact a responsible proxy for the firm. Altman’s 
successful performance – one that a critic might argue displaced attention from deep concerns about the 
direction of the industry – is presently what has us wondering about the extent to which policy success is 
in the staging, and how this serves to conform to expectations of the performance – and thereby to 
influence the outcome. 

If critical policy studies have a public role in responding to AI (Paul, 2022), then we encourage a 
reflection on how policy consultations are staged – often as media events – and to what extent this staging 
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displaces attention that might otherwise focus on the “epistemic forgeries” (Katz, 2020), at the heart of 
AI. These forgeries include assumptions that AI innovation is inevitable – and that it can be made 
unproblematic or even ‘safe’ if only policy processes can be properly focused. The staging of policy 
dramas reflects this effort to contain and constrain policy making. Consider some of the settings such as 
the computer science conferences run by the ACM and the closed meetings hosted by technology 
companies, venerable Institutions, or government agencies where the drama unfolds away from the public 
eye. Of course, some actors have the capacity to move across various settings, shaping how the dramas 
are staged: OpenAI, Meta, Alphabet, Microsoft. If you watch long enough, you might see actors change 
into corporate costumes after playing other roles - perhaps in research, or within regulatory bodies – 
revolving doors operate on these stages too (Bates, 2013).  

The AI policy making stage has also been growing, and the players are striding out into a runway 
cutting all the way through the theatre. The fourth wall is breaking. Members of the audience are leaping 
up and declaring interests in being part of this drama, too, proclaiming an interest in the proceedings. But 
to be sure, this is not Brechtian theatre where the audience can play along. A friction endures between 
the construction or instantiation of a public and policy formation (Marres, 2005). There is growing 
attention to the “consultation theatre” around AI, a charade where the consultation serves more as a 
chance for governments to perform their role as stewards of public opinion and showcase their ability to 
respond, but not actually to affect to shape policy (M. Jones & McKelvey, 2024). Not being able to look 
away might be the best defense of democracy these days when the public’s only motivation is to watch 
the drama as a spectator. 

Policy drama might also be an effect of how the mass media plays expectations on the policy process, 
what Maarten Hajer (2009) identifies as a ‘mediatized’ policy making. From this perspective, the 
cinematic aspect of Altman’s US Congress appearance is not accidental. Steven Coleman (2013) 
describes how politics construct drama, and how cultural performance applies not only to the micro-
interactions of interpersonal relationships but also to macro-political organizations like television. People 
justify their interactions through drama, or what Isabela and Norman Fairclough (2013) call the ‘practical 
reasoning’ behind these processes. A reasoning that, we find elsewhere, journalism has largely failed to 
provide, getting publics to worry about existential risks and taking the promise of large-language models 
as the next step to general artificial intelligence at face value (McKelvey & Roberge, 2023). But we are 
foreshadowing too much; let us show how AI policy scenes are set, and how the change of these scenes 
influences which voices are heard on stage. 

2.2 From ethics to existential risk to safety - the UK policy scenes 2016-2024 

One of your authors has watched many of these scene changes in the UK over the past decade. Concern 
about ethics and AI started as a problem for the ‘good society’ (Cath, 2018; Floridi, 2014). The policy 
scene expected players to describe AI’s ethics and values (Jobin et al., 2019; Mittelstadt et al., 2016). 
Action in the mid-2010s focused on ethical principle statements for AI (European Union, 2019; UK 
Government, 2019), and subsequent discussions of how to put them into practice (Stark & Hoffmann, 
2019). For a brief period, corporate actors played along, issuing statements and constituting company 
ethics boards (Taylor & Dencik, 2020). By 2020, however, AI harms were accruing regardless of these 
ethics statements (Morley et al., 2023).  

The academic aspects of the policy scene started to consolidate into discussions drawing on 
disciplinary expertise, for example, involving technical concerns about model design or auditing capacity 
(Sloane, Moss, Awomolo, et al., 2022; Sloane, Moss, & Chowdhury, 2022) – changing the language and 
behavior of the scene in ways that sometimes left players like your authors in the wings (Gansky & 
McDonald, 2022).  

Then the scene changed. Different stories tried to nuance the discussion of ethics, expanding it to cover 
various areas of practice, and then to attempt to connect these suggested areas of practice to regulatory 
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capacities (Sætra et al., 2022). In the UK, these efforts drew from traditions of technology policy-making 
focused on responsibility (Owen et al., 2013; Stilgoe, 2018, 2019) and engineered-in trustworthiness 
(Naiseh et al., 2022; Schneiders et al., 2023). 

These scenes structured what was focused on, by whom, and at what time. A mismatch with the 
unfolding scene might create confusion or result in being moved off stage as we have experienced. One 
author was part of the JUST AI project, a pilot hosted by then-recently-founded Ada Lovelace Institute.  
JUST AI employed feminist lab methods to convene conversations and hold space for dissent and 
foregrounded the inclusion of arts and artistic methods in reframing how the conversations about AI ethics 
were occurring – away from the statements of principle and corporate boards and in a collaborative, 
collegial, and slow-moving manner. JUST AI’s networked approach was a backdrop against which to 
choreograph the entries of new actors whose script and position could generate research, conversation, 
and action on racial justice, repairability, and environmental sustainability as aspects of AI ethics work. 
The scenes in play in the early 2020s UK ethics drama complicated this. A JUST AI Fellowship focused 
on racial justice in AI supported artists and creative researchers interested in the use of AI in border 
technologies, the policy gaps relating to differential impacts of AI on racialized populations, and how the 
white supremacist origins of AI might be re-imagined (Chander & Nation, 2021), which challenged some 
of the more reductive discussions about bias mitigation (Buolamwini & Gebru, 2018; Gong et al., 2020). 
The unfolding conversations on these topics joined other working group discussions of the environmental 
ethics of AI (including its repairability), and the a disability-led discussion of the potential for both rights 
of access to AI and rights to its refusal (Hickman & Serlin, 2018; Newman-Griffis et al., 2023). These 
ethical conversations were bracing, contentious, and sometimes difficult to place within the policy scene. 
JUST AI events convened wide public audiences and influential academic participants (JUST-AI, 2023), 
but the project’s focus on systemic injustice and large-scale environmental impact sometimes felt out of 
synch with other work at Ada Lovelace that engaged directly in the policy scenes attracting attention at 
the time.  

The scene changed again; the revolving door whirled, and by 2023 the focus was on risk and safety, 
rather than ethics. This was solidified in the European Union’s AI Act, which rested on an assumption 
about managing and regulating riskier applications of AI. But this script was influenced by actors with 
particular interests (Hendrycks & Mazeika, 2022; Turchin & Denkenberger, 2020) and increased attention 
to the capacities of Large Language Models, especially ChatGPT. A new set of actors introduced the idea 
of existential risks to human society that could result from significant technical developments in AI. Led 
by Nick Bostrom in Oxford and backed by significant funding from the technology industry, the ‘long-
termist’ approach focused on the existential risks to the entire human race of unimpeded, speculative AI 
development (Gebru & Torres, 2024). By late-2023 the language had shifted from existential risk to safety 
– with the initial discussion still focused on large-scale threats and ‘doomsday’ scenarios now also 
accompanied by concerns about the development of multi-purpose or ‘foundation’ models in response to 
the commercialization of ChatGPT. In the dramatic and media-friendly AI Safety Summit convened by 
the UK Prime Minister in November 2023 highly visible actors called for the testing of AI ‘foundation’ 
models and the management of AI “for good” in a ‘pro-innovation’ framework (Hawes & Hall, 2023). 
The structure of the AI Safety Summit as an invitation-only meeting of many industry representatives, a 
handful of high-level politicians and selected academics (not your authors), foregrounded a cheery, 
media-friendly narrative of ‘safety’. Very few of the UK’s diverse range of civil society stakeholders 
were invited. A parallel set of events branded as the AI Fringe (2023) was organised by a research 
consultancy and bundled together sector-specific discussions of including AI and work, access rights, and 
public accountability. 

The resulting “Bletchley Declaration” focused on the safety of ‘foundation models’ and called for the 
establishment of AI safety institutions – but might have had negligible impact on the UK’s current AI 
regulatory frame, which focuses on principles of safety, transparency and explainability, fairness and 
accountability, and contestability and redress (UK Government, 2024). Results from the AI Fringe have 
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included the TUC’s AI Regulation and Employment Right Bill (Allen & Masters, 2024). Globally, more 
attention has been paid to the environmental impact of the use of AI systems, sometimes as an aspect of 
safety (Falk & van Wynsberghe, 2023) – demonstrating how a shift in the scene can bring an idea in from 
the wings.  

These shifting scenes and focal points have required participants in policy dramas to develop a kind of 
improvisational agility, moving between scenes along with actors whose positions might also be 
changing. In the case of JUST AI, for example, the project’s funding and institutional support rested on 
a partnership between the Ada Lovelace Institute, its background funder the Nuffield Foundation, and the 
UK’s Arts and Humanities Research Council. The think-tank, the funders and the project all maneuvered 
across a rapidly changing policy scene, where reflections about ethics and the creation of new ways of 
networking across disciplines ceded space to direct interventions in government policy and technically-
driven discussions about audit or features design (see Groves et al., 2024). JUST AI’s contributions, 
including its Fellowship and commissioning of creative work, advanced ideas such as environmental 
sustainability that were not, at the time of the project, direct objects of policy development, although they 
have subsequently emerged as such. However, efficacy in policy making is often judged against 
experiences in the present rather than potential in the future, especially in a reactive context where 
researcher and other experts are called upon to continue to define or defend the ‘public interest’. JUST 
AI’s focus on environmental sustainability and repairability took some time to become salient within UK 
policy drama. To date, its work on rights, access, and refusal of AI systems from the perspective of critical 
disability studies has not yet become so. This is testament to what we’ve explored through this section – 
the ways that policy ideas, practices and potentials are captured within shifting scenes. Of course, within 
each of these scenes, scholars like us are called on to perform specific roles.  

3. Some tentative roles for aspiring AI policy scholars 
Your authors have been called to stage to perform as expert witnesses in Canada and the United Kingdom 
on a range of technology-influenced social issues, over the past decade and more. Now though, the 
intensity of AI consultations – this moment when governments and corporations are trying to advance 
AI’s acceptability – have us questioning what it means to play a role to participate in AI policymaking.  

Roles are both individual and collective. The role “refers to a cluster of behaviors and attitudes that are 
thought to belong together, so that an individual is viewed as acting consistently when performing the 
various components of a single role and inconsistently when failing to do so.” (R. H. Turner, 2001, p. 
233). Within these roles, Peter Burke claims that actors (or agents), exercise their agency in ways that are 
proper to the scenes they are participating in. “It is a principle of drama that the nature of acts and agents 
should be consistent with the nature of the scene” (Burke, 1945, p. 3). As your authors don and doff 
various costumes and move between various roles, we keep in mind these insights. Language matters in 
these settings, as Coleman identifies, but performance does too. Performing is “a culturally pragmatic 
strategy for the production of shared meaning” (Coleman, 2013, p. 330). Policy making, especially 
technology policy making, contends with both increasingly mediatized aspects of decision making (where 
strategic media visibility can mean leveraging policy positions) and with the influence of entrepreneurial 
innovation contexts (see Irani, 2015), which have also impacted the roles that professors and university 
researchers occupy. This generates conflicts between roles that different actors can play, and the extent 
and quality of their agency. 

Based on our shared experience, we offer a few possible roles a policy scholar might play. In the next 
section, we draw on our experiences and observations as experts in the spaces to identify where 
academics, researchers, and intellectuals – domain experts, in other words – are invited and expected to 
act in AI policy-making dramas. We also explore the space of ambivalence or haunting that can 
accompany this performance of expertise and the strange experiences that can result when our actions 
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seem out of line with roles, are haunted by what came before, or suggest potential futures that jar with 
the scenes at play. 

3.1 The Consultant / Hired Gun / The Ronan 

The first role is that of an intellectual worker as a consultant-for-hire. Getting paid is not the issue 
(participation should always be fairly compensated); rather, the concern relates to the point at which 
expertise becomes sponsored research (see Goldenfein & Mann, 2023). The role of the consultant 
acknowledges that much of academia maintains relationships with corporate partners that might aid or 
support broader lobbying agendas. Academics have been accused of being too close to the AI industry, 
or what Meredith Whittaker describes as “the steep cost of capture” where “the tech industry’s dominance 
in AI research and knowledge production puts critical researchers and advocates within, and beyond, 
academia in a treacherous position” (2021, pp. 51–52). The issue has become particularly pronounced in 
regards to sponsorship from artificial intelligence firms, where the Washington Post finds that 6 out of 
10 AI researchers with disclosures of funding come from AI (Menn & Nix, 2023). Dependence does not, 
necessarily, determine participation in policy, but more structurally, these findings establish a synergy 
between corporate and academic institutions that may translate into tacit support. Luke Stark at Western 
University made an important statement in 2021 when he turned down $60,000 of Google funding after 
Google fired many of its AI ethics teams (Metz, 2021). Stark’s decision illustrates the rarity and potential 
of refusal, highlighting the fact that more commonly decisions are made that involve accepting funding 
and then later navigating fraught relationships.  

3.2 The Good Academic 

A proper academic would never have written this section. They would review submissions to policy 
consultations to identify emergent frames, ideally using double-blind coding, and then present a weighted 
summary of positions and key clusters. We did not do that. Instead, we quickly popped backstage and 
glanced over the script to see what scene we were playing now based on a story in the media. We saw a 
ghost in the corner, a memory of how this played out last time. We know how to play the “good academic” 
we are just not doing it right now. 

One role for “the good academic” is to act as an independent voice, playing a reliable role as a good 
policy actor. This role is part of the foundation of policy studies, which Laswell argues are “concerned 
with knowledge of and in the decision processes of the public and civic order” (1971, p. 1) . Lasswell 
called for these positions to be defended, to be independent, and capable of being objective. This means 
that the ‘good academic’ is meant to be doing the work of doing research, in line with the expectations 
and norms of their field. The ‘good academic’ role differs from an on-demand consultant because their 
obligations come from the field, empiricism, and objectivity, rather than the contract.  

A final consideration and one that is a looming challenge for objective AI research in general, is how 
“good academics” perform objectivity amid debates over methodology and critiques of their approaches. 
Presenting technical expertise in policy-making settings can put great strain on the role. An example of 
such a strain came from a performance one of the authors made during policy debates about Net Neutrality 
– a precursor to AI debates in requiring proof of the presence of bias in an infrastructural technology 
(McKelvey, 2018). Fenwick has an embarrassing tale of working with computer scientist Dave Choffnes 
to prove that one of Canada’s mobile service providers had been modifying some of its 
telecommunication equipment to prioritize certain applications over others (Li et al., 2016). Done at the 
last minute, this transcript is the only record remaining of the brief exchange: 

103 McKelvey: I understand some of the – my argument here will introduce new evidence and I’m wondering if I have 
permission to introduce this evidence in support of our submissions earlier? 

104 THE CHAIRPERSON: Why were you unable to provide this evidence earlier? 
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105 McKelvey: It’s a great question. Working with a – by any serendipity honestly, I’m working in a new project working 
in measurement in Canada trying to understand and apply new internet measurement techniques to understand the 
operations of systems such as differentiate service provisions. 

106 And it was only in early September that I knew of a methodology that is going to be presented at the internet 
measurement conference this November 2016 that I was – found out about it and it was basically over the past last month 
that I was able to actually deploy and use this measurement and try to support arguments we’ve made previously as part 
of our submission. 

107 THE CHAIRPERSON: Okay. Well, we’ll take your arguments under advisement but go ahead and --- 

108 McKelvey: Okay. 

109 THE CHAIRPERSON: But that doesn’t mean ultimately we will necessarily admit it on the record. 

With the evidence presented, questions turned to questions of telecommunication policy, and the 
infrastructure operator rejected Fenwick’s assertion. Another opportunity for leveraging evidence in 
policymaking passed. The stage did not want to discuss academic methods, now was the time for 
deliberation of the law. 

The example provides a warning to policy scholars of the limits of the “good academic” role here is 
not likely to be consensus on what counts as safe or risky AI, and no specific piece of evidence is going 
to be accepted as objective. Indeed, one strategy in climate science communication is for lobbyists to 
introduce facts as controversial, or debatable - just to raise enough doubt to thwart the efforts of the policy 
sciences (Hess, 2014). Fenwick’s story should act as a corrective for any “good academic” hoping that 
some data and a novel method will expose bias and convince regulators. Instead, the method was not 
legible, indeed the whole project of offering “objective” Internet Measurement has become something of 
a hobby project since its only large Internet Service Providers willing to invest in the methods – maybe a 
warning to who is going to fund and legitimate the next AI audit?  

3.3 The Policy Operator 

The strains of the ‘university in ruins’ (Readings, 1997) drive the emergence of the policy operator, our 
third role. In this mode “the concept of scholarship as cultural production . . . is articulated through ideas 
about economically impactful deliverables, including a narrowly defined set of public engagement and 
outreach activities” (Luka et al., 2015, p. 177) . This role can involve working for hire as contractor, or 
alternatively an embrace of these norms to become something of a policy entrepreneur, speculating on 
the potential to develop new spaces of intervention. This can happen when “visibility and self-promotion 
naturally accompany a corporatized culture, requiring deliverables and impact to stand in for a broader 
conception of scholarship as cultural production” (Luka et al., 2015, p. 191). What could be more 
measurable than policy impact? The policy operator combines the pressures of the neoliberal university, 
the need for self-branding and greater visibility with the demand for good-faith participants in government 
policy. The mix, when successful, can be remarkable, producing a scholar able to manufacture a brand of 
authority, steer the policy agenda, and gain prominence through the new metrics of knowledge 
mobilisation. The policy operator then becomes a name who must be consulted. Your authors recognize 
our own ambivalence towards the policy operator that matches a sense of the position’s power. We also 
recognize a concern over the demands to keep up, to be in the game, and to support or even benefit from 
a concentration of power in academia (noting its attendant inequalities, especially for those of us also 
tasked with managing students, programs, and departments alongside our performances in policymaking). 

Canada’s AI policy has been driven by policy operators, whose positions can grow to shape domestic 
and international policy scenes. Recently we have witnessed a strange performance by two of its three 
“godfathers of AI”. These figures had occupied an oversized role in Canada’s media as evangelists 
(Dandurand et al., 2023). Geoffrey Hinton and Yoshua Benigo then broke with the third ‘godfather’ Yann 
LeCun to publicly worry over AI’s existential risks. Their rise to celebrity can matched 2023’s summer 
blockbuster, Oppenheimer – or what was called the “Oppenheimer moment” (Tharoor, 2023). Hinton and 
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Benigo filled the role of today’s Oppenheimers for AI – a role that had them make frequent testimony 
about the risks of AI. 

The Oppenheimer moment helped legitimate Canada’s AI policy agenda. Canada tabled its first AI 
legislation, the Artificial Intelligence and Data Act (AIDA), in Spring 2022. AIDA attracted little public 
attention until Benigo signed the Institute for the Future’s Open Letter to Pause AI Experiments a year 
later, Spring 2023. As the letter attracted international attention, Bengio joined most of Canada’s AI 
establishment to sign a second letter calling for the swift passage of AIDA as the kind of urgently needed 
regulation called for in the first Open Letter. The combination of letters became a mediated spectacle. 
The once-AI-evangelists offered a pious second act of regret and reflection, all to compel the bill’s swift 
passage – a mix of personal drama and public pressure that seems a hallmark of the policy operator. 
Champagne (2023) in the speech mentioned above expressly mentions the first letter, claiming “You 
don’t need to take it from me, but I would advise you to read the letter that was signed by Yoshua Bengio, 
and hundreds of people from around the world, warning us that we need to take action.” The policy 
operator is one who knows how to command the drama to advance their policy agenda. (We say this as 
an observation, not commentary. Off-stage, the two letters reminded one author of what it means to not 
be a policy operator after signing a civil society letter calling for reforms to AIDA not mentioned in the 
Act’s introduction.) 

Our first three roles: the consultant, the good academic and the policy operator, create mechanisms to 
carry micropolitical sensibilities into the macropolitical, providing relatively well-specified opportunities 
for academics to leverage their sense of public accountability and influence. However, we notice that 
there are other, more ambivalent positions that involve divergent interpretations of the public interest. 
These other positions might engage what we refer to, following Tess Lea, as policy hauntology. This can 
occur through echoes of past policy paths not taken or through the framing of potential future policy 
objects. The unstable temporality of interventions can make these efforts seem haunted by ghosts of past 
or future.  

4. A policy hauntology: Ghosts, ghosting and ambivalence 

Critical policy theorist Tess Lea understands policy hauntology, as “the ways policies past and present 
are physically incorporated, having (insidiously or noisily), seeped into lives, affecting probable destinies 
and shaping overall circumstances, if not immediately then certainly as a powerful stimulus” (2020, p. 
117). Jacques Derrida introduced hauntology at one of Marx’s many wakes. Hauntology, to Derrida, 
meant, something else, “this element itself is neither living nor dead, present nor absent: it spectralizes” 
(1994, p. 63). Derrida uses the figure of the ghost as an object of hauntology “because it points toward a 
thinking of the event that necessarily exceeds a binary or dialectical logic, the logic that distinguishes or 
opposes effectivity or actuality” (1994, p. 78). The purpose here is to surface our shared collective 
frustration in having to perform AI as a new problem, as requiring “new” innovations, while haunted by 
past failed technology policies. Sometimes the whole drama seems just like another mediocre Hollywood 
update in the tired franchise of public interest technology regulation. 

Technology policy is haunted by past technology. In Canada, this was illustrated by an attempt to AI 
and smartphones to automate COVID-19 contact tracing by applying AI models to tracking smartphone 
proximity. To work, the system needed a certain threshold of public adoption – a novel idea, but one 
haunted by Canada’s ongoing challenges to extend smartphone and internet connectivity to all, and the 
mobile services regulatory frameworks that have resulted in unaffordable mobile services. The problem 
was not AI, but what happened before AI. Similarly, the difficulty in advancing issues of the 
environmental cost of AI in the UK was related to a policy context wherein the government at the time 
focused on extending oil and gas exploration rather than discussing climate commitments. Our sense of 
haunting has a lot to do with critical scholar Eve Tuck and C. Rae’s interpretation of the function of horror 
in understanding cultures of justice. They write,  
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The difference between notions of justice popularized in US horror films and notions of justice in these examples of horror 
films from Japan is that in the former, the hauntings are positioned as undeserved, and the innocent hero must destroy the 
monster to put the world in balance again (though predictably, several of the hero’s companions who are women or people 
of color will likely be sacrificed along the way). In the latter, because the depth of injustice that begat the monster or ghost 
is acknowledged, the hero does not think herself to be innocent, or try to achieve reconciliation or healing, only mercy, 
often in the form of passing on the debt. (Tuck & Ree, 2013, p. 642)  

The haunting is a force and a demand - to acknowledge past failures, or to begin at a place of humility. 
At the very least it is a rejection of the hype. So, we welcome the horror of haunting - that danger that 
threatens to bring the curtains down - because the other option is to have the same old tropes performed 
once again. 

Hauntology helps us understand what the silence threatens. Critic Mark Fisher (2012) discussed 
hauntology to understand the ways that innovation cannot escape prior social forms. The relationship 
between technology governance and industrial strategy has always been awkward. Technology in a 
Western context is often tied to economic growth and innovation economies. This alignment obfuscates 
human rights and social impacts or (perhaps at best) offers a calculus of trade-offs of how to manage 
innovation responsibly. These challenges predate artificial intelligence but resonate as soon as claims of 
a ‘fourth industrial revolution’ or a transformation in employment enter the discussion. That histories, 
those pasts, become what Tess Lea sees as a policy hauntology – “the deeply saturated effects of past 
policies.” (2020, p. 30).  

Ghosts, however, are part of hauntology as observation, and hauntology as strategy. Writer and scholar 
Billy-Ray Belcourt wrote his Poltergeist Manifesto to acknowledge that “there are forms of life 
abandoned outside modernity’s episteme whose expressivities surge with affects anomalous within the 
topography of settler colonialism” (2016, p. 24). The poltergeist is the “noisy ghost” that shows up when 
you build your house on the old graveyard. The noise speaks “speaking into existence an anti-subjectivity 
that emerges in the aftermath of death or murder” (2016, p. 26). A poltergeist is one ghost, a strategy for 
Belcourt, to find a queer indignity. Their ghost inspires us. The ghosts on stage are frankly unsettling to 
the whole performance. Climate is an excellent example. In a climate emergency, AI power demand is 
not only firing up old coal plants, it is diverting energy that might otherwise be used for housing (Simpson, 
2024). The play now is to keep talking around the climate issue (Hogan, 2020) without disrupting 
anything fundamental. “Keep going, can’t you, keep going!” Hamm yells in Beckett’s play Endgame. 
Ghosts keep the play moving.  

Maybe we can just up and ghost the process - not participate? Another kind of haunting is to be present 
in absence, or to settle into ambivalence. As Kearnes and Wynne argue, ambivalence can be interpreted 
as an “engaged – rather than passive – mode of relating to technological determinism” (2007, p. 131). 
Our efforts have generated such ambivalence. Perhaps we can see this kind of haunting in relation to how 
the JUST AI project engaged with AI policy issues, revealing temporal and conceptual ruptures in the 
policy through its attempt to reshape the models and practices through which AI policy was considered. 
JUST AI’s lab models and slow discussions formed part of variously composed struggles against the 
automatic embedding of technologically-determinist understandings of innovation in technology policy, 
and the related expectation that social scientist policy scholars should be consistently up to date on 
specific technical risks. Working to frame issues before time and to resist constant extraction played at 
the ambivalent edge of participating and exiting. 

To haunt could be to stay in the room but break the part by rejecting the frame, or to stay in the room 
and to operate rigorously in the interests of the most marginalised. Tess Lea foregrounds this approach 
when she describes the role of the ‘institutional killjoy’ who points out the future hauntings that the policy 
might produce, while also insisting on the integrity of the policy process. As Lea writes, “institutional 
kill-joys are those who, working hard to pull benefits from policy opportunities, insist that contracts be 
honoured, promises be kept, accounts be held, corruptions be resisted, projects have fidelity, and people 
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be respectfully supported” (2020, p. 14). The institutional killjoy may not be a good academic; but they 
are a good advocate and are often found acting stringently in the public interest.  

A question raised by the killjoy’s role concerns how and in which ways these goals contradict the pace 
and scope of the policy drama as it unfolds. As such, this fourth role opens a question that may also haunt 
the policy actors as they enter the stage: what happens when policy processes become obscure, 
improvisational, or difficult to square with the previously considered notions of the ‘public interest’? 
What happens when an actor’s micro-sensibilities meet the messy meso-level of policy drama? 

5. Ghosting the future: Ambivalent and generative outcomes 
In determining whether our policy performances have been effective, we often examine the scene itself. 
Was there a Colombo moment, where the regulator was so swayed by evidence that we could yell, ‘aha!’? 
Unlikely. Did my performance sound confident? Did I read the room? What is more common is that the 
ghosts of the past haunt the present and prefigure the future. For drama to make sense we need to 
understand both the stage and what haunts it. 

In this article we have consciously employed the terms of drama - staging, scenes, roles, and theatrical 
ghosts – to illuminate some of the complexities of academic participation in technology policy making, 
especially AI policy making. We have outlined how the staging of policy making can favour 
performances from already-powerful (often corporate) actors, and how shifting policy scenes and themes 
challenges the performance of expertise. We have briefly explored some of the roles that policy actors 
play in sustaining AI policy’s publicities, and the way that these roles are haunted by our past experiences 
and our anticipations of how developing technology in the public interest might, should, or could unfold. 
In our experience, we have both observed and occasionally played several of these roles, although we 
also observe how the intensification of AI policy-making’s publicities at present involves processes that 
produce erasures of policy topics and policy perspectives. The implications of these erasures include the 
potential undermining of epistemic justice and the exclusion of marginalised voices, or the thinning out 
of democratic oversight processes in favour of policy capture by louder (often commercial or corporate) 
voices. We contend that participation in the AI policy drama and its attendant publicities produces 
ambivalent positions, as represented by our ghosts on the stage of the drama. These ghosts remind us of 
what could have been as well as what still might become. Accepting this ambivalence, including its 
dynamism, improvisational and oppositional nature may be important to feed, nourish and develop the 
practice of the public interest, which lives in the messy meso-level between our own sense of justice and 
the macro structures of the world.  

Our aims feel unfulfilled, and ambivalences remain. Yet scenes do change – perhaps not in the ways 
we expect. In Canada, the current AI bill seems dead in the water, likely to die with the end of Parliament 
all the while attention has shifted to AI safety (probably as part of Canada’s own performance on a global 
stage). For JUST AI, considerations of racial justice and ecological sustainability of AI systems initially 
slid out of view. This created a policy blind spot, since the results of the project were not easy to place 
within the shifting policy drama unfolding at the time. While the project’s efforts to bring strong 
standpoint epistemology and epistemic justice perspectives (see Fricker, 2007) into AI policy making 
may not have been remarked on the main stage, they may remain as ghosts to haunt future projects, or 
even to step into future policy scenes (Powell, forthcoming). One year after the project’s close, 
environmental sustainability has subsequently become a policy frame, while racial justice is addressed 
functionally in discussions of bias rather than through systemic efforts to consider the connections 
between innovation, exploitation, and systemic injustice. Disability-led design and the necessity for 
justified refusal of AI systems remain marginal policy topics that killjoys struggle to place in full view 
(Barron, 2024). Meanwhile, although large-scale strategic funding reframes the role of arts and 
humanities research as in service to, rather than critical of innovation (a recent strategic project “is 
dedicated to integrating Arts, Humanities and Social Science research more fully into the Responsible AI 
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ecosystem” (BRAID, 2023)), other funding calls focus on ‘a new model of research leadership and 
teamworking” and invites pilot experiments in organizing research more collaboratively (UKRI, 2014). 
Prototyping policy options may feel ambivalent, but the spectres it raises glimmer in the corners of future 
policy stages. 
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Abstract 
Public conversation around generative AI is saturated with the ‘realness question’: 
is the software really intelligent? At what point could we say it is thinking? I argue 
that attempts to define and measure those thresholds misses the fire for the smoke. 
The primary societal impact of realness question comes not from the constantly 
deferred sentient machine of the future, but its present form as rituals of 
misrecognition. Persistent confusion between plausible textual output and internal 
cognitive processes, or the use of mystifying language like ‘learning’ and 
‘hallucination’, configure public expectations around what kinds of politics and 
ethics of genAI are reasonable or plausible. I adapt the notion of abductive agency, 
originally developed by the anthropologist Alfred Gell, to explain how such 
misrecognition strategically defines the terms of the AI conversation.  
I further argue that such strategic misrecognition is not new or accidental, but a 
central tradition in the social history of computing and artificial intelligence. This 
tradition runs through the originary deception of the Turing Test, famously never 
intended as a rigorous test of artificial intelligence, to the present array of drama 
and public spectacle in the form of competitions, demonstrations and product 
launches. The primary impact of this tradition is not to progressively clarify the 
nature of machine intelligence, but to constantly redefine values like intelligence in 
order to legitimise and mythologise our newest machines – and their increasingly 
wealthy and powerful owners.    

Keywords: generative AI; machine intelligence; agency; ritual; spectacle; history of AI 

 

1.1 The real artificial intelligence 
Public discourse around generative AI (genAI) is saturated with what we might call the realness question: 
is the software ‘really’ intelligent, creative, or even, sentient? Does its textual, image, and video output 
count as ‘really’ artistic or meaningful? The quasi-public releases of Stable Diffusion, Midjourney and 
DALL-E 2 during the summer of 2022, and then ChatGPT’s sudden launch that November, provoked a 
cacophony of public spectacles, often explicitly presented as tests of realness. A Midjourney-generated 
image won an art prize at a local fair (Roose, 2022); GPT-4 allegedly passed bar exams with flying colours 
(Weiss, 2023); and a United Nations event staged a ‘press conference’ by humanoid robots (AP News, 
2023). Yet the realness question does not present any kind of coherent philosophical inquiry; there are 
rarely clear and consistent criteria for distinguishing genuine intelligence or real creativity from its 
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facsimiles. Rather, the realness question provides a social ritual for dramatising and renegotiating the 
boundaries between ourselves and machines – a ritual that can be traced, some cultural histories of 
automata suggest, back to Western Antiquity (Kang, 2011). In this role, the realness question mediates 
other dominant public debates around genAI’s capabilities and consequences, such as machine 
intelligence, labour replacement, and ‘hallucination’.  

These rituals for understanding and evaluating artificial intelligence play out through public dramas. 
From entrepreneurs’ bombastic, self-serving predictions about imminent AI breakthroughs, to 
enthusiastic users seeking to test genAI tools for signs of intelligence, such spectacles help shape what 
becomes widely understood as possible, plausible, and inevitable about new technologies. Distinct from 
the substantive question of whether a given machine is ‘really intelligent’, public dramas elicit visceral, 
affective relationships with novel technologies, moulding the sentimental conditions upon which specific 
debates around regulation or adoption take place. This tendency extends a long historical pattern of how 
science and technology become publicly understood and justified. Akin to the demonstrative, even 
theatrical role of experiments in early modern science (Shapin & Schaeffer, 1985) to modern America’s 
fascination with technological ‘sublime’ (Nye, 1994), public tests of genAI’s ‘realness’ cultivate a 
collective sense of what proofs or breakthroughs might look and feel like.  

Crucially, this dramatisation of genAI repeatedly reinforces a fundamental misrecognition of the 
technology and its relationship to human qualities like intelligence and creativity. Drawing on Peircian 
semiotics, Weatherby and Justie (2022) argue that the very question of whether AI ‘resembles’ human 
intelligence is a ‘metaphysical misstep’ based on a ‘naïve iconic interpretation’ – where visceral 
resemblance at the output level, such as in LLM-generated news articles or poetry, is taken as proof that 
machine learning systems process information as human brains do. This misrecognition is not simply an 
epistemic error, attributable to technological complexity and thus resolvable through literacy or 
explainability. Rather, it is a strategic misrecognition that calibrates collective expectations around how 
AI is to be evaluated, and what kinds of political and ethical questions are relevant or plausible – a process 
that is frequently led by and for a narrow elite of entrepreneurs, venture capitalists, and celebrity scientists. 
Generative AI output and its various misadventures thus populate public debates with anecdotal folklore, 
media framing, and other tropes toward the broader myth that genAI is on the cusp of an imminent and 
inevitable transformation of society (e.g. Bender, 2022; Sadowski, 2018; Vinsel, 2021). Below, I make 
two arguments: first, that public dramas around genAI’s realness question are a central medium for 
perpetuating this strategic misrecognition; second, that such misrecognition establishes a common set of 
tests, thresholds, and indicators for evaluating AI and its promises – providing a tautological cycle of 
justification for the tech elites. 

This approach helps clarify the strategic function of the speculative hype and panic around successive 
generations of technological futures, including generative AI. Much of the current debate around AI’s 
social impact has been structured around the apparent opposition between ‘accelerationist’ and 
‘doomerist’ positions, and the ostensible feud between the two. Thus Marc Andreessen (2023), one of 
Silicon Valley’s most influential venture capitalists, insists that AI will “save the world” through a 
virtuous cycle of productivity growth, trickle-down economics and ‘skyrocketing’ consumer spending. 
Meanwhile, the ‘doomers’ issue high-profile calls to pause AI development, such as the longtermist 
Future of Life Institute’s March 2023 letter, featuring star signatories like the computer scientist Yoshua 
Bengio and Elon Musk (see Gebru et al., 2023). Yet both positions effectively share a foundational 
commitment to the realness question. Both camps share the foundational assumption that existing genAI 
systems provide a direct technological ramp to ‘really’ intelligent machines, i.e. artificial general 
intelligence [AGI]. It is upon this speculative common ground that both ‘camps’ argue AGI is imminent 
and inevitable, and that the incumbent elite of technical AI researchers and industry leaders must continue 
building these tools at their discretion.  

The persistent misrecognition of genAI as ‘sparks of AGI’ thus supplies pseudo-metaphysical 
justification for further concentration of power and wealth around AI. These narratives help consolidate 
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policy debates and investment funding around speculative logics of superintelligence and far future risks 
(McKelvey & Roberge, 2023, p. 21). Thus Geoffrey Hinton, whose scientific contribution to 
backpropagation has been central to contemporary machine learning breakthroughs, has since rebranded 
himself as a public speculator around the existential dangers of AI (e.g. Metz, 2023). He has argued that 
concerns about AI’s amplifying racial disparities or environmental destruction “aren’t as existentially 
serious” and that we should rather focus on the robot apocalypse (Bender, 2023). This dynamic extends 
what Meredith Whittaker (2021) has called the capture of AI ethics by industry actors – in which Silicon 
Valley in particular has used its political and economic capital to direct resources and visibility towards 
incremental, techno-solutionist renditions of AI ethics, squeezing out more foundational problems around 
facial recognition and algorithmic decision-making systems. The notion of strategic misrecognition 
emphasises how accelerationist and doomer predictions, and other public dramas around the realness 
question, work to “[re]capture power and create obfuscation by making new myths and legends” 
(Coldicutt, 2023) around speculative future technologies and their incumbent elites. 

1.2 Dramas of justification 
Public dramas around generative AI echo a far longer pattern of metaphysical and teleological myths in 
the history of technology. In the early United States, technology was quickly enlisted toward national 
origin stories of ‘second creation’ through settler mastery of nature (Nye, 2003). Post-colonial nation-
building often mobilises grand technological projects – dams, telecom infrastructure, and so on – into 
belief-building objects that Paula Chakravartty (2004) calls ‘temples of the future’. Silicon Valley’s 
decades-long fascination with posthumanism and the Singularity extends this mythological tapestry and 
especially its eschatological dimension (Dinerstein, 2006; Hong, 2022; Kneese, 2015; F. Turner, 2016). 
Speculative discourse around human extinction and radical transcendence, across technologies like AGI 
and space exploration (Roberts & Hogan, 2019; Smith & Burrows, 2021; Utrata, 2023), carve out 
bounded spaces for rehearsing the social and political implications of technology.   

These are what Bryan Pfaffenberger (1992) has called technological dramas: public events and 
controversies through which technological change is collectively visualised, alternative interpretations 
confronted, providing a scaffolding of expectations and attitudes around speculative notions like artificial 
general intelligence. Technological dramas are strongly ritualistic in the sense that these collective, staged 
performances work to enact new social realities (e.g. Rappaport, 1999; V. Turner, 1976). It is the 
formalised roles and scripts in a ritual, and its public and staged quality, that produces a collective sense 
that the change in question (say, the reclassification of a neophyte into a full member of the community) 
is being appropriately tested and subsequently resolved. Today, the means of production and propagation 
of these dramas is largely dominated by the incumbent group of tech megacorporations and investors, 
from Microsoft through their relationship with OpenAI to figures like Andreessen. 

Public dramas around genAI reinforce the primacy of the realness question as an interpretive lens and 
historical narrative. The design and promotion of tools like ChatGPT and Bard has encouraged the general 
public to experiment, ‘testing’ the machines for the appearance of intelligence or artistry. Casey Fiesler 
notes that ChatGPT’s breakout success owed much to its anthromorphising interface – a deliberate design 
choice and not driven by any technical necessity – which has the cost of obfuscating the models, data, 
and human labour behind the front-end (in Bender & Fiesler, 2023). Investment and product development 
decisions at the corporate level are also driven by the need to generate and steer public dramas in order 
to bootstrap underdeveloped technologies into cultural and market prominence. David Kampmann (2024) 
has shown how Silicon Valley’s reliance on venture capital funding produces hard economic motivations 
for such dramatisation: since investment is rooted in expectations of massive ‘blitzscaling’ success for a 
few breakout products, spectacles of supposedly imminent breakthroughs become a key collateral through 
which to gain further funding and contracts. OpenAI’s development of ChatGPT in late 2022 was itself 
frantically rushed (Roose, 2023) specifically to pre-empt competitors in shaping public expectations 
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around genAI. This speed was rewarded with extended media and policy attention, which OpenAI’s 
leaders maximised with a months-long world tour meeting state leaders, culminating in an early 2024 
share sale valuing the company at 80 billion USD. Public dramas, in other words, are key to how nascent 
and unreliable technologies become embedded into cultural and financial futures.  

The realness question thus employs dramatic means (around the misrecognition of ‘real’ machine 
intelligence) towards strategic ends (of shaping AI’s regimes of justification). Below, I analyse genres of 
drama around genAI as intelligent machines, and situate them in a longer history of computing and AI – 
eventually arriving in the long, zombified afterlife of the Turing Test. These dramas around genAI do not 
constitute a collective, open-ended exploration for the meaning of new technologies, but an elite-driven 
pursuit of cultural justification for already determined strategies of market domination. In The New Spirit 
of Capitalism, Luc Boltanski and Eve Chiapello (2007) explain that one of capitalism’s distinct strengths 
is at crafting its own regimes of justification: the publicly accepted ‘tests’ and standards by which new 
paradigms like neoliberal privatisation or AI-driven automation might be considered proven. For instance, 
there is mounting evidence that the use of predictive algorithms for human behaviour and social decision-
making is beset by fundamental flaws: the target of prediction, such as criminal risk, cannot be robustly 
defined and operationalised, and the very conceit of ‘predicting’ social outcomes lacks a coherent 
theoretical foundation (see overview in Wang et al., 2023). Yet the use of single-figure accuracy scores, 
for example, has effectively positioned these tools as engaged in a race with the ‘average human’, yielding 
a contest in which victory provides an objective seal of legitimacy. This is one example of the justificatory 
regime built through the incessant testing of generative AI for ‘real’ intelligence: a collective framework 
against which other theories and values must make themselves legible – or become relegated to the 
margins. 

This dramatic approach allows us to focus on the concrete societal consequences of genAI, which are 
driven not by a metaphysical ascent up the ladder of general intelligence, but by the ambiguous, arbitrary, 
and underdefined ways in which we are encouraged to talk and think about the technology. Researchers 
have painstakingly shown how present-day generative AI does not meaningfully understand language 
(Bender, 2023); are stochastic parrots that recombine text and image without meaning (Gebru et al., 2023; 
Jiang et al., 2023), and exhibits no direct pathway to developing ‘general’ intelligence (Marcus, 2022) – 
despite the very label of ‘artificial intelligence’ imbuing contemporary machine learning techniques with 
‘magical thinking’ (Raley & Rhee, 2023, p. 188) around its capabilities and historical trajectory.1 This 
definitional messiness is a feature, not a bug, of the drama. Tech industry and its elites have proven 
consistently skilled at deflecting scrutiny from regulators, academia and civil society, often by 
encouraging debates and tests that are predisposed towards incremental, technical solutions: is there a 
‘tradeoff’ between security and privacy in digital systems? Could a more ‘optimised’ algorithm avoid 
racial bias and other historical inequalities? (e.g. see critiques in Goldenfein et al., 2020; McKelvey & 
Neves, 2021; Turow et al., 2015) Accounts of strategic misrecognition can help us think more deliberately 
and independently about the regimes of justification around generative AI.  

Below, I focus on the misrecognition of intelligence in genAI discourse. The field of artificial 
intelligence has famously lacked a clear and consensual definition of intelligence for its entire history. In 
public dramas around genAI and the future of AI technology, intelligence appears both as a master 
criterion for progress and as a messy, inconsistent notion overlapping with qualities like consciousness 
and creativity. Public dramas around genAI rely on such overlaps: debates around specific capabilities 
(such as writing generic news articles) or other humanlike qualities (such as performing empathy) quickly 
become scenes for pseudo-metaphysical speculation around machine intelligence. This allows actors to 
strategically gesture towards wider cosmological speculations, seeking to endow today’s clunky 
machines with an aura of historical agency. I return below to the history of artificial intelligence as a 

 
1 Invoking philosopher of science Helen Verran, Lucy Suchman calls it a ‘hardening of the categories’ – where the fixity of the sign exudes a 
semiotic confidence belied by the instability of the classificatory work now concealed by the sign (Suchman, 2023, p. 3). 
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strategically underdefined term. But first: what exactly is being ‘misrecognised’ when genAI is subject 
to tests of ‘real’ machine intelligence?  

2.1 The abduction of generative AI 

In 1997, the British anthropologist Alfred Gell received a terminal cancer diagnosis – and duly resolved 
to complete as quickly as possible his final argument: that art objects exhibit agency through a process of 
abduction (Gell, 1998). In this view, many kinds of art – a painted portrait, a finely carved Trobriand 
canoe, apotropaic emblems like good-luck charms – may all exhibit agency insofar as they are attributed 
causal power in their cultural context. Drawing on Peircian semiotics, Gell argued that art objects are 
indexes, “chiefly function[ing] as a sign that points to something else” (Chua & Elliott, 2013, p. 8). The 
objects do not possess agency, but are imputed agentic capacity by others. Thus agency is a relational 
effect, and not an essential quality; it is something that “rub[s] off on objects” rather than emanating from 
within (Abram, 2005, p. 13).2 

Agency, of course, is not intelligence. But genAI’s misrecognition of intelligence involves a very 
similar form of abductive attribution. Software output is consistently misrecognised as process: the 
appearance of bildungsroman form or impressionist technique in the output is taken as proof of some 
form of underlying skill, intention, or understanding – despite growing evidence of basic methodological 
flaws behind many high-profile demonstrations that sought to prove LLMs can ‘know’ and ‘think’ 
(Martínez, 2024; also see Heaven, 2023b).3 Notably, Gell emphasises that abductive agency does not 
require free will or consciousness, only a social object with a basic capacity to mediate causal effects. 
Decoupling agency from metaphysics in this way unclutters much of the category confusion in the 
realness question. Since agency is abducted, i.e. socially attributed as relational effect rather than an 
internally possessed quality, we can recognise genAI output’s obvious impact on human beings – to 
bewilder, to convince, to affect – without needing to jump to logically incoherent claims about machine 
intelligence. We also need not presume that abductive activity is always a sign of user ignorance or 
superstition, if we realise that abduction is a common and ordinary form of human sensemaking.   

In 2022, Google engineer Blake Lemoine went public with claims that, based on his experience with 
the company’s LaMDA chatbot, the chatbot must be sentient. The extended global media attention on the 
drama – heightened by Google’s subsequent termination of Lemoine – further reinforced the dominance 
of the realness question in public debates around generative AI (e.g. see Johnson, 2022). Here, output is 
again misrecognised as process, and relational phenomena used to speculate about essential qualities. The 
Lemoine saga extends a long pattern of such abductive panics in the history of computing. Chatbots, in 
particular, have been dominated by attributions of humanlike intelligence and consciousness for decades. 
In 1966, the public debut of the ELIZA chatbot famously provoked similar misrecognition around 
machine intelligence. Joseph Weizenbaum, its creator, suggested that his own secretary imputed human 
qualities onto the bot – despite the immediately visible limitations of its Sokratic tendency to repeat the 
user’s questions back at them (Weizenbaum, 1976, p. 6). The irony was that Weizenbaum had designed 
ELIZA in part to show how relatively unintelligent software with a small vocabulary could still simulate 
the appearance of conversational interaction.  

Such misrecognitions are often presented as a true/false test: is the computer really intelligent (that is, 
possessing it as an essential and innate quality), or is the user simply mistaken? Abduction provides an 
alternative interpretation: that such attributions are pragmatic responses that help establish useful fixtures 
for social and moral responses to new technology, even if they may be technically incorrect. Blaming 

 
2 More broadly, relational approaches have been central to accounts of information processing and decision-making in complex human-
machine assemblages, from drone warfare to biohacking and smart urbanisms, where human perception, cognition and judgment are 
thoroughly interweaved with the machines around them (Hayles, 2017; Sampson, 2017). 
3 Consider OpenAI’s widely publicised claim that GPT-4 scored in the 90th percentile in the Uniform Bar Exam. An independent evaluation by 
Martínez (2024) has shown that the percentile figure was estimated using unspecified methods, which appear to draw from a skewed dataset of 
human scores. 
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algorithms for bias, for example, can be a (temporarily) effective way to seek some accountability for a 
harmful result where traditional attributions of blame have been obfuscated by new decision-making 
systems. For tech elites, misrecognition has been a profitable way to stoke controversy around the 
possible sentience of AI systems, persuading investors, policymakers and the public that AI development 
must be a grand civilisational priority above all other concerns.   

Gell had insisted that a proper anthropology of art needed to be strictly divorced from the question of 
aesthetics. There were two reasons for such a move. First, the causal effects attributed to art objects were 
not always dependent on aesthetic appreciation. Second, this would help us consider abduction in objects 
that don’t easily fit into modern Western norms around art – the primacy of painting, the hierarchy of 
artistic value via museums and curatorial control, the norms of contemplative appreciation, and so on. 
Similarly, setting aside aesthetic considerations helps clarify what is happening in an abductive process: 
genAI output’s ability to fool or amaze human observers is not any necessary indicator of intelligence, 
creativity or consciousness, but only of its capacity for inviting abduction. Such capacity emerges from, 
above all, genAI systems’ ability to ingest massive amounts of human art and communication – and the 
webs of referentiality, intention, and meaning invested into them – and to break down and reprocess it all 
into an industrial swill for mass production (Salvaggio, 2023). It is from this cacophony of fragments that 
we infer meaning, relating a meaningless image or text back into our learned sense of art history of literary 
genre. As scholars have already noted of ‘big data’ systems, when there is enough noise, it becomes easy 
enough to ‘discover’ signal apophenically (e.g. Steyerl, 2016). This distinction puts a stopper on the 
slippery slope of reasoning, where it is assumed if genAI were to produce ‘real’ art (or legal opinion, or 
scientific paper), then the machine would need to be treated as an artist – and the ensuing speculations 
about machines’ ability to replace human labour wholesale or their eligibility for various human rights. 
As Gell (1988, chapter 7) pointed out, many objects across world cultures are abductively attributed with 
powerful causal effects without conferring virtuosic status on their creators.  

Thus, if a genAI-produced poem should unsettle us or bring us to tears, this says nothing much about 
essential humanlike qualities, but points to a long tradition of abductively artistic objects that have made 
humans laugh and cry without necessarily moving the bar on sentience or existential risk. Automata, in 
particular, have historically incited public engagement specifically in the form of ‘detective work’, 
provoking speculations of realness: does this machine reason? Does it simulate something of life? And if 
so, what does it suggest about our own reasoning and living? (Geoghegan, 2020) One emblematic case is 
Jacques de Vaucanson’s 18th century invention, Le Canard Digérateur [The Digesting Duck]. Vaucanson 
claimed that the machine had mastered the ability to eat, and subsequently, shit – and showed off the 
routine in popular demonstrations in and around 18th century Paris. All available evidence suggests that 
the duck had simply stored pre-made shit pellets inside; but what is telling is that well into the 19th century, 
commentators often assumed that it must have possessed artificial anatomical features, such as a 
mechanical intestine (Riskin, 2003). Machines have been objects of abduction for a long time, and 
misrecognition of this abductive relation has long fuelled speculation around what makes us intelligent. 

2.2 Uncanny capture 
Why, though, does genAI output prove so fertile for abductive attribution? Let us remain a little longer 
with Gell, who provides the label of the causal milieu (1998, p. 37): a cultural, interpretive context that 
shapes what kinds of agency is likely to be anticipated and recognised. From sorcery and cursework to 
carnivalesque effigies, the milieu regulates cultural norms around how some forms of abductive 
attribution become acceptable, while others become categorised as superstitious or transgressive. Gell 
himself cites the case of the Rokeby Venus in 1914 (Gell, 1998, Chapter 4), in which suffragette Mary 
Richardson’s slashing a venerable Velázquez is condemned as a barbaric attack rather than being seen as 
an ‘artistic’ experiment of defacement. The difference between what constitutes ‘genuine’ acts of 
creativity and skill, and what constitutes mere copy or even vandalism, depends on this quasi-
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Bourdieusian milieu. In their very design as well as the promotional discourses around them, genAI tools 
like Midjourney seek to shape a milieu for themselves, offering statistical recombination of image data 
as the new benchmark of intelligence.  

Experiences of mystery, awe, and captivation are central to shaping these causal milieus. Here we 
return to technology as myth, as temples of the future. Gell suggests that abduction of agency often occurs 
when we perceive ordinary means achieving extraordinary results. The brushwork on a Vermeer or the 
carvings on a Trobriand canoe is not so alien as to defy any interpretation, but sufficiently extraordinary 
to evoke a sense of mystery as well – especially if we’ve been exposed to modern art museums and other 
causal milieus in our lives (Gell, 1998, p. 71). GenAI output, especially when designed to respond to 
iterative and experimental human prompts, incites similar activities of speculation and wonder through 
the aforementioned ‘detective work’. Such abductive activity is further encouraged by the tech elite-
driven narrative that AI is fundamentally ‘unexplainable’ even to its own human creators – an air of 
mystique that is then used to justify both utopian and dystopian claims about the technology’s imminently 
superintelligent status. Microsoft researchers’ much-publicised paper, ‘Sparks of AGI’ (Bubeck et al., 
2023), thus argued that GPT-4 exhibits some forms of ‘general intelligence’, even while employing 
definitions and measures of intelligence that they acknowledged were rather arbitrary and subjective – 
and, as other researchers quickly pointed out, relied on an infamous 1997 editorial that was written as an 
activist endorsement of innate racial differences in human intelligence (Bender, 2023).  

The mystery around genAI output thus provokes a sense of the uncanny, furnishing space for 
speculative meaning-making and abductive attribution. In computing, the uncanny usually means the 
uncanny valley: the zone in which synthetic images are realistic enough to invite recognition as real, but 
not quite realistic enough to convince. Yet both in Masahiro Mori’s original 1970 formulation and 
contemporary use, the uncanny valley functions as a useful label for clearly observable phenomena, but 
there is no robust theory of what makes computer graphics uncanny under what conditions. More broadly, 
the uncanny has a rich tradition in philosophy and literary theory, and has often been central to cultural 
responses to automation throughout history. The surrealists turned to cyborgs and other uncanny 
intersections of humans and machines to process the ‘shock of industrialisation’ (Foster, 1991) – as the 
situationists would later do in response to the dominant myth of cybernetic futures (Routhier, 2023). 
Many moral panics around new media technologies can also be understood as a reaction to the perceived 
unsettling of boundaries and categories (also see Ravetto-Biagioli, 2019; Kang, 2011). We may think of 
the ambiguous gap between my ‘offline’ and ‘online’ self, and later, my ‘data double’ or ‘data 
doppleganger’ (e.g. Cheney-Lippold, 2017; Watson, 2014), or between bots and ‘real’ users – and the 
discomfort that arises from the eventual recognition that there can often be no firm separation between 
the two.   

The uncanny is thus an important site for inciting wonder and terror around genAI objects, and in turn, 
practices of abductive attribution. Susan Lepselter (2016) writes that the uncanny is a central affect in 
many everyday myths about politics and society. It is a percolating sense, never quite concretised into 
official forms, but recurring in the margins, in the patterns of the stories we tell: for instance, “a sense 
that life in America [today] is shaped by some ineffable, enormous power, a power that can be seen only 
in the patterns of its effects” (p. 1) – from relatively discredited powers like aliens and the Illuminati, to 
relatively normalised ones like ‘the economy’ or ‘the (deep) state’. The key is that the uncanny is not 
simply an experience of the destruction of the scaffolding of meaning, but also part of a constant, everyday 
effort to rebuild that scaffolding. Drawing on Freud’s unheimlich – usually read as ‘unhomely’ or 
‘unfamiliar’, but also, in his own writing, involving forms of ‘involuntary repetition’ – Lepselter (pp. 22–
23) argues that there is a habitual element to the uncanny: that we scramble to unearth (also see Vidler, 
1999, p. 27) some uncanny gap, and then to see it again and again, so that we may once again seek to 
close or ‘complete’ it. This provocative, restless dimension comes to the fore in the abductive speculations 
around generative AI.   
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In September 2022, multimedia artist Supercomposite reported ‘discovering’ a memorably creepy, 
deformed face while experimenting with negative prompt weights in genAI tools (in which the software 
seeks to generate output that is opposite to the description) (e.g. Rose, 2022). It was an emergent effect: 
since this particular face was not specifically summoned by a positive prompt or name, the human user 
could only indirectly control its appearance in generated output. But reappear it did across many different 
generated images, with a consistently macabre stylisation. (It is apropos that the face often takes a doll-
like aesthetic: Freud examined dolls as a key example of unheimlich, drawing from Ernst Jentsch’s earlier 
reading of the doll Olympia in Romantic writer E.T.A. Hoffmann’s 1817 story, Der Sandmann.) 
Supercomposite promptly named the face ‘Loab’ – observing that even when Loab-producing prompts 
were combined with prompts for entirely different shapes or styles, human viewers could easily recognise 
an enduring ‘Loabness’ in the resulting output. The mystery around Loab’s provenance, and its 
memorable visual features, provoked familiar speculations and panic around genAI’s intelligence, 
memory, and even spirituality. Once again, the realness question had provided a shared blueprint for 
collective practices of speculation around machine intelligence. 

3.1 The spectacle of the test 
How are causal milieus formed and maintained for generative AI, cultivating a wider public ‘literacy’ on 
how to read the technology for ostensible signs of intelligence? One key medium is the test as spectacle. 
From art competitions to bar exams, the realness question (and its uncanny affects) is often 
operationalised into public tests, presenting putatively objective reference points for tracking the progress 
of artificial intelligence. Predictions of the imminent arrival of AGI thus faithfully recycle an old tradition 
of spectacles, tests, and predictions. In February 2022, Sam Altman opined that “techno-optimism is the 
only good solution to our current problems” – and that this supposedly ‘radical’ and unpopular position 
will deliver ‘limitless, cheap, clean energy’, as well as space colonisation, fusion, and ‘cure all human 
disease’ (Sam Altman [@sama], 2022). He has continued to leverage public attention around OpenAI’s 
generative tools to spread the teleological rhetoric of abundance. Such speculations are not lackadaiscal 
asides, but a central part of the emerging regime of justification around AI. The tech elite’s more 
‘pessimistic’ public declarations have tended to exactly mirror Altman’s rhetoric, with only the outcomes 
inverted: a Center for AI Safety statement in June 2023 argued that “mitigating the risk of extinction from 
AI should be a global priority” precisely because its superhuman prowess and universal adoption is 
virtually guaranteed (Statement on AI Risk, 2023; also see Wong, 2023) It is no contradiction, in that 
sense, that Altman was one of the signatories for the letter: AI optimism and pessimism are joined at the 
hip of strategic interest, protecting a tightly bounded sphere of technological futures. 

Such predictions liberally remix religious tropes out of context to craft eschatological messages of 
urgency and inevitability (also see Cheney-Lippold, 2024; Gebru & Torres, 2024). Thus Anthony 
Levandowski, one of the most prominent engineers in the self-driving car research community, is also 
the founder of the short-lived “Way of the Future,” a self-proclaimed “church of AI” – founded in 2015 
and shuttered in 2020 – having sought to prepare humanity for the imminent arrival of superintelligent 
machines. Ray Kurzweil, a serial prophet, has now spent several decades predicting the Singularity as the 
impending next great chapter of civilisation – a vision of total technological rewriting of society. Implicit 
in these tales is the conceit that only the Valley’s unique community of transgressive geniuses can see 
into this future and prepare the rest of us for its arrival (also see Hong, 2022).  

Predicting some form of ‘genuine’, all-purpose artificial intelligence in the near future, quietly stepping 
over the expiry date, and then predicting it again, has been a regular ritual throughout the history of AI 
research. In 1970, Marvin Minsky, widely hailed as a founding figure of AI, told Life magazine that a 
machine will possess ‘general intelligence of an average human being’ in ‘three to eight years’ (Darrach, 
1970) – despite the field’s perennial lack of a robust, consensual definition of intelligence throughout its 
entire existence (e.g. Dick, 2019). In many ways, “the field [of AI] has always involved fantasy in search 
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of a practical method” – a conjectural bet, made for promotional reasons as well as intellectual, that 
machine intelligence might be possible (Stark, 2023a, p. 367). Minsky and his colleagues specifically 
chose the term artificial intelligence to cast the broadest possible net for funding and significance. Yarden 
Katz describes how John McCarthy, in proposing the 1956 Dartmouth workshop today mythologised as 
the founding event for AI, eventually settled on the term in order to avoid “embracing MIT mathematician 
Norbert Wiener, who coined [cybernetics], as the [new] field’s ‘guru’.” (Katz, 2020, p. 22) Although 
Claude Shannon had initially argued against the undefined and loaded use of ‘intelligence’, he eventually 
signed on, along with Minsky, as the workshop’s co-organiser. The new moniker quickly achieved its 
aims: ARPA enthusiastically funded artificial intelligence projects, sidelining cyberneticians despite their 
complaints of the AI researchers’ ‘con trick’ (Katz, 2020, pp. 24–25).   

This pattern of speculation and prediction is not restricted to a discrete ‘marketing’ dimension, 
hermetically sealed away from the more serious work of actually doing science and technology. 
Communities of AI and computing have for decades organised their collective sense of technological 
progress and its direction through genres of public tests and spectacle. One obvious correlate here are 
performance competitions, such as ImageNet’s Large Scale Visual Recognition Challenge (ILSVRC) or 
the Netflix Prize, which organise a formal conflict through which specific models may emerge victorious, 
and more importantly, a common sense of technical progress may be coordinated. Such tests extend a 
wider technoscientific culture of justification, from benchmarks (Raji et al., 2021) to prototypes (Corsín 
Jiménez, 2014; F. Turner, 2016) and variants of design thinking (Irani, 2018). Similarly, a ‘test-bed’ 
approach is central to the smart technology paradigm: populations and cities become sites of constant, 
real-time adjustments and experiments in which models are always already rolling out changes into the 
environment and thus requiring indefinite adaptation (Halpern & Mitchell, 2022). In short, the very notion 
of artificial intelligence emerged in part as a bid to shape the public conditions of justification. The regular 
production of speculative predictions about transformative futures, and more formalised rituals of tests, 
challenges and prototypes, both serve as what Latour (1988) called the ‘theatre of the proof’, cultivating 
common expectations around what can realistically be demanded of technology in the first place.    

3.2 Turing’s mirage 

One of AI’s most popular origin myths, of course, is a test. In 1950, Alan Turing proposed ‘the imitation 
game’. Its details are well known: X converses with Y and Z, physically separated and without somatic 
markers like voice. If X cannot distinguish which of Y and Z is human or machine, the machine has 
passed the test. This fairly specific exercise was then glossed with a rather speculative estimate: that ‘in 
about fifty years’ time’, computers would have sufficient storage capacity to pass the test (Turing, 1950). 

Crucially, Turing did not address the question, ‘can machines think?’, which he explicitly dismissed 
as “too meaningless to deserve discussion” (p. 442). The imitation game was instead about substituting 
the problem of intelligence with a pragmatic and provisional task. In the 1950 paper, Turing entertained 
some familiar objections – for example, that machines cannot produce novel thought, or fall in love – but 
the aim was not to defeat these objections, only to suggest that these objections themselves are not 
conclusive enough to dismiss the possibility of machine intelligence in the future (pp. 442-454). Simply 
put, the Turing Test was never a test; in Turing’s own words, it remained a game, a demonstration (also 
see Mitchell, 2024). 

The central role of imitation in the Turing Test sabotages any retroactive effort to formalise the test as 
a watertight proof of intelligence, as many have discovered over the decades. After all, imitation points 
to computers as fundamentally abductive agents, rather than possessing any essentialised agency. Yet the 
imitative dimension was not accidental; it was rooted in Turing’s lifetime of work. Well before the 1950 
paper, the Turing Machine had proposed a universal mathematical definition of computability, and its 
iconic tape mechanism was designed to mimic human mathematical cognition (Hodges, 2009). One might 
speculate an alternative history of AI where the field seriously engaged the relational implications of 
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imitation in the Turing Test – leading, perhaps, to more realistic theories of machine interactivity 
unburdened of the metaphysical hot air around the sentience of text and pixel recombination software.  

Computing took the other road. Since 1950, the Turing Test has taken on a mythological life across 
both the lay public and expert communities, often taken as an ur-test, a final frontier which offers the 
possibility of absolutely proving machine intelligence. Although many researchers across philosophy, 
computer science and other domains have dissected the test’s limitations, it has remained prominent both 
as a thought experiment and as a concrete research objective. Some competitions, such as the Loebner 
Prize (1990-2020), took a fairly literal path, each year inviting participants in a standardised Turing Test. 
Some observers were enthusiastic, others more skeptical (e.g. Floridi et al., 2009; Marcus, 2014) – while, 
somewhat ironically given his own historical promotion of utopian predictions about AI, Marvin Minsky 
loudly decried the Prize as a publicity stunt. James Moor, a prominent moral philosopher in computing 
and AI who wrote extensively on the Test for over four decades, admitted that the test fails to provide an 
operational definition of AI – while also insisting that the test can somehow provide a philosophical 
foundation for the question of machine intelligence (Moor, 2001).   

This is not to paint a history in which original nuance is diluted over time. Simone Natale (2021) argues 
that since its inception, the Turing Test helped establish deception – or, in my terms here, misrecognition 
– as a constitutive element of artificial intelligence. Turing had readily admitted that the 1950 piece was 
written as a “form of propaganda that would stimulate philosophers, mathematicians, and scientists to 
engage more seriously with the machine intelligence question.” (Natale, 2021, pp. 19–20) This ‘deceptive’ 
strategy determined the test’s initial design as well as its subsequent legacy. Consider the actual 
parameters of the test. Turing’s design requires an ‘average interrogator’ without special knowledge (of, 
say, linguistics or anthropology), without additional contextual knowledge of how machines of this kind 
tend to be designed, and tasked with guessing the machine after ‘five minutes of questioning’. There is 
little theoretical justification as to why any of these parameters are necessarily or ideal. Instead, Turing 
chose to present a kind of test which can provide an effective and immediate theatre of proof.4  

The legacy of the Turing Test, too, belongs primarily in the annals of technoscientific demonstrations 
towards constructing public regimes of justification. Researchers have suggested that competitions like 
the Netflix Prize taken on a sport-like dimension in terms of its coverage and cultural impact (e.g. Orr & 
Kang, 2023); we may also point to more literal sport events staged for AI justification, such as AlphaGo’s 
duel against Go master Lee Sedol in 2016. As computer scientist Delip Rao (2023) has argued, these 
benchmarks and competitions also exert a gravitational pull for research and funding, creating perverse 
incentives in what kinds of ‘breakthroughs’ are pursued and celebrated.  

There has been no shortage of candidates for dethroning the Turing Test with other tests. But most 
efforts play with the parameters while retaining its dramatic structure. Some suggest a Lovelace Test, for 
instance. Taking up Ada Lovelace’s comment on Babbage’s Analytical Engine that computers cannot 
‘originate’, it is argued that a test for more creative content, such as poetry, would provide a satisfactory 
test of intelligence (e.g. Bringsjord et al., 2003). Yet the misrecognition of an abductive relation as an 
essential one remains. The search for the ‘right’ or better test thus extends rather than breaks from this 
wider culture of ritualised, spectacular demonstrations. Leif Weatherby (2023) relays Lydia Liu’s 
observation that “all ‘Turing-style’ tests reduce intelligence to a competition between humans and 
machines” – a sport in which the winner takes home the prized status of public proof and recognition. 

What might a qualitatively different test do for public conversations around generative AI? Jack Stilgoe 
(2023) argues for a Weizenbaum Test: if a technology can be built, should it? Who will benefit, and who 
will bear the costs? Such a test steps outside the myopic laboratory conditions imposed by the Turing 
Test and its heirs, in which an individual human specimen is locked inside a (Chinese) room for 
experimental proof. Outside this strange and unnecessary confinement, it becomes clear that where 

 
4 Turing recommended that when given an arithmetic question in an imitation game, the computer should “pause about 30 seconds” before 
giving the answer (Turing, 1950, p. 434) – a parlour trick quite comparable to how present-day genAI systems take to folksy turns of phrase to 
perform humanlikeness.  
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computers are attributed by (some) human beings with qualities like intelligence or consciousness, that 
practice of attribution is itself shaped by arcs of political and economic interest that have cleared the 
social stage for the arrival of the new technology in the first place (Marvin, 1988; Pfaffenberger, 1992).  

4. Conclusion: Devaluation machines 
The misrecognition surrounding generative AI is ritually reproduced abduction, rather than incidental 
forms of human ignorance. It serves strategic objectives for shaping the terms of the AI conversation in 
favour of the incumbent tech elites, rather than simply a stumbling block on the road to sentient machines. 
GenAI, in other words, should be evaluated primarily as an abduction machine with a social and political 
strategy. Tools like Midjourney and ChatGPT are deliberately designed to produce a particular form of 
abduction, derived from a long history of anthromorphisation and of a fascination with uncanny machines.  

The most serious consequence of such abduction – and one in urgent need of critical analysis and 
reframing today – is that these machines enact a widespread devaluation of the human qualities that the 
technology purports to reproduce. The question of whether a machine can ‘replace’ a human at a task is 
a misleading one, because it reproduces the realness question as a substantive problem, and implies that 
the answer depends on how ‘smart’ the machine is. Rather, the abduction view asks how machines 
dramatise and redefine qualities like intelligence – and in doing so, justify the pernicious suggestion that 
whatever can cheaply and fleetingly deceive as intelligence, or creativity, or empathy, must be just as 
good as the real thing.  

Consider the use of genAI to undermine the social valuation of creative and artistic labour. Luke Stark 
turns to 20th century animation as a parallel shift in this regard. Animation, too, was a technological 
transformation of image production strongly predicated on the abductive function. “All animation 
simplifies, and so is implicitly dependent in the human ability to make meaningful heuristic inference” 
(2023b). In this view, animation and generative AI become effective by provoking abductive attribution. 
Yet this is only half of the process. As the animated output becomes misrecognised as agentic, they “pus[h] 
the the actual living labour of their animators into the background or offstage” (ibid.). Optimising genAI’s 
abductive capacity involves relentlessly calculating whatever output might provoke desired user inference 
at the lowest cost. This optimisation occurs to a degree in the training phase, where models are honed to 
select whatever combination of textual and image data that ‘looks real enough’ to the low-paid, 
subcontracted human coder (e.g. Dzieza, 2023). But it also occurs in the public presentation of 
recombinatory bullshit as ‘real’ art or communication. The corollary to the argument that genAI output 
could replace human workers is the premise that nothing deeper than the rough appearance of humanlike 
qualities has any value.   

This politics of devaluation thus corresponds to a rather retrograde essentialism that I described as a 
strategic misrecognition about abduction: the belief that rather than being complex and relational things, 
intelligence or creativity is an essence that an AI might ‘have’ or not have. This misrecognition is not 
simply an epistemic confusion, but a crucial instrument for the ongoing politics of justification around 
data-driven technologies as mechanisms of extraction (e.g. Thatcher et al., 2016). Generative AI as a 
market product grows by attaching itself to existing infrastructures of production and then offering a 
lower-cost alternative. From illustration and digital journalism to essay mills and bot farms, genAI takes 
a pre-existing milieu for assigning value to labour, and by decoupling output from process, promises to 
discard the bulk of that labour and its associated costs. Where Amazon Mechanical Turk and successive 
crowdwork platforms once achieved this arbitrage largely by slicing employment into smaller chunks of 
time in order to minimise wages and benefits (Irani, 2015; Shapiro, 2018), generative AI offers a sort of 
Turing Test for the precariat: that if a generated text or image is just good enough to pass as human-made 
for a non-discerning customer in the short term, then the human skill and labour for that work must not 
have much value at all.   
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The public dramas around genAI thus shape the likely path and extent of the technology’s political 
economic impacts. Anticipating and critically evaluating those ‘disruptions’ require tracing how 
dramatised myths till the soil of public and industry expectation. What researchers have called 
fauxtomation or ‘potemkin AI’ (e.g. Sadowski, 2018; Taylor, 2018) is not a temporary stepping stone, 
but the most likely endpoint of an optimisation function that prioritises minimally convincing output 
above meaning, intention, or process. As genAI relies on abductive effects to justify and promote itself, 
it is likely to incentivise other economic and social decisions that strip away such ‘extraneous’ processes. 
In this sense, an image generator software does not ‘replace’ artists or designers; rather, it executes a 
scorched earth policy of devaluation, depressing the social value of that work for all parties.  

In 1979, Lyotard opened The Postmodern Condition by noting that in computerised societies, 
we may thus expect a thorough exteriorisation of knowledge with respect to the "knower," at 
whatever point he or she may occupy in the knowledge process. The old principle that the 
acquisition of knowledge is indissociable from the training (Bildung) of minds, or even of 
individuals, is becoming obsolete and will become ever more so (Lyotard, 1984, p. 5; also see 
Beardon, 1994). 

The postwar rise of computing technologies corresponded with a broader shift from reason to rationality: 
at the broadest strokes, a move away from liberal subjects endowed with relatively self-sufficient 
capabilities for reasoning and knowledge, toward impersonal and calculative systems as custodians of 
knowledge (Erickson et al., 2013). The very notion of an ‘artificial’ intelligence extends this epistemic 
project, and its premise that intelligence can be decoupled from human subjects. Yet generative AI and 
its public dramas are also deeply reliant on the enduring belief that in order to think, to know, to write, 
one must be a subject. This vestigial imagination is now being exploited to advance the strategic 
misrecognition of machine intelligence, where the appearance of thinking, knowing, and writing, 
provokes speculation that these machines should perhaps be treated as subjects. For Kittler, the 
phonograph had already inaugurated the age of “writing without a subject” (1986, p. 44); today, the 
spectre of the writing subject still haunts the fantasy of the autonomous machine. 
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Abstract 
Recent developments in large language models and computer automated systems 
more generally (colloquially called ‘artificial intelligence’) have given rise to 
concerns about potential social risks of AI. Of the numerous industry-driven 
principles put forth over the past decade to address these concerns, the Future of 
Life Institute’s Asilomar AI principles are particularly noteworthy given the large 
number of wealthy and powerful signatories. This paper highlights the need for 
critical examination of the Asilomar AI Principles. The Asilomar model, first 
developed for biotechnology, is frequently cited as a successful policy approach for 
promoting expert consensus and containing public controversy. Situating Asilomar 
AI principles in the context of a broader history of Asilomar approaches illuminates 
the limitations of scientific and industry self-regulation. The Asilomar AI process 
shapes AI’s publicity in three interconnected ways: as an agenda-setting manoeuvre 
to promote longtermist beliefs; as an approach to policy making that restricts public 
engagement; and as a mechanism to enhance industry control of AI governance. 

Keywords: Principles, Asilomar, Governance, Artificial Intelligence, Biotechnology, Longtermism 

 

1. Introduction 
In 2017, the Future of Life Institute (FLI) unveiled the Asilomar AI principles aimed at guiding AI 
research, development, and commercialization toward the benefit of all (Stirling, 2018). These principles 
were crafted at an invitation-only workshop at the Asilomar Conference Grounds in Pacific Grove, 
California which brought together prominent figures in industry and academia with a shared objective to 
create a unified vision for AI governance.  

Founded in 2014 by tech entrepreneurs and academic researchers,1 the FLI supports and promotes 
longtermism, an influential belief system, social movement, and policy narrative that focuses on ensuring 

 
1 FLI founders include Skype co-founder Jaan Tallin, DeepMind’s Viktoriy Krakovna, MIT cosmologist Max Tegmark, and physicist Anthony 
Aguirre at University of California Santa Cruz. Advisors include entrepreneurs such as Elon Musk, AI researchers such as Stuart Russell, 
physicists such as Steven Hawking (now deceased), geneticists such as George Church, and science communicators such as Alan Alda, among 
others (Labaree, 2014). 
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the well-being of inhabitants of the distant future by preventing catastrophic risks of technological 
innovation in the present (Torres 2021, Crary 2023). Drawing inspiration from philosopher Nick 
Bostrom’s concept of effective altruism, a moral belief that advocates for wealth creation as the best way 
to promote the public good (Bostrom 2014), William MacAskill coined the term longtermism to describe 
approaches that seek to protect future humans from existential risks that threaten humanity’s long-term 
potential, including risks from AI (MacAskill, 2022). The FLI fulfils its longtermism mission, in part, by 
organizing invite-only conferences with AI experts to promote principles to guide the future of AI. As 
stated on the FLI website, “we believe that meetings of experts from industry and academia, and from 
across the globe, can significantly improve common understanding and improve our collective future” 
(FLI, n.d.).  

The FLI’s Asilomar AI principles are one illustration of broader AI ethics initiatives, which are 
principle-based approaches to governance led by industry, government, academia, and not-for-profit 
groups that have gained momentum over the past decade (Jobin et al., 2019; Marchant et al., 2020; Milmo, 
2023; Munn, 2023). Examples of AI ethics statements include civil society-driven initiatives such as 
Amnesty International’s Toronto Declaration, state-driven initiatives such as the European High Level 
Expert Group on AI’s Ethics Guidelines for Trustworthy AI, and stakeholder initiatives such as the 
Montréal Declaration on Responsible AI, among many others (for comprehensive overview, see Jobin et 
al., 2019). Ethical guidelines are a response to concerns about the social implications of emerging 
technologies, and are often presented as a flexible alternative to, or prototype for, government regulation 
to guide the trajectory of technological research, development, and implementation in ways that do not 
stymie innovation. Critics argue that principle-based ethical initiatives are a strategic manoeuvre on the 
part of technology developers and private industry to sidestep government regulation and avoid public 
scrutiny (Wagner, 2018; Bender et al., 2021; McKelvey and Roberge, 2023; Munn, 2023). The inherent 
ambiguity of principles further compounds the challenge of their implementation.  

The Asilomar AI principles were among the first public-facing principles to guide the development of 
AI and played an agenda-setting role for subsequent principle-based frameworks (Fjeld et al., 2020). To 
date, the principles have been adopted and signed by thousands of individuals and organizations. This 
paper positions the Asilomar AI principles as a noteworthy dimension of AI’s contemporary publicity. 
Situating the Asilomar AI principles within a longer history of development of the Asilomar model, a 
well-established principle-based approach to science policy, highlights the FLI’s emphasis on self-
regulation and particularly the assumption that the people who develop technology and put it to use are 
best positioned to define the terms of public debate and government regulation. Our concern is not with 
principle-based governance of emerging technologies per se, but rather with use of the Asilomar model 
by the FLI to promote its guiding principles. First developed in the early 1970s in response to innovations 
in genetic engineering, the Asilomar model – as will be discussed further - has since been applied to other 
publicly contentious technologies such as geoengineering, synthetic biology, human gene editing, and 
most recently, AI. While proponents laud the Asilomar model as a successful example of expert solidarity 
in anticipating social consequences of technology, critics highlight problematic implications including 
positioning publics and government regulators in a reactive and reactionary position, forever playing 
catch-up with technological advances (Hurlbut, 2015a; Hurlbut, 2015b; Jasanoff and Hurlbut, 2018; 
Taylor and Dewsbury, 2019).  

What lessons can be learned about AI’s current publicity by situating the Asilomar AI principles in a 
longer history of Asilomar-style approaches to scientific and technological governance? The FLI’s 
initiatives share many similarities with Asilomar approach to technology governance, including an 
invitation-only conference which resulted in the release of guiding principles, followed by calls for a 
temporary pause on AI research to provide time for experts to develop guidelines and regulation. A closer 
look reveals that, in focus and intent, the Asilomar AI principles, and the process to develop them, co-
opted problematic aspects of the Asilomar model. In what follows, we first trace a brief history of debates 
about experiments in expert-driven technical regulation dating back to the initial Asilomar conferences 



JDSR 6(4) (2024) 107-117 Blue & Hogan  

https://doi.org/10.33621/jdsr.v6i440477  Published under a CC BY-SA license 
109 

  

on recombinant DNA which set a precedent for technological elites to anticipate and address potential 
social consequences of research, and to forward their own research and commercial interests. Next, we 
examine how the FLI’s Asilomar AI process, which included the Beneficial AI conference, the Asilomar 
AI principles, and a follow-up letter calling for a pause on AI research, drew on the original Asilomar 
model and, in so doing, shaped AI’s publicity in three interconnected ways: as an agenda-setting 
manoeuvre to promote longtermist beliefs; as an approach to policy making that restricts public 
engagement; and as a mechanism to enhance industry control of AI governance. 

2.  Setting the stage: The Asilomar conferences on recombinant DNA 
In the early 1970s, scientists were among the first to sound the alarm about the potential social 
consequences of emerging genetic engineering technologies, concerns which led to Asilomar-style 
approaches to science policy. Since details about the Asilomar conferences are well-documented in the 
academic literature, we present here a brief overview of key events.  

In 1972, biochemist Paul Berg, along with other colleagues at Stanford University, proposed the 
creation of a new DNA molecule by inserting genetic material from a monkey virus (SV40) into a virus 
that infects Escherichia coli, a bacteria found in the human gut (Jackson et al., 1972). The new hybrid 
molecule, and the technique used to develop it, are commonly referred to as recombinant DNA (rDNA).2 
In January 1973, in response to scientific and public concerns about the potential consequences of rDNA 
research, Berg organized a scientific conference at the Asilomar Hotel and Conference Grounds in Pacific 
Grove, California to discuss potential biohazards with a focus on laboratory safety protocols. In the same 
year, Stanley Cohen (Stanford) and Herbert Boyer (UCSF) published results of the first successful cloning 
experiment which introduced rDNA into bacteria, for which they would later receive the first 
biotechnology patent which inaugurated the biotechnology industry. In June 1973, further concerns about 
rDNA research were raised at the Gordon Conference on Nucleic Acids, resulting in a letter by scientists 
at the conference to the National Academies of Science (NAS) and the National Academy of Medicine 
to implement guidelines for biotechnology research (Singer and Soll, 1973). In response, NAS created an 
ad hoc study group chaired by Berg called the Committee on Recombinant DNA Molecules, which 
penned an open letter calling for a moratorium on rDNA research until the hazards were better understood 
(Berg et al., 1974). This letter had two important outcomes: it resulted in the first voluntary moratorium 
in the history of molecular biological research; and, it raised awareness among scientists and broader 
publics of potential harmful implications of biotechnology.  

The second, and more well-known, Asilomar conference took place at the same location in February 
1975. Lasting over four days, this meeting - officially called the International Congress on Recombinant 
DNA Molecules - convened an international group of 140 scientists primarily in molecular biology, along 
with a handful of lawyers and journalists, to discuss potential consequences of rDNA, and to develop 
guidelines to lift the voluntary moratorium. Following the conference, the organizers filed a report to 
NAS outlining recommendations and conditions under which rDNA research could proceed (Berg et al., 
1975). These conditions included the establishment of appropriate safeguards, namely efforts to ensure 
the containment of newly created organisms through the implementation of biological and physical 
barriers. In 1976, these containment principles were formulated into National Institute of Health (NIH) 
guidelines for the funding of rDNA research. 

Twenty-five years after the initial Asilomar conferences on rDNA, lawyer and medical ethicist 
Alexander Capron organized a follow up workshop - Asilomar 3 - to discuss whether Asilomar’s legacy 
had contemporary relevance for emerging technology innovations (Barinaga, 2000). Attended by many 

 
2 Recombinant DNA is now a routine and commonly used laboratory technique.  
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organizers of the original Asilomar conferences, Asilomar 3 convened a more diverse gathering including 
scientists but also philosophers, historians, ethicists, legal scholars, and government officials (Capron and 
Shapiro, 2001). The attendees agreed that the original Asilomar model was no longer appropriate for the 
following reasons. Views about biotechnology had become polarized in ways that made consensus 
difficult, if not impossible, to achieve. Controversies over genetically modified foods in the 1990s 
revealed that scientific proclamations of safety-through-containment were insufficient to quell public 
concerns about commercial, ethical, and social consequences of genetic engineering. In turn, powerful 
commercial forces in genomic science created conflicts of interest that undermined the legitimacy of 
scientific self-governance (Barinaga, 2000). Conference attendees concluded that these limitations 
signalled the need to extend the Asilomar model to include a broader range of perspectives, values, and 
expertise beyond scientists and technology developers to ensure that social, ethical, and legal aspects of 
emerging technologies were addressed in advance of implementation (Rufo and Ficorilli, 2019).  

 Following the Asilomar 3 meeting, several Asilomar + (“self-regulation plus”) models were applied 
to contentious technologies such as synthetic biology (Ferber, 2004), geo-engineering (ASOC, 2010), 
environmental algorithms (Galaz, 2015), and human germline editing (Baltimore et al., 2015). At one 
high-profile Asilomar+ meeting in 2015, three years before He Jiankui used genome editing on human 
embryos, scientists, bioethicists, and legal experts convened to discuss the technical and social 
implications of human germline editing made possible by advances in gene editing technologies. Berg 
was instrumental in organizing this workshop which was modelled in the style of the original Asilomar 
conference but with attention to the need for a more open dialogue with ethicists about the steps to 
guarantee the safe development of human genome modification (Baltimore et al., 2015). Concurrently, 
editorials in academic venues such as Nature (Editorial, 2015) and public-facing venues such as the New 
York Times (Capron, 2015) highlighted the continued relevance of the Asilomar model for science policy 
and underscored the necessity of engaging with broader stakeholders beyond the scientific community.  

The Asilomar model continues to play a symbolic role in science and technology policy as shorthand 
for responsible self-regulation, where scientists and technology developers take the lead in publicly 
acknowledging potential harmful consequences, and in developing principles to guide technology 
development and implementation. Asilomar’s continued relevance stems in part from the successful 
outcomes of the original Asilomar conferences, outcomes which include improved attention to laboratory 
safety, and, from the perspective of scientists, an avoidance of stringent government regulation (Berg, 
2004, 2006, 2008). In Berg’s estimation, the success of the Asilomar model resulted specifically from 
focused discussion of plausible risks that could be feasibly addressed by technical experts (Berg, 2004).  

The Asilomar model has also generated significant critique, particularly about the democratic 
implications of limiting input to technical experts and restricting the scope of issues to technical matters 
(Rogers, 1975; Krimsky, 1982; Gottweis, 2005; Gregorowius et al., 2017; Hurlbut, 2015a; Hurlbut, 
2015b; Jasanoff et al., 2019; Parthasarathy, 2015; Rufo and Ficorilli, 2019; Taylor and Dewsbury, 2019). 
In essence, the Asilomar model enables technology developers to powerfully shape the trajectory of 
regulation and public opinion. The Asilomar model – even the improved Asilomar + approach – does not 
empower diverse constituencies to shape technological research and innovation agendas, but rather 
secures support for expert-driven governance and technology commercialization (Rufo and Ficorilli, 
2019). According to Ben Hurlbut, the Asilomar model gets democracy wrong: arguably, from a 
democratic perspective, technologies should be shaped by collectively articulated visions of the public 
good and the public interest, and not solely by the people who stand to profit from technology 
development and implementation (Hurlbut, 2015a). Asilomar-style models, including Asilomar+, 
position technical experts as the most qualified to regulate the social aspects of technology, and in turn 
position publics and regulatory agencies as passive recipients of principles generated by scientific and 
technical communities. “The public role that the Asilomar story celebrates is one of dependence,” as 
Taylor and Dewsbury note, “with the public passively learning — and deferring to — science’s 
authoritative judgment about what is at stake and when a democratic reaction is warranted” ( 2019: 12). 
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Many critical commentators have subsequently concluded that Asilomar and Asilomar+ models are a 
missed opportunity to anticipate and address social concerns in a democratic fashion (Parthasarathy, 
2015). Proposals for improvement include the development of procedures to enhance public engagement 
in developing ethical principles (Rufo and Ficorilli, 2019), and, more substantively, the creation of new 
global institutions to bring diverse views to inform the governance of emerging technologies (Jasanoff 
and Hurlbut, 2018).  

3. Asilomar AI: Process and principles 
The Asilomar AI Principles were developed during an FLI conference on Beneficial AI that took place 
in January 2017 over two and a half days at the Asilomar Conference Center, as a sequel to a 2015 
conference held in Puerto Rico. The California-based Beneficial AI conference was attended by over 
1000 participants, including several leading AI researchers and entrepreneurs, in addition to experts from 
economics, law, ethics, and philosophy. Many of the speakers at the conference are well-known promoters 
of longtermism such as Nick Bostrom, Ray Kurzweil, and Elon Musk. The conference schedule, and all 
talks, are publicly available on the FLI website (FLI, n.d.).  

Session descriptions provide an indication of the focus of the Beneficial AI conference, much of which 
centred on the permissibility of technological innovation, ways to circumvent regulation, and the 
inevitability of super-intelligent AI. Sessions ranged from economics (“How can we grow our prosperity 
through automation without leaving people lacking income or purpose”), creating human-level AI (“What 
remaining obstacles can be identified?”), superintelligence (“What can we do now to maximize the 
probability of a positive outcome”), law, policy, and ethics (“How can we update legal systems, 
international treaties and algorithms to be more fair, ethical, and efficient and to keep pace with AI?”).  

A key outcome of the Beneficial AI workshop was the development of a consensus document 
consisting of 23 voluntary principles organized into three categories (Research Issues, Ethics and Values, 
Long-Term Issues) (FLI, 2017). These principles represent a voluntary commitment on the part of its 
signatories for the research, development, and commercialization of AI. Overall, the Asilomar AI 
principles reflect the techno-optimist, longtermist beliefs of the FLI. Consider, for instance, the opening 
statement of the Asilomar AI principles: “Artificial intelligence has already provided beneficial tools that 
are used every day by people around the world. Its continued development, guided by the following 
principles will offer amazing opportunities to help and empower people in decades and centuries ahead” 
(FLI, 2017: italics added). Underpinning these principles is the assumption that AI will develop 
superintelligence, and that AI is inherently beneficial to all humans (if governed correctly).  

As others have observed, many of principles are vague and inconsistent, and we present here select 
examples for illustrative purposes (see Stapf-Fine et al., 2018 for more extensive overview). For instance, 
the first principle states that the goal of AI research should be to create beneficial but not undirected 
intelligence. This connection is weak: something can be undirected (i.e. uncontrolled) but still be 
beneficial, and something can be controlled and still be harmful. Principles three and four call for a culture 
of cooperation, marked by “constructive and healthy exchanges” among AI researchers and policy-
makers. What makes for a “healthy exchange” of views between researcher and policy-makers? 
Cooperation is not inherently healthy, as conflict and conflicting opinions also play a significant role in 
policy development. It is questionable whether policy makers should be expected to cooperate and align 
harmoniously with the interests of industry. Principle 12 requires the right to personal data protection but 
is restricted to data generated by users and does not address data collected about users. Principle 14 aims 
to empower and benefit as many people as possible, suggestive of an instrumental goal of maximized 
self-interest consistent with longtermism, but with no indication of how such benefits might be realized 
in an inequitable world. Overall, the Asilomar AI principles paint a utopian picture of the inevitability 
and desirability of AI, suggestive of the possibility of a dystopian future if AI is not developed in 
alignment with longtermist values. Beyond questions of logical coherence, the principles sidestep 
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important questions such as what AI is, what constitutes a risk or benefit (and for whom), and what kind 
of futures various and diverse people might find desirable.  

The Asilomar AI process, similar to the original Asilomar model, included a call for a moratorium on 
research, although the timing was significantly different in the Asilomar AI case. In the original Asilomar 
model, the goal of the moratorium was to provide time for experts to convene to discuss potential 
responses to possible biohazards associated with rDNA (Berg and Singer, 1995). In the Asilomar AI 
process, calls for a moratorium emerged five years following the initial release of the Asilomar AI 
principles. In March 2023, one week after the public release by Open AI of the large language model 
ChatGPT-4, the FLI issued an open letter calling for a six-month pause on the training of AI systems 
more powerful than GPT-4 (FLI, 2023). The rationale for the pause, according to the FLI letter, was to 
provide time for AI labs and experts to develop and implement safety protocols. The letter began with 
the following statement “AI systems with human-competitive intelligence can pose profound risks to 
society and humanity, as shown by extensive research and acknowledged by top AI labs,” followed by a 
reference to the “widely-endorsed” Asilomar AI principles. and particularly the principle that “Advanced 
AI could represent a profound change in the history of life on Earth and should be planned for and 
managed with commensurate care and resources” (FLI, 2023). In the letter, the FLI lamented that current 
levels of planning and management had yet to adequately address the risks of AI. As such, a temporary 
pause was necessary, not for the development of AI in general, but to prevent a “dangerous race to ever-
larger unpredictable black-box models with emergent capabilities” (FLI, 2023). The FLI claimed that AI 
development should be focused on ensuring that systems are developed in accordance with principles 
such as accuracy, safety, interpretability, transparency, robustness, alignment, trustworthiness, and 
loyalty.  In the letter’s conclusion, the FLI stated that adherence to these principles can ensure that 
“humanity can enjoy a flourishing future with AI…(h)aving succeeded in creating powerful AI systems, 
we can now enjoy an AI summer: which we reap the rewards, engineer these systems for the clear benefit 
of all, and give society a chance to adapt” (FLI, 2023).  

The FLI pause letter was well-received and to date has amassed over 30 000 signatures. However, the 
letter’s core assumption, that AI technologies will be developed and implemented with industry labs and 
developers at the helm in shaping ethical and regulatory pathways, was met with harsh criticism by AI 
ethicists and scientists. Immediately following the letter’s public release, Timnit Gebru, Emily Bender, 
Angelina McMillan-Major, and Margaret Mitchell issued a statement denouncing the letter’s misleading 
and fear-mongering rhetoric (Gebru et al., 2023). Terms used in the FLI pause letter, such as “powerful 
digital minds,” “human-competitive intelligence” and “artificial general intelligence,” alongside leading 
questions, such as “Should we develop nonhuman minds that might eventually outnumber, 
outsmart, obsolete and replace us,” oversell the capacities of automated computer systems, and, in so 
doing, deceive people by misattributing agency to synthetic media. This has the effect of shifting 
conversations about accountability and responsibility away from the companies that develop and profit 
from the commercialization of automated computer systems. Additionally, the pause letter positioned 
social actors as passive, where society is given a “chance to adapt” to AI rather than having opportunities 
to actively shape AI’s trajectory. In turn, calls for a pause are significantly at odds with the profit-seeking 
motives of the tech industry, making the prospects of implementation of an actual moratorium slim to 
none (see Richards et al., 2023).  

4. Asilomar AI’s publicity 

With the historical development of the Asilomar model as a backdrop, what are the implications for AI’s 
publicity of the FLI’s use of the Asilomar model?  The Asilomar AI principles and process shape AI’s 
publicity in three interconnected ways: as an agenda-setting manoeuvre to promote longtermist beliefs; 
as an approach to policy debates that restricts public engagement; and as a mechanism to enhance industry 
interests and control of AI governance. We address each of these points in turn.  
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Promotion of longtermist beliefs: The FLI’s longtermist perspective, which prioritizes the enhancement 
and maximization of humanity’s potential in a distant future, is grounded in a concern with existential 
risk. No longer a fringe philosophy, longtermism is an influential policy agenda for AI governance that 
informs lawmakers and public concern about AI’s future apocalyptic potential (McKelvey and Roberge, 
2023). Longtermism provides a moral compass for well-endowed institutions such as the FLI, as well as 
Open Philanthropy, Open AI, and the now defunct Future of Humanities Institute (a sister institute to the 
FLI). As the coffers of longtermist organizations grow, so do their influence on policy and governance. 
The FLI’s ability to secure millions of dollars in funding is due, in part, to longtermism adherents’ 
uncritical belief in the transformative power of technology, and unwavering support of the political 
economic systems that generate the very problems its followers claim to address (Crary 2023, Naughton 
2022). A key aspect of longtermist thinking is support for status quo institutions and practices: 
“longtermism calls on us to safeguard humanity’s future in a manner that both diverts attention from 
current misery and leaves harmful socioeconomic structures critically unexamined” (Crary, 2023: 50).  

Consistent with longtermist beliefs, the Asilomar AI principles promote both utopian and dystopian 
narratives about AI in ways that shift attention away from existing harms caused by automated systems 
and from the companies that create, endorse, and profit from these systems. Consider, for instance, 
differences between the FLI framing of its Asilomar AI principles and the original Asilomar framings of 
rDNA. Whereas the original Asilomar conferences focused on issues such as laboratory safety that were 
understood by scientific experts, the Asilomar AI conference focused on existential risks and doomsday 
speculations about abstract and largely unknown future dangers of artificial intelligence. Indeed, 
throughout the FLI’s Asilomar AI principles, the phrase ‘artificial intelligence’ is invoked as if its 
meaning were self-evident yet its risks unknown. Whereas rDNA was a novel technology in the 1970s 
with yet-unrealized benefits and risks, autonomous computerized systems and algorithms are already 
deployed and existing harms have been well-documented by academic researchers, ethicists, and 
journalists, including labor issues (Williams et al., 2022), deepening inequality (Eubanks 2017), 
surveillance and privacy (Zuboff 2019), entrenched racism and sexism (Noble 2018, Buolamwini 2023), 
environmental degradation (Crawford 2021, Hogan 2015), and the consolidation of corporate power 
(Lewis-Kraus 2016), among numerous other issues, with solutions, policies, and frameworks available to 
address these problems.  

Many high-profile AI researchers and tech developers follow the ideas set in place by Asilomar AI 
principles, and use public platforms to generate both fear and hype that AI will soon develop superhuman 
capabilities and pose existential risks to humans in the distant future. In an interview in MIT Technology 
Review, Max Tegmark, MIT professor and founder and president of FLI, stated that the goal of the FLI 
pause letter was, in part, to enable public conversations about the existential risks that AI poses to future 
generations (Heikkilla 2023). Two months after the FLI released its pause letter, the Center for AI Safety 
– along with Sam Altman of Open AI, Yoshua Bengio, and Geoffrey Hinton - released a short statement 
about the risks of rogue AI: “Mitigating the risk of extinction from AI should be a global priority 
alongside other societal-scale risks such as pandemics and nuclear war” (Center for AI Safety, 2023). In 
the same month, Altman and colleagues wrote a blog calling for the “governance of superintelligence” 
(Altman et al., 2023). In line with longtermist rhetoric informing the Asilomar AI principles, debate 
focused on how to govern the eventual emergence of harmful AI to ensure its safety in the future, rather 
than on existing and well-known harms.   

In addition to longtermist concerns about a distant future serving as a distraction from existing threats 
and very real risks, proponents of longtermist beliefs draw on and perpetuate discriminatory beliefs and 
attitudes, including racism, sexism, classism, and xenophobia, with roots in long-discredited eugenics 
ideologies (Gebru and Torres, 2024). Longtermism and its associated beliefs contribute the perpetuation 
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and exacerbation of social inequalities alongside the undermining of existing efforts to address ongoing 
injustices against marginalized communities.3 

Limited opportunities for public engagement: Similar to the Asilomar model, Asilomar AI provided 
limited opportunities for participation beyond the circle of invited attendees at the Beneficial AI 
conference. Conference proceedings and principles were made publicly available, but diverse publics 
were not given the opportunity to shape the agenda or the content of discussion. Although it is well-
known that current applications of AI disproportionately harm groups already disadvantaged by race, 
gender and socio-economic background, perspectives that account for these disadvantages were not 
represented in the Beneficial AI conference nor reflected in the Asilomar AI principles. Conspicuously 
absent from Beneficial AI conference, and from signatories on the Asilomar AI principles and FLI pause 
letter, were leading critical scholars and thought leaders on AI ethics such as Emily Bender, Meredith 
Broussard, Joy Buolamwini, Timnit Gebru, Meredith Whittaker, and Safiya Noble (to list only a few) and 
human-rights focused organizations such as the Distributed AI Research Institute (DAIR) (Prabhakaran 
et al, 2022). The insularity and lack of diversity in Asilomar AI is particularly problematic given that the 
FLI claims to speak about benefits of AI for all humanity yet does so from the limited perspective of an 
economically privileged, predominantly white constituency.  

Entrenchment of industry interests and control: Whereas the original Asilomar was led by publicly-
funded research scientists concerned about potential social implications of laboratory research, the 
Asilomar AI was coordinated by an interconnected group of wealthy people and well-funded technology 
institutions, all with vested financial interests in AI development. As Berg cautioned, the Asilomar model 
of scientific self-governance does not work if industry interests are at play:  

…the best way to respond to concerns created by emerging knowledge or early-stage technologies is for scientists from 
publicly-funded institutions to find common cause with the wider public about the best way to regulate — as early as 
possible. Once scientists from corporations begin to dominate the research enterprise, it will simply be too late (Berg, 
2008: 291). 

Concern about the role of tech corporations in reshaping social and political orders at national and global 
scales has been a recurring theme of critical AI scholarship for some time (Zuboff, 2019; Dyer-Witheford 
et al., 2019). In a review of AI ethics principles, Attard-Frost and colleagues concluded that important 
principles – such as fairness, accountability, and transparency – are undermined in practice by existing 
business norms centered on competitiveness and secrecy (Attard-Frost et al., 2023). The firing by Google 
of AI ethics researchers Timnit Gebru and Margaret Mitchell serves as a case in point of the inadequacy 
of well-meaning principles in transforming actual industry practices (Schiffer, 2021). 

5. Beyond Asilomar 
Since its inception five decades ago, the Asilomar model has taken on a symbolic role in science and 
technology policy. Often hailed as a success story of scientific solidarity in addressing social 
responsibility, Asilomar’s legacy is seen in the privileged positioning of technical experts, particularly 
those with vested interests in the deployment of the technologies they develop, to render political 
judgements about how technology should be regulated and governed. The Asilomar model shapes 
technology regulation by narrowing the focus of public discussion to an examination of safety, impacts, 
and consequences, while sidelining broader questions about the purposes and imaginaries that animate 
technological research and innovation. Asilomar-style approaches, even revised ones that acknowledge 
the importance of diverse expertise, position publics and regulatory agencies as passive recipients of, and 
by-standers to, expert-driven self-governance. 

 
3 Although beyond the scope of this paper to discuss in detail, the links between longtermism and eugenics ideologies warrant critical scrutiny, 
as do intersections between the ideologies driving discourses of safe A.I. and safe biotechnologies.  
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The FLI’s Asilomar AI approach echoes and repeats many aspects of the original Asilomar model such 
as expert-driven principles, calls for a moratorium on research, and limited opportunities for public 
engagement. Unlike the original Asilomar’s narrow focus on risks scientists knew best, the Asilomar AI 
model focused on existential risks for yet-to-be born humans, while downplaying known harms of current 
AI deployment. The FLI’s Asilomar AI principles served to garner legitimacy for the longtermist agenda 
by linking AI products with a higher moral purpose, and by evoking Asilomar-style approaches to 
technology governance. 

We see this paper as a contribution to growing literature on principle-based governance of AI. In 
contextualizing the Asilomar AI principles in a longer history, we draw connections with earlier efforts 
to govern biotechnology in the 1970s. Our concern rests primarily with the FLI’s use of the Asilomar 
model to advance longtermist principles. We agree with critics who claim that the Asilomar model itself 
is a “poor and political dangerous model for governing emerging technologies” because of its limited 
scope and circumscribed opportunities for diverse participation (Parthasarathy, 2015: 305).  

Here, we emphasize that it matters for AI’s publicity how principles to govern AI are developed, by 
whom, and in line with which guiding ideas (Ferri and Gloerich 2023). Moving beyond the Asilomar 
model could entail proving opportunities to diversify engagement in the shaping of AI governance, yet 
engagement risks becoming a procedural end-in-itself if it serves as a surrogate and substitute for more 
radical visions and enactments of political judgement and politicized struggle over the future of AI 
(Barney, 2008). Enhancing democratic politics in AI’s publicity should also entail directing attention to 
the purposes of AI research, development, and implementation; redistributing the profits of AI 
development from private interests to public commons; strengthening regulatory mechanisms to halt 
harmful applications of AI; and enacting broader institutional and structural changes to challenge existing 
power hierarchies and systems of oppression. We view the Asilomar AI principles as a harmful diversion 
that advances the misguided longtermist ideologies of the FLI and enhances the interests of those who 
stand to profit from the continued development of AI in the short term.  
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Abstract 
How can generative AI’s entanglement with climate crisis be made visible? This 
question catalyzed a research-creational intervention, called X-gram, that 
emblematizes this paper’s theoretical contribution, a concept I call techsposure. 
Combining the words “technology” and “exposure,” techsposure is a method by 
which a technology’s affordances are made to expose its own material, 
infrastructural, environmental, or climate consequences. Put another way, 
techsposure occurs when tech tells on itself in a particularly poetically-just kind of 
way. Broadly, this article argues that research-creational interventions are urgently 
required ethical tools in our scholarly toolkits. They equip us to creatively 
destabilize Big Tech’s charting of bleak climate futures and to engage audiences in 
imagining, as Natalie Loveless (2019) puts it, how the world could be organized 
differently. 

Keywords: research-creation; techsposure; generative AI; climate crisis 

 

1. Introduction 

In 2021, journalist James Vincent, whose beat is artificial intelligence (AI), stated that “[l]anguage 
generation is the hottest thing in AI right now” (para. 1). The assertion was not a clever double-entendre. 
While Vincent went on to mention large language models’ (LLM) problems with logic and (sexist and 
racist) language, his discussion did not address carbon output or climate impact. Yet at the time, a picture 
of just how “hot” generative AI really is was already emerging. Nine months earlier, Emily Bender, 
Timnit Gebru, Angelina McMillan-Major, and Margaret Mitchell (writing under the wonderful 
pseudonym, Shmargaret Shmitchell) published a landmark paper, “On the Dangers of Stochastic Parrots: 
Can Language Models Be Too Big?” The paper connected climate crisis and generative AI, just as Emma 
Strubell et al. (2019) had done a couple of years earlier when they estimated that training one LLM 
produced the equivalent in carbon dioxide emissions as “125 round trip flights from NYC to Beijing” 
(Dobbe & Whittaker, 2019, para. 12). Not only did Bender et al.’s (2021) paper make similarly 
provocative claims, but it also took considerable “heat” for them: Google fired both Timnit Gebru and 
Margaret Mitchell, two of the paper’s co-authors, in an attempt to discredit the work (Hao, 2020; Johnson, 
2021; Schiffer 2021).  
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We can think of Gebru’s and Mitchell’s departure from Google as a watershed moment. Before their 
employment was terminated, Google, one of the biggest players in what is increasingly being referred to 
as the AI arms race (Chow & Perrigo, 2023; Johnson, 2019; Meacham, 2023; Roose, 2023), had people 
within its organization speaking about climate concerns and advocating for LLMs to be designed in a 
climate-conscious way. Generative AI’s real “hotness”—its link to climate crisis—seemed to be under 
genuine scrutiny by Big Tech. But, at the moment of these employees’ departure, this landscape changed.  

The precise nature of this change came into relief by way of Google executive Jeff Dean’s (2020) 
memo to the company about the “mistakes” Gebru and her co-authors had made: “[“On the dangers of 
stochastic parrots”] ignored too much relevant research — for example, it talked about the environmental 
impact of large models, but disregarded subsequent research showing much greater efficiencies” (para. 
7). Presumably, Dean’s logic would hold that, if LLMs continue to grow while having less proportional 
impact, then their growth is sustainable. But there are two problems here, and they are intertwined: Dean 
is guilty of a red herring, and the red herring suggests we should accept what Max Liboiron (2021) calls 
a threshold theory of pollution. A threshold theory of pollution holds that the earth can withstand a certain 
amount of pollution before serious consequences occur in ecosystems and communities; in other words, 
a certain amount of pollution is acceptable (Liboiron, 2021). However, as many scholars have argued, 
there is no elsewhere, no “away” where this ostensibly acceptable amount of pollution resides without 
enacting climate harm (Davies, 2019; Liboiron, 2021; Tsing, 2015). 

Nonetheless, pollution and climate harm are not the focus of current public discourse surrounding 
generative AI. In my lived experience as a Calgary-based post-secondary instructor and critical-media-
oriented scholar who devoted the last four years to writing a dissertation about generative AI, I see and 
hear conversation attending chiefly to practice and pedagogy, not climate. While there is an occasional 
news story attempting to discuss AI’s climate consequences, the narratives circulating at a far more rapid 
pace emphasize how we should be using and regulating generative AI in both industry and education, not 
whether or if.  

Still, whether and if remain important questions. Critical media scholars and practitioners, who are on 
the front lines of knowledge-production about the entanglement between climate and technology, have a 
vital role to play in raising them. We have a role to play in calling out red herrings, calling into question 
ways of thinking that uphold the threshold theory of pollution, and disrupting the Big-Tech-led discourse 
that holds AI is getting more efficient and, therefore, less harmful. This is particularly pressing as the 
technology industry is expected by 2040 to contribute 14 per cent of global greenhouse gas emissions 
(Belkhir & Elmeligi, 2018), up from two to three per cent in 2021 (United Nations Environment 
Programme, 2021b).  

Research-creation is one tool in our scholarly toolkits that equips us to creatively destabilize Big Tech’s 
charting of a (bleak) future. In this article, I describe a research-creational project that aims to make 
visible generative AI’s relationship with the climate, a relationship Big Tech and, now, the public 
discourse have downplayed. In doing so, I retain Natalie Loveless’ (2019) conviction that research-
creation has the power and potential to incite people “to care, and to care differently” (p. 107). 

I proceed by making the following moves. I begin by saying more about research-creation, 
underscoring its emphasis on broadening the legibility of, and the horizon of response to, crisis. Then, I 
briefly trace several strategies deployed by Big Tech to render illegible AI’s entanglement with climate 
breakdown. In response, I present a research-creational project called X-gram, a word-prediction program 
that brings climate crisis to the fore by predicting climate-crisis-related words only. I hold that X-gram is 
an illustration of a broader concept I call techsposure, a method by which a technology’s affordances are 
made to expose its own material, infrastructural, environmental, or climate consequences. Ultimately, X-
gram and techsposure draw attention to and subvert the values built into generative AI and, as Robin 
Mansell (2012) would say, our communication system writ large.  
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2. Research-creation: Choice method in times of crisis 

First, I offer some clarity around the term “research-creation.” While other countries have adopted 
different names for research that has a significant artistic component, Canada has largely opted for 
“research-creation” (Chapman & Sawchuk, 2012; Loveless, 2019).1 Canada’s Social Sciences and 
Humanities Research Council (2021) defines the term in the following way: 

An approach to research that combines creative and academic research practices, and supports the development of 
knowledge and innovation through artistic expression, scholarly investigation, and experimentation. The creation process 
is situated within the research activity and produces critically informed work in a variety of media (art forms). (para. 24) 

Notably, SSHRC’s definition emphasizes the fact that research-creation bridges art and research, but the 
exact specifications of that bridge are ill-defined.  

This ill-defined relationship has not always landed easily in academia. Henk Borgdorff (2012) does 
not mince words as to why: “artistic research is not regarded here as ‘real’ research… or is seen as a lesser 
form of it” (p. 66). In this fraught context, Owen Chapman and Kim Sawchuk (2012) articulated four 
subcategories of research-creation, attempting to pinpoint the intersections at which “real” research would 
emerge from the research-creational process. The names of these subcategories—research-for-creation, 
research-from-creation, creative presentations of research, and creation-as-research—emphasize when 
research is actualized in the creative process. As such, I read the essay, published just over 10 years ago, 
as a legitimizing project, an attempt to “articulat[e] and elaborat[e] the field by developing distinctions” 
(Chapman & Sawchuk, 2012, p.13), insisting that research-creation has a valid place at our academic 
tables. 

Several years later, our global context had shifted considerably and so, too, the conversation about 
research-creation. Natalie Loveless’ (2019) arguments in favor of research-creation not only took its 
legitimacy as a given, but they also pleaded a very strong case for its urgency:  

There is no longer any question that we are living in compromised times… Global ecological and economic collapse are 
discussed with alarming regularity…The arts have an important and often overlooked part to play in this context. They 
offer modes of sensuous, aesthetic attunement, and work as a conduit to focus attention, elicit public discourse and shape 
cultural imaginaries. “How might the world be organized differently” is a question that matters urgently, and it is a question 
that art—particularly art attuned to human and more-than-human social justice—asks in generative and complex ways. (p. 
16)  

In this short passage, Loveless characterizes the contemporary moment as one of crisis and collapse. She 
argues that what is necessary in response are methods that can appropriately respond to it. An appropriate 
response is to explore alternatives—to ask the question, “How can the world be organized differently?”—
and this is the unique capacity of arts-based projects. They have the capacity to captivate, or what 
Loveless calls “attune.” By Loveless’ account, it is characteristic of the art object to inspire conversation 
and, perhaps, new ideas in the public imagination.  

If attunement is one part of this equation, then the other part is a deliberateness about whose attention 
is being attuned, and in what ways: “[r]esearch-creation asks, what output forms–modes of publication–
might most interestingly and generatively render [our] research public?” (Loveless, 2019, p. 31). That is, 
research-creation is preoccupied not only with outputs but also with outcomes. The difference is that the 
former counts what the researcher has done; the latter counts what has shifted in the minds, attitudes, or 
behaviours of the viewer (Kelleher & Males, 2020).   

The research-creational work I have encountered over the last several years, and which has shaped my 
thinking about research-creation, has been demonstrative of both preoccupations, attunement and 
audience, in relation to questions surrounding technologies and the natural, or more-than-human, world. 
I am thinking of Matt Parker’s (2014, 2017) sonospheric investigations into data centres, which capture 

 
1 It is worth noting that, even in Canada, “research-creation” goes by many other names, including “practice-based research, 
practice-led research, research-based practice, research-led practice, creative-praxis, arts-driven inquiry, arts-based research, 
and, increasingly, artistic research” (Loveless, 2019, p. 4).   
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their dramatic soundscapes; Zane Griffin Talley Cooper’s (2018) immersive virtual reality film about 
cryptocurrency, Alchemical Infrastructures: Making Blockchain in Iceland, which raises questions about 
cryptocurrency’s relations with the land; Felix Loftus’ (2021) multimodal camera, called Conjuring 
Landscapes, which positions nature as photographer; the Low-Carbon Research Methods’ lab’s (2022) 
’zine conference, which displaced human travel and centred creativity in knowledge mobilization; Brian 
Sutherland’s (2022) creation of a prototype solar-powered work station; and Andrew Bateman’s (2022) 
video project, Landscapes of the Arctic from a Southern City, which explores the entanglement of distant 
cities by way of migratory birds. Each of these works has turned to art to weave academically-grounded 
knowledge into projects that make crises and, in some cases, potential responses to them, legible and 
thinkable in new ways, ways that enfold the listener/reader/viewer into the very question that Loveless 
(2019) articulates: “How might the world be organized differently?” (p. 16).  

In this way, research-creation is not just a legitimate academic practice. It is also an eminently ethical 
one. In climate breakdown, we no longer have the luxury of shying away from the question directly above 
or asking it in a way that is ultimately indifferent to responses. Broadening legibility and inciting people 
“to care, and to care differently” is a moral imperative, especially when we consider what we are up 
against. 

3. What we are up against: Strategies of invisibility 

In the context of this article, what we are “up against” are strategies deployed by Big Tech to render 
invisible AI’s entanglement with climate breakdown. In this section, I briefly outline three. 

3.1 Ethical AI movement's silence on climate 

Sustainability is vastly underrepresented in the ethical AI movement (Jobin, Ienca, & Vayena, 2019). In 
a content analysis of “84 documents containing ethical principles or guidelines for AI,” Anna Jobin et al. 
(2019) found that sustainability (including mentions of environment, energy, nature, and resources) was 
mentioned in only 14 of them, “suggest[ing] that these topics might be currently flying under the radar of 
the mainstream ethical discourse on AI” (p. 15). The authors argue that the “underrepresentation of 
sustainability-related principles is particularly problematic in light of the fact that the deployment of AI 
requires massive computational resources which, in turn, require high energy consumption” (p. 15). Arif 
Ali Khan et al.’s (2021) systematic literature review corroborated earlier findings, and it argued that the 
four most common ethical principles surrounding AI are transparency, privacy, accountability, and 
fairness.  

A quick scan of the major AI players’ AI principles (Table 1) shows no deviation from the conclusions 
drawn in Jobin et al.’s (2019) and Khan et al.’s (2021) work. For its part, Google’s (n.d.) AI principles 
do not make mention of the environment, climate crisis, or energy. This is despite the fact that their first 
principle in AI development is “Be socially beneficial” (Pichai, 2018, para. 6). Microsoft is no better. 
Notwithstanding its multi-billion-dollar investment in OpenAI (Microsoft, 2023), which has created one 
of the largest LLMs in the world, its “6 principles of responsible AI” (Microsoft, n.d., para. 1) are silent 
on climate. Open AI’s (2018) charter similarly emphasizes business-as-usual.  

The troubling implication of these studies and these principles is that the ethical AI movement is not 
likely to prioritize climate crisis anytime soon. Neither are AI consumers, not least of all because the 
connection between AI and climate is largely invisible: “Virtual, ethereal, weightless, clean, futuristic: 
these and other terms like them are what first come to mind for most people when they think of digital 
technologies” (Deibert, 2020, p. 209). Thus, generative AI, to hearken back to the quote that opened this 
paper, can somehow be both the hottest and the coolest thing in technology right now. 
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Table 1. Google’s, Microsoft’s, and OpenAI’s principles for developing AI 

Google Microsoft OpenAI 
Be socially beneficial. 
Avoid creating or reinforcing unfair bias. 
Be built and tested for safety. 
Be accountable to people.  
Incorporate privacy design principles. 
Uphold high standards of scientific excellence. 
Be made available for uses that accord with 
these principles. 

Fairness 
Reliability and safety 
Privacy and security 
Inclusiveness 
Transparency 
Accountability 

Broadly distributed benefits 
Long-term safety 
Technical leadership 
Cooperative orientation 

 
 
3.2 Nature-based metaphors 

Metaphor is a powerful strategy in upholding this paradox, as the language surrounding AI and other 
contemporary digital technologies often position them as what Sally Wyatt (2021) calls “nature-based” 
(p. 410)—that is, as naturally-occurring objects or resources while downplaying, or erasing, their realities 
as material, energy-intensive sites. For example, “[d]ominant data metaphors,” write Tim Hwang and 
Karen Levy (2015), “consistently compare data to naturally occurring physical resources” (para. 12), such 
as “liquid (data streams), a solid (data mining), or a gas (the cloud)” (para. 8). The cloud, in particular, 
reconceptualizes massive energy- and water-consuming data centres as natural objects known for both 
their weightlessness and life-giving properties (Hogan, 2015; Croker, 2020). And metaphor such as data 
ecologies (Hogan, 2018), digital ecosystems (Krivy, 2023), and organic search (Jobin & Ziewitz, 2018) 
call to mind forests and fruit rather than carbon and climate. Metaphors embedded in “AI” follow in this 
thematic footprint. Not least of all, “intelligence” likens AI to a human brain (Boucher, 2019; Wallenborn, 
2022), which is one of the few things in the world capable of producing electricity without burning fossil 
fuels.  

Scholars in the field of environmental media have long challenged the perception of technology as 
immaterial and climate-neutral. Their work has described the entanglements between technology that, on 
one hand, appears ephemeral and, on the other, has significant material realities and consequences (Cubitt, 
2017; Hogan, 2015; Maxwell & Miller, 2012; Nakamura, 2011; Pasek, 2019; Starosielski & Walker, 
2016). These projects have been vital in exposing just how “hot” tech can truly get. 
 
3.3 Creation of ignorance 

Critical perspectives are not mainstream in part because of the values encoded into the digital spaces in 
which we seek information. Jutta Haider and Malte Rödl (2023) argue that Google, for instance, enacts 
“a new ignorance logic” in relation to climate change. Search results, and the algorithms underlying them, 
subscribe to “a data capitalist ideology (West, 2019) and embody a logic that assumes end users as 
consumers (Mager, 2012)” (Haider & Rödl, 2023, p. 9). Their point can be illustrated by way of a simple 
Google search for “AI and climate change” (Figure 1). Results generated for this search embed particular 
values, namely, in this case, that “[e]xpectations for the future of AI technologies are great… and are 
entwined with our sense of progress and development” (White & Lidskog, 2022, p. 494). What is rendered 
invisible in the search, argue Haider and Rödl, are keywords, representing assumptions, that Google 
seems to insert into the search without the searcher’s knowing. In this case, “good,” “productive,” or 
“useful” seem invisibly to accompany the terms I input. In this way, Google determines which horizons 
we can see in relation to AI and climate change and which horizons we remain ignorant of. 
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Figure 1. “AI and climate change” 
A Google search for “AI and climate change” (conducted by the author in November 2023) yields results skewed to portraying AI as an ally 
in the fight against climate change 

4. X-gram and/as techsposure 
With AI anchored in Big-Tech-led efforts to render invisible its links with the climate crisis, I asked the 
following question: thinking with a research-creational mindset, how might AI’s entanglement with 
climate be made more visible? This question catalyzed the development of a research-creational 
intervention, called X-gram, and a wider concept, called techsposure, of which X-gram is illustrative. In 
this section, I describe X-gram, its theoretical underpinnings, and, finally, its relationship to techsposure.  

It seemed to me that there could be no better way to demonstrate generative AI’s entanglement with 
the climate crisis than, quite literally, to spell it out. As such, I imagined a word-prediction program that 
would insist on predicting climate-crisis-related words only (Figure 2). This parameter defines X-gram. 
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Whereas popular generative AI applications, such as ChatGPT, have been trained on terabytes of data to 
make context-sensitive predictions, X-gram rejects context as the premise for predictive text. Ignoring 
narrative context, X-gram instead predicts, time and again, one of approximately 160 words related to 
climate crisis (Figure 3).2 
 

Figure 2. X-gram 
X-gram describes its purpose 

 
2 X-gram’s development was possible thanks to Felix Loftus, a computational artist and technician based in London, UK. 
While I provided the research and specifications for X-gram, Felix coded X-gram into being. 
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Figure 3. X-gram ignores context 
In this case, X-gram provides context-inappropriate text predictions for Johnny Nash’s (1972) song, “I can see clearly now” 

Its limited predictive functionality means that X-gram is not generative AI. Nor does it aim to be, since 
instantiating AI would render X-gram complicit with the criticisms I lodge here. Rather, X-gram 
simulates generative AI. More specifically, it simulates Smart Compose, the generative AI Google has 
embedded in Workspace (a suite of applications represented by Gmail, Google Docs, Slides, Sheets, and 
Drawings, among others) since 2018. Unlike ChatGPT, which, following the input of a prompt, can 
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produce hundreds of words, Smart Compose predicts just one or two words at a time, allowing the writer 
to observe each act of prediction. When enabled, Smart Compose makes predictions for the next word(s) 
a writer might type, with predictions appearing in light grey text. To accept the prediction(s), the writer 
presses “tab.” Similarly, X-gram’s predictions appear in light green type, and writers accept predictions 
by pressing “tab,” just like Smart Compose.3  

The words X-gram predicts originate from a corpus consisting of six texts: the Intergovernmental Panel 
on Climate Change’s (IPCC) homepage; the IPCC report titled AR6 Climate Change 2021: The Physical 
Science Basis (Summary for Policy Makers); the United Nations Environment Programme’s Emissions 
Gap Report 2021 (United Nations Environment Programme, 2021a); “Data flows and water woes: The 
Utah Data Center” (Hogan, 2015); “On the dangers of stochastic parrots: Can language models be too 
big?” (Bender et al., 2021); and “Pollution is colonialism” (CLEAR, 2017), a blog post based on 
Liboiron’s (2021) book by the same name.  My motivation for choosing these particular texts was, to 
borrow words from Matthew Kirschenbaum (2016), imperfect, idiosyncratic, serendipitous, and duly 
diligent. Liboiron’s (2021) book deepened my understanding of the relationship between colonialism and 
the climate crisis. Bender et al.’s (2021) paper represents, as aforementioned, a watershed moment, 
changing the terms of conversations about climate and tech. Mél Hogan (2015) introduced me to the 
environmental turn in media studies, now firmly anchored as “environmental media,” and the impact of 
her work was visible to me, not least of all, when I taught her article in an upper-level undergraduate 
course: students reported that it exposed them to material realities they had not been aware of, and it 
changed their thinking more than any other text encountered in the course. As for the IPCC homepage, 
the IPCC report, and the UN report, these are texts that have become incredibly urgent. Including them 
was a means of recognizing their urgency and thinking toward new means to circulate them in public 
consciousness. 

Using the web-based text-analysis tool called Voyant, I queried each text for its top 30 terms (see 
Figure 4 for an example). Then, I made the following eliminations. First, closely related terms in a single 
text were removed. For example, “change” and “changes” both appeared in AR6; therefore, I removed 
“changes.” Second, I removed terms relating to the medium or media wherein the works were published 
(e.g., “http” and “doi.org”). In the end, X-gram was programmed to predict a total of 163 words.  

As aforementioned, X-gram’s prediction capability is deliberately limited. For example, when “c” is 
input by the writer, X-gram will predict one of the words beginning with “c” in its word bank; when “a” 
is input, X-gram will predict one of the words in its bank beginning with “a,” and so on. As such, the 
program is not dependent on LLMs or AI. Nor does it aspire to be. Even though I have introduced X-
gram as a word-prediction program, predictive text is not the game at which X-gram is playing.  

Rather, X-gram draws on other theoretical-methodological traditions to bring about something else 
altogether. The first of its influences is what Jacob Gaboury (2018) calls critical unmaking toward queer 
computation. This method “foreground[s] queer techniques of refusal, misuse, and disruption that must 
nonetheless work with and through contemporary digital technologies” (p. 484). Importantly, Gaboury is 
not suggesting that we invent radically new technologies in order to carry out this practice. Rather, he 
says critical unmaking happens with and through contemporary—i.e., existing—digital technologies 
(admittedly, however, his use of “nonetheless” in the quote above suggests resignation, not necessarily 
hopefulness, in this constraint). Specifically, critical unmaking happens when technologies are refused, 
misused, or disrupted in particular ways that demonstrate their neoliberal logics and values: 

To compute queerly, then, is to acknowledge, embrace, and enact a practice of radical technological failure. It is to engage 
in critical unmaking: to make central those externalities—exploits, bugs, breakdown, abuse, and misuse—of our digital 
culture that, while pervasive, we nonetheless disavow… In acknowledging, accepting, and even producing failure, queer 
computation seeks to make clear the values and assumptions that drive our culture of technological development and to 
offer alternate modes of living with and through technology. (p. 485).    

 
3 X-gram is available online for viewing and interaction at X-gram.glitch.me. 
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In sum, critical unmaking toward queer computation challenges its practitioners to foreground a politics 
of failure in order to lay bare, question, and ultimately reframe the ways we think about technology and 
the ways we think technology is “productive.” 
 

Figure 4. Voyant 
A screen shot of the text analysis that Voyant performed on the IPCC report titled “AR6 Climate Change 2021” 

X-gram takes this provocation seriously. In response, the program deploys techniques of refusal, misuse, 
and disruption that Gaboury calls for, and it deploys them in—or more accurately, weaponizes them 
against—existing contemporary technologies. X-gram’s interface mimics a rudimentary word processor, 
and its behaviours invite writers to think of it as having predictive-text AI. Most notably, just like Smart 
Compose, X-gram makes predictions in a lighter type that writers can accept by pressing “tab” (Figure 
5). But just as quickly as X-gram orients writers to it as a certain kind of technology, the program alienates 
them by defying conventions around, and expectations of, what constitutes appropriate prediction logic. 
Where conventional word-prediction models are always scanning and memorizing text in order to make 
context-sensitive predictions, X-gram rejects context as the only, or the most legitimate, premise for word 
prediction (as evidenced in Figure 3). X-gram’s “File,” “Edit,” and “Print” buttons also yield unexpected 
results. “File” links writers to the six texts that were text-mined for X-gram’s word bank (Figure 6). 
Clicking on “Edit” reveals a broken menu full of short statements beginning with “Can’t”: “Can’t undo,” 
“Can’t redo,” “Can’t copy,” “Can’t paste,” “Can’t clear” (Figure 7). Lastly, clicking “Print” does not print 
the text a writer inputs. Rather, “Print” yields a PDF showing the full list of words in X-gram’s word 
bank. 

In these ways, X-gram draws on the idea of the glitch. A glitch is “an aberration” (Gaboury, 2018, p. 
485) or an “aesthetics of error” (Schneider, 2021, p. 261) in digital media. A glitch is an occurrence that 
is unexpected and conventionally unproductive, either in time or function. As Schneider (2021) puts it, 
“Glitches arrest us. They hold us up” (p. 262). That is, they prevent users from doing what users expect 
to do. In this way, Michael Betancourt (2016) argues, a glitch also plays an “interruptive role, suggest[ing] 
the materiality of media, offering the potential for a transition into a critique of digital capitalism” (p. 8), 
echoing Schneider’s notion that glitch art can “promote critical inquiry into and against the functional 
norms of capitalism” (p. 262). Indeed, in disrupting the conventional functionality of both word-
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prediction AI and word processors, X-gram holds writers up, inviting them to pause on the consequences 
of AI-assisted writing. In doing so, X-gram embodies glitch logics and aesthetics. 

Through critical unmaking and glitch, X-gram becomes what Luke Stark (2014) calls a data 
visceralization. Data visceralizations transform data into affective experience. They differ from 
visualizations insofar as they “are representations of information that don’t rely solely and primarily on 
sight or sound, but on multiple senses including touch, smell, and even taste, working together to stimulate 
our feelings as well as our thoughts” (para. 3). While X-gram involves sight, it is also very much a tactile 
experience. Writers must engage with touch via a keyboard in order to experience both the data at X-
gram’s core (the six climate texts) and an affective response to them. It is also an experience likely to 
generate frustration and confusion. X-gram’s refusal to adhere to design imperatives characteristic of 
word-prediction AI, efficiency and speed, is likely to prompt writers to ask: what is this? And what is it 
trying to get me to do? If these questions surface, X-gram will have lived up to what Stark (2014) 
describes as the purpose of data visceralization work: "Why does making data more visceral matter? 
Simply put, we’re too often disconnected from the information we put out into cyberspace” (para. 14). 
X-gram’s purpose is to connect AI and climate change, and then to connect writers with this connection.  

Drawing on critical unmaking, glitch, and data visceralization, X-gram makes this connection in a way 
that brings about something else altogether. I call it techsposure. Combining the words “technology” and 
“exposure,” techsposure is a method by which a technology’s affordances are made to expose its own 
consequences. Put another way, techsposure occurs when a technology tells on itself in a particularly 
poetically-just kind of way. X-gram does this by turning word-prediction tech into tech that insists on 
predicting only words that suggest its link to climate crisis. In doing so, X-gram not only connects writers 
to data from six important climate texts, but it also announces its own performative function. X-gram’s 
potential is in its capacity to shift writers’ perceptions of what we are engaged in—of what we are doing—
when we use generative AI.     

 
 

Figure 5. X-gram’s borrows user-interface elements from Google’s Smart Compose 
X-gram’s predictions appear in light green type, and writers accept predictions by pressing “tab” 
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Figure 6. X-gram’s “File” menu 
X-gram’s “File” menu provides links to the six texts that were mined for X-gram’s word bank 

 

Figure 7. X-gram’s “Edit” menu 
X-gram’s “Edit” menu reveals a list of “Can’t” statements 

5. Related work 

Other research efforts have been conceptualized to link more explicitly LLMs, AI, and climate, but not 
in the vein of techsposure. ClimateBERT, for example, is a LLM whose purpose is to train applications 
to better predict climate-related words (Webersinke, Kraus, Bingler, & Leippold, 2022). Because 
ClimateBERT was trained on climate-related texts, deploying the LLM means that climate-related words 
will be better predicted than, say, when deploying a LLM that has not received specialized training. 
ClimaText, for its part, is “a dataset for sentence-based climate change topic detection” (Varini et al., 
2021, p. 1). It aims to scan large volumes of text for content relating to climate and, more than that, to 
carry out several actions on that content, such as sentiment analysis (Varini et al., 2021). A project by 
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Jonathan T.K. Chan (2021) aims to make climate texts more legible to the general public. Chan’s “NLP 
Project - Text Summarization of IPCC Report” succeeded in reducing the reading difficulty level of the 
IPCC’s Summary for Policymakers (2018). Finally, The Climate Does Not Exist shows the impacts of 
climate crisis, “one address at a time” (Tousignant, 2021, para. 3). The project imagines various locations 
around the world having been impacted by dimensions of climate change, and it generates images 
showing locations under these new conditions.   

While making links between generative AI and the climate, the projects outlined above nonetheless 
reify the opacity of AI’s entanglement with the climate. By contrast, X-gram, one instantiation of 
techsposure, prototypes a scenario in which one of generative AI’s affordances, predictive text, is the 
very thing that reveals its material consequences. 

6. Future work 

Today, X-gram is largely a prototype. Available for viewing and interaction at X-gram.glitch.me, users 
will see the application’s scope and functionality are limited—glitchy, even. It is early days in X-gram’s 
journey. 

But even so, X-gram is working toward research-creation’s two hallmarks, audience and attunement, 
seeking generatively to engage audiences in the questions, how is the world organized? And, how might 
it be organized differently?  

Which audiences does X-gram seek to engage? Planned future work will begin with students who will 
be invited to expand X-gram’s scope and also to think through examples of techsposure. Subsequently, 
conference workshops will pursue the same.  

What might other examples of techsposure look like? Imagine opening the photos app on a smartphone 
and seeing photographs that document mining practices involved in camera production. Find My iPhone 
could be reconfigured not to pinpoint the current location of my phone but rather to show the supply 
chains through which my phone passed to land in my hands. Or, as Ron Deibert (2020) muses about 
natural resources mined for tech production, “I have often thought how wonderful it would be if devices 
had a list of ingredients in the way that packaged food items do” (p. 214); I imagine clicking “About This 
Mac” on my computer and seeing the list Deibert has conceived. Projects like these would redeploy, with 
poetic justice, technological affordances so that their consequences are visible and clear. 

The point here, too, is research-creation. While collaborating on the production of low-fidelity 
prototypes (which, with sufficient funding, will become interactive public exhibits) workshop participants 
will experience creation-as-research, one of the four subcategories of research-creation Chapman and 
Sawchuk (2012) elucidate. “‘Creation-as-research’ involves the elaboration of projects where creation is 
required in order for research to emerge” (p. 19): in other words, creation, and the emergence of research 
questions during creation, establish a new research agenda. My own work in process with X-gram has 
generated many questions, and I certainly look forward to the questions that participants and I will co-
create.  

Still, most exciting to me are, simply, the workshops themselves—and the possibility that readers of 
this article may organize their own. After all, neither X-gram nor techsposure are about taking on Big 
Tech. They are, rather, a simple invitation to put aside the neoliberal values surrounding generative AI 
and digital technologies, more broadly; to consider the often invisible relationships and consequences 
engendered by digital technologies; and to displace how in favor of whether and if.    
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